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Infinite Dirichlet Mixtures in Text Modeling
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Abstract

This paper proposes a Dirichlet process mixture modeling approach to Dirichlet Mixtures
(DM). Endowing a prior distribution on an infinite number of mixture components, this
approach yields an appropriate number of components as well as their parameters at the
same time. Experimental results on amino acid distributions and text corpora confirmed
this effect and showed comparative performance on large datasets and better performance
on small datasets avoiding overfitting.
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MEy U RHEEE
PEY T 1~5
# | FEEE Top 10
1 fed, repurchase, arrange, indirect, agreements,
customer, temporary, entered, reserve, reserves
2 vehicles, fry, ford, consolidated, geneva, fn, at-
las, fold, gm, europe
3 nasdaq, nasd, unusual, exception, activity,
explain, stock, delist, exchange, securities
4 economy, growth, economists, economic, fore-

cast, inflation, exports, rise, gross, gdp
5 lending, liquidity, banks, borrow, bankers,
bonds, maturity, funds, rates, loans

FEwY Y 101~105
# [ FEGE Top 10

101 | ounces, mine, feasibility, receipt, ounce,

gold, costs, geodome, earnings, reflected

102 | nasdaq, composite, showboat, opening, casino,
trading, amex, vestor, stock, gaming

103 | uranium, oxide, sanctions, african, apartheid,
aid, veto, ore, passed, hurt

104 | agricultural, agriculture, crops, irrigation,
grain, india, harvest, yielding, bales, usda

105 | vastagh, potash, nevin, machold, hardie,
somc, nissen, marris, wyttenbach, labrecque
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