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EM

EM with random initialization
log like. av. = —1059.0 30 trials
Best once = -1030.9

Online-EM with random initialization
4 times failure Singular V
log like. : av. = — 1037.9 26 trials
best times = -1021.2

Online-EM + component splitting
30times —1021.2
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EM+

B PCA

150 data, 3 dim.
Mixture of PCA
up to 8 components of rank 1

L gf' ] Online-EM with random initialization
f " log like. : av. = —583.9 30 trials
best 6times =—-534.9

worst = —-648.1

Online-EM + component splitting
log like. : av. =—541.3 30 trials
best 26times =—534.9
worst =—587.9
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160 x 160 pixels
8 x 8 block = 64 dimensional vector
400 data in total

Mixture of PCA with 10 components of rank 4.

Image compression
Choose argmin; || X — 4 ||
Reconstruction accordlng to

X = u; +F(Ff F)) " F (X = ;)
Residual square error:  3%%9/X_ XnH

Results (10 trials, RSE:x103)

EM with random initialization EM with component split
Best 5.94 Best 5.38
Worst 6.40 Worst 6.12
Av. 6.15 Av. b5.78
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