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Dynamic Topic Model
[Blei & Lafferty, 2006]

Blei and Lafferty,
“Dynamic Topic Models”,
in Proc. ICML, 2006.
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[Kalman, 1960]
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[Blei & Lafferty, 2006]
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[Blei & Lafferty, 2006]
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Topic Tracking Model

[Iwata, 2009]

Iwata et al,

“Topic Tracking Model for Analyzing Consumer
Purchase Behavior”,

in Proc. IJCAI, 2009.
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Table 1: Average N-best accuracies (%) over time. The digit
in the bracket 1s the standard deviation.
(a) movie

N LDAall LDAonline LDAone TTM1 TTMI10
1 1.21(0.61) 1.08 (0.54) 1.91 (0.78) 2.22 (0.91) 2.46 (0.92)
2 2.18(0.79) 2.00 (0.78) 3.52(1.22) 3.99 (1.33) 4.47 (1.36)
3 3.06(1.04) 2.81(1.02) 5.04 (1.64) 5.60 (1.75) 6.35 (1.85)
4 3.90(1.27) 3.56(1.24) 6.24 (1.90) 6.82 (2.01) 7.82 (2.15)
5 470(1.51) 426(1.44) 7.37 (2.20) 7.92 (2.26) 9.20 (2.42)

(b) cartoon
N LDAall LDAonline LDAone TTMI TTMI10
27.0(3.3) 26.0(3.5) 24.8(4.5) 268 4.2) 30.5(3.4)
37.3(3.6) 351(4.2) 324(49) 3424.5) 39.9 (3.5)
437(39) 41.14.8) 37.2(5.3) 398 (4.6) 45.9(3.3)
48.5(4.0) 458 (5.1) 40.9(5.3) 4454.6) 50.6 (3.2)
524 (42) 496(54) 44.1(54) 48.5(4.6) 54.4 (3.0)

[Iwata, 2009]
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[Iwata, 2009]
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