F) SWE - BEIOTSLILONT. ABENHER. H3VEZHIBZEOTETZVNERA. Fe. ABOHHMICOVTHTHEL THEDFLFADT, RRTEABVES, ERTEAVESD. B TERVBINSENTLSARENTTNET. BRITORNTZTVELES. THRASEL LS. ‘ ‘
T0J54 GRE/BH) ROTIPRETEDDRENTVNBT OIS AR, Filk. HIVIABTEEENETLERT. ‘ ‘
A25-2397° FBL L DHIG
AR AT —

TOUS A GEE/BH) % Rt ruEDhE% URL HE (SEDURLYS5IF) Big HRE AIREA nE online | &% Py (AR LRE DIFE i BERE
it
iy || e
T FAANEBETICE?
- O FEBITIS S PCRBRbCEES R
iz
- SEMDAL - BT BLOOHEEERTS
OUEMITBICIE? XMLF—SEMTTBICIE? pandasT
- SENTEBREICTS
7T AT PHRAM TE—LEMEBDD] D& SMBHEFERDMFFACEEA)
" nttp://wwiw.itmedia. co.jp/key |IBRIDWebE. L o
ITEL : 03-6824-9393 (f¢2) BEDNBS ? T SHHTEICONTOR
= — D e /z e [ S INE= 757 st . o NS, = s R y 5
1 TORDDF=FIALY |5y o sz piratant BLaDE T —LED words/ait_datasciencentml | ENENOFIAHEENULE [7-TYA TR~ L] ZREHTNET —TBBOBRE |\ g cipeg not discribed not discribed B E BT BOCRERORES ? A-T>F—SEEFR | O x x| e o
I 2 SRR — s . |http://www.atmarkit.co.jp/ai [@TE 3. TDESE, T (FEARBIBHBNENN? T—FHAIFT 1 ARELT N —
T107-0052 REHREARE-1-22 FREFE\ )\ oit_detascience.ntml |8 BEENLARIL 1] [CH>TIHETS U CRBIMBATL RIS
- k 57 ) I . < - L o
bu = BB : BRI TA? 15, ROk, EFILIHE.

LR ORIRET

GEIRSHTIL : WERSIHTOSE, RIFNRFERT A
ELREZDAL THIZS: ?——USRAY U IBHOFE
BSFRFINHT I ——ARMAET )L ERRIISIHT

BRI —ARMAET)L (BICEWREHTIIETIL) Ol
ERRTA

+ Module 1: MapReduce & Hadoop

Lesson 1: MapReduce (7 L—AD—27 ; Lesson 2: Apache
Hadoop ; Lesson 3: HDFS(Hadoop 77 (L A7 L) ;
Lesson 4: YARN (Yet Another Resource Negotiator)

+ Module 2: Hadoop TS 27 A& NoSQL

Lesson 1: Hadoop T2 27/ ; Lesson 2: Pig ; Lesson 3:
Hive ; Lesson 4: NoSQL - Not Only SQL ; Lesson 5:
HBase ; Lesson 6: Spark

- MapReduce DI#RENRBIFE EFIT

EMCS v/ (CHRREHEMChL—=> 0t >4 — - KIBRBIHBE(LT — 52y MESHTT B/ DNoSQLT —

B nttp://iapan.emc.com/collate |Data Science and Big Data Analytics J— R THBUIERFILICEDE, BCRDAFYTIC R L0 \ALALBRFI BB EEIETT —5 PAT>F AR
N~ H T2 CHs « [Data Science and Big Dat: 12 ; Lesson TF-IDF ; Lesson 4: BE nd B: f Words ;
E-Mail : Japan_| com ral/support- 3»\‘(%@3’5 EICHMERZHIBE, Hadoop (Pig. Hive. HBase ZAL) . EIMEIHL 77~ APHadoop T IS AT AICIEET B k. ZYSIA LU Data Scientist and Big Data ata S and Big Data |1 ; Lesson 3: TF-I sson 4: Beyond Bag of Words ;
< . - BAEELE, Y-SRy M- OB BEUF—S0) > Analytics) ML —=>2 EREOH : BHEFIL ; Lesson 6: RIS I (Part-of- .
|Advanced Methods in Data Science 47 ) O [Tel : 044-520-9830 ltraining/training/customer- |1, PILRY RO—OBH, SZal—-23>. SYA TALRS ZAOSZF 1Y |Analytics 1—2&ET LReF—4 ZFURN, LT . - 2,000 R)L (RHEAE
2 " EMCS v (kR R " ! = § § y 7 1Y lesamutcontRBnEE65 N A 1S ey [BERFIL Speech Tagging) £IBNTILT IEF)L(Hidden Markov o] o o |sen o
land Big Data Analytics Fax : 044-520-9839 training- a@um —SOESATIUS. B [A-T> ] FEENTIHEGBTTO—FERAT . |MapReduce X mDL S IFMIBILT — SOAFREFTI N )
e o e, 5 7 | By T S HRCELEBERFAERNT, Hadoop B duce ™ - Java 12 Python 73EDTOYS [Model) ; Lesson 7: X FA> hHfE w2 EFIL
T212-0013 lofferings/Advanced_Methods 3T &IC&D T EvIT—SDBREEMET B8, W DHDA-TLY—-I V—ILEZD|... . WeEXZIDEI— — - -
581481 s 52 ) [87580- 16 1495w &tz |_in_DSBDA.pelt EECLOER AN S 9 AT T A NEHREL TS, =~ TRRIESCE +Module d: =S il O 2540
08 - D RORBIC NL—=2 SREECHNT, BEDT— Lesson 1: V—S )Ly D —ORR(SNA) &5 JT85 ;
5 - - e
Sty MCRBEHEEATS Lesson 2: J— KOPLHEEM(Most Important Nodes) ;

Lesson 3: I=1=5 & Small World ; Lesson 4: & b
D— UM SNA Y—IL

- Module 5: Data Science DI & F;
Lesson 1: =3L—23> ; Lesson 2: SYFA TALR
I ; Lesson 3: SHOTRF 1 v JENR

- Module 6: F—&DES17ILL
(Perception) & ES2 PIUE ; Lesson 2: B2
B 5OCTIPIL

CEBEO-Z - TV

Evd - F—IRHOME
Evd - F—SOME, SHORERR. 77— - BAI2F1
2 b, BEEETOE YD - T
CFEIBSATHA I
BE. 791, EFI - T2, EFIUEE, BRO|
mZ. EAL

T—8 HAIIR - F—LDAD/—ELTEYY - F—H8|
KUZOMOBH IO LI MCTICBIMUTEIMTE S,  |BROF—4 - B T2T« A ROBANST—5 - BA T2

Evs - F=oRHTOT T MCRDHBELTZHDT — 55| D - HEtOBHL AL - D-RICHD
WS+ 25 DILOBFX lﬂﬂ?&?mt\,\/AV)J:DQM)\V)EEHStLz( 3. R SIREHENRARE 2 U o 0 DIRAR

COI-R(F. EvT - FIBLUZOMOATTIOS T ST ICENULTHRE LTS
NBKSICIRBHD. RENBRELAILO ML —Z20%TS. EvD - T—9EEHTS

SN e = o DL YD - F 5 LU S (o , s -
EMCS/ 1) (RRAUENC ML ~=> 25 i e O s e el S e N p—, A oa A, B CusPeaTn |LenD. REnEETAseE, ||} ERRUEAS SR sRoE
S http://jepan.eme.com/collate (5. SOIA—ATIE. BAK, SANBHTSROBIELNS, 5E0 MapReduce 1 Hadoop _ PR ” S 0 R EBALET—SOSE — R OB, F— IO BT
) 9 - - i by Eu - F-IOHH. FHEFIOER. FHICDBNE| Iy S aFILOF —LERETEIR—T T — -Java. Perl. Python (723 |- = > N
E-Mail : Japan_E« com ral/support- REDEY T « F—IRHICH T BEMEY —ILICDNTHIFT D, I— AR TLEHRRBE | N 8 e . = e s N == T ILOBR L FHEICE T BHE
. o g o g e [BROTDOE RS KUY — LB - EvY - FIBRRFNERCBELEVREOE SR [R) REDRIUT NEBORRE | . -
) ) PN ITel : 044-520-9830 raining/training/customer- 3L\, BEDF—5 - HA T2+ A bELTINSOMTBRDY L ERBOESRADR [ 00 v : _ o - BERSH — BREAR . 2,000 1)1 (RHEAE - . [3EMoEEI -2 EmEENT
3|Data Science and Big Data Analytics  [EMCS v/ (> R4 - ST IAT $ PN SR -5 - ETATIERRL, HRCEBARELR - PFURNBEUF—5 - FFUR B, J-2NOREDS<T. A— e . . o | o o |sem o > B4
Fax : 044-520-9839 training- BCERT 3% <ORENEBNS, COI-R(F [A-T>| . DEDERNICETBTT | . L Aoty ’ _ . Tk mmros25US 0, L. BEER. OS2 ) 5.
- NS - N e 7[R 2 v —vston s o mE CEvY  F SRR THALEERLENF—S - TO [T - Y-y —L/T095 |- Z taadiied 2
+212-0013 offerings/Data_Science and_|O—F&Bo>THD. Evs - F—HSHORBCROMOBERECAENS. FHEGD |~ 7 X N g, Z > v DR, M XS, REA, BRI, FER
> o - o n - ROY—ILOER : R BES TTYSAFNBEUF—HRA-R - TOITYS I T3 R (R
[#2%) 118 | U5 TH 22 (X 4E) || B]S580-16 |15 vtz |Big_Data_Analytics.pdf RBT, I-RADT—IBSA THA VI THBULHMEEBRTS. COI—X — o o - : . T
N " jpid.Data_Analytics.pdf o o - RStudio. MapReduce/Hadoop, ¥*—% - BN COFEBERN BN, F—5 - B IIRBEVE v[RStudio) EEAT BT, i s
> 5 —20M (F. EMCDSA (EMC Proven™ Professional Data Scientist Associate) REMEROEUSMM | N - . msgr » - BRI — ey —,
°n a1 Data. te) iR X—ZMOAH. Window 35U MADIib 42 D - P IDRBCHE U VAR ES SUAFRE - SQL OEREER (I—20MD | i N
- RELTHATES, COI-REFHIBIET, O —=2I0S | naow W - > ELENTUVALF — 9D — MapReduce H&U
IC o THIETE BT~ - HA TR - RFILDA—RSA SHEL ZENTES, - S HEACIIDTZ8(C EDLSITEMTES |- EMCDSA (EMC Proven™ Professional Data Scientist —&0T PSQL %{EF) Hadoop
. F—5 - A T>5 1 2 MORRIBLVRFIIHRDE SAssociate) BERBEERLUIVMVEADS 2 (=
R ASFUST AN EDLSCRBBNERIT S, Hadoop TASRFLs (7~ 5/~ AMOH — SQL O
. . TR~ RADBHOTSHORER SQL & MADIib)
- R E D
SHTOST Y NOBRIL, BESRAOMRR, 55 - £
P, By - F—9MAICHT RERE
SETI-L L EUHE
55 - A TS REE Y ITF—IHOEE
BEBSOEHOE SR AMEER
| BR(CH T BITARIE DR
CETI-L2: EvIF—INSOETRR - /U1 -0BE
55 UAISR - TOVTHMOETHR - /U1~
TELEESTEE CORAOHE
o - _ EYIFHOETRR - )&, EvIF—oniRT| EYIF—HDY—ILEF IO
, EyOF—SRHALTHENERD S EC. PREETFTHVBMLERL TS, B Z :
SPAION s SRS o Z 5
EMCS v/ CARRSHEMC R L —=> TS 3. 75 - AT 1 ANCHZT. BEBHIERNTESRR LOMEERRT B | SR T ISV EMET SARF A= DRBIR - 1 2 mmsmr ot & A TS REBEPDU— ‘T2 3 @RARIOSIo b
Ex http://japan.emc.com/collate [ 77~ = ; T T | S8 BT RO TR, TNSOFEE| 5 — SHRDS A T IO
E-Mail : Japan com ral/support- TAZTAEHRCEZEN®, DHT - LELETSEIMAERRL, TS AUE |tk 0 =5« o fou - F— ADERFS A =S 77« SRR LORE T L ORBOMAH S TS
IData Science and Big Data Analytics  Japan. : SuoD 3 SRR U—F—ERBEELTNG, AD—RBESHR - U—F—(CRIFT. ZDESRAH [ o a s 1—7 TOF - FLVSHRIEE DT — 5 - O T MBI L E R | SeT==r - < i o (e
. [Tel : 044-520-9830 training/training/customer- i - S (bENRSA YOI - PTO-FERWESHTO T DEBOER AHTOSTO NMCBITS 4 DOEEREEN N 2,000 )L (RAEAE - -
4ffor EMCS ) (R Bk DI DB EIRT BIHDRAI CAERRT B, CvIF—IMEERTET | - T s R i = . . o] o o |ien o o | axE
) ) Fax : 044-520-9839 training- 7 e ~ Srotoxs CESRZ - OA—RVADHE| - ETA—IL 4 F—F - HATVR - F-AOUE LS )
Business Transformation e OS5 10 MEEDESCHIETEN. TNEOTOTTY MeBROCRTS BlesplfnE | o~ - [ s wBESRR U5 maam e
+212-0013 offerings/1Day_Data_Science 2> - e ORI - BERRFN -y EBIRERESIVERRTET 5 - ) oo [CERENBEREOBERER |SHF—LA. @3 ZFL - Ty NOME
21O L PERETS, RANICE. ROREERD L3, EvIF—SNBOESRR - ) (U1—0 § - - HHROLALOE LELATNBESRR - A>FUSTS ol N N >
)11 [ () | BT 580- 16 )| 42 |.pelf Bt F—SHSA TIADNERNET 5 - PATR - TOST LB, F—5 - |0 L T LOIELS e e ST F—5 - U I AOMMIEEMRIZHD 4 DOFTO—F
> 59— 208 g 7 ol - - t7 - HENEEOIES EEBRT 3 ECLB, HITODTY] za 55 BAIVR - F—AD 3 DDREEFIL

FALZA - FoLOUBLE, DRERBUIA I R-2 3> 0l MG A I A3 S it SESIUL S HITOS T NEELA I N—S a0
e

E53FU—DERSORIEBRLTE—8 - ST -

F—AIDERTS

BRSSPI O—FEEAT 5 REL TETE

EERDAND

NEVRNDEHBEREEBLT, BRICLDHEIENDTT

O-FAEELETS

SCEPR AR RISTAIE
E18T st Eldan
- MEOFIM, - FEHFHAERIH
it
E2uiT  EEMEDRRR
SHEE IS (SYE, - EBHT. - A8
B34t BEECEA
- BEFCRR, - BEOTHSORKEH. - BRSO
[ES N FEER &P OEIR IR
SEABT HEE ST
CHEECRE, - TIIECATBMELME. - HEICET B

 RROFIEEMECYT DHE. Mt REED. AR
RBELERREZRRYT 2 ESRADMNBHRE L

EOTEPRFEEHNCESR
03-3357-8153 5. SATFLRRENSESFREBT

(BRAEZIBHAM : 8 (59,800 (A% :

Sl RS A SRR FAX : 03-3358-7259 nttos/wiitsumuonip) |35, AR, EH<HEUNESNBHEE. EHIEHOE—ABICLSHERNERDT— [RHOUT TS —EED. HFCHRI SERAEEBEIS,  |not described ot described TS i M SR x | 0 | x | mEmmm: [s000m =@ | O o B THEL ) DGR
VAT A—LED Sl THIND DT TAER U CHRE L BRI, Hit 5 CEAN 0% IR B R 1278) 54,8007)
T160-0022 FUREMEEHIEL-1-12 P AREDBRME. ';fm@"‘“‘ CEIREE, - MEIRDH. - EHAEHR LIS
et FEIE
CEmOREE R - BERORE. - BEOBEOEE,
RS
w7sn A
- BRREORARIE, - BB, - SHOM
. - maEAAT
o RUERCESHE
- REERLETAT, - BEHEE (1) | - 28
(2) . - CHARE SIBFRE
SRR, =
UL EROE=SUSS. AR
—EEEA  RERERA - s e 2t WET
) ITEL : 03-3357-8153 ﬁ223ﬂ:igf 2%0:7*9L%ﬁsﬁ*«’m&ﬂﬁtizf;;;;zmmmzﬁfj;z - EROYUTED, - EIRCETIRE - #E, - EIRZITEZ| RS : 47 |54,5007) (A;ﬁ: B [ SRR B
6|2 % ERATRIEME —HYEAEEEA  EBBEWFA FAX : 03-3358-7259 http://www.jitsumu.or.ip, . not described not described not described Sz, - BeOEERETIL. - EE x o] O |A (BREZHEHM : (5,000, 28 o] o) SES-3 PR
. #ist WA BNSREI B ENTED. SEERNEHREOBEHRF L TEA - - [ESRIRE
e ) i w38 EEAHH 3nA) 149,5008)
1600022 FEEHELEL-1-12 ZUOEERS. - BREFLONE. - BHER. K
=

EABT  ZOMOSEEMNT
- BRZRESTERMT, - OSRT+ v OERSH. - £
. - EE




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S e e | 20 | s
G2 PO E-os
158 R BB AR BT
W | XTI~ NEAFRS BT ;
2E8 R4 ERBEIEE O—1LT L1 32"&2;5@“
W LN EEE R B S1IY-sT I DTTR
£ : QOORLAR— MR - TLES Y sEEBEL, JoY
BB SOODLAR— NEERT B0 LT« > OZBUSHELIEEDR
388 %% : LEHEEE 0-LTLA 22 LG EREET. DT T8
—AHEEAD T IR LB W RN E R B EOBRIEEERE L RF
EHTRRIC DN BLAR— hERBANFICTDOL. , . ;. -
|TEL : 03-6892-3182 - - — N N I = SN D T TR & U TR LIV #HER . YOO LR~ MERL - TLE> -~ Ty TREEHS.

AT IET RS — B —WALEEA DT IRILIBE MOahETA— B0 B [AABAFIL) ELSRDONIFATLE, LORXUEILINT A IORBOLMK— BEIMEEOLST —TOTL LT =23 NS DT IR, ERTEHBEIERNVENS T IR R SOOMLAK— MERL - TS x | o | o |sam I3 o BAE DT IR EBOREERIS
7160-0022 27-30 e TUnInG.Ip/course/ IBE S HECEUTOMRPANTES. 5T RO LS NRFILE S SCEDIN 488 %% : MG O—LTLA 12881 ¥o0lL N3 @ERHIAL0,800) .
2 N KZH TP AT BRI, FRAFTOESRENBNS. R WEO—LT LA ”Z‘;':ggf;?ﬁ T IR RS —(E, 9TT

R SOOMFLA MR - TLES e L A LBRRANDAR LA,
SEIE IR L@ SHiE TS, s e (5E1A~128) G52
R R P HERD, BERNSERN
3R WEEERCHNDEIAT—TyT (WEBRRIEI [t 6,480/ (BEiA) AT B,
T TR REORRRUSEOENC DV T o
TR~ - FREEOBRSRUED EOWIHRDT=) /
DERRUT KA 2
S1IY-sF S0 DTIR
T sumERAL, JoY
LT« > OZBLSHELEEDR
B CEBEBELLRBEELT. PC. B/ MLODTTRE RZFELEBET. DTTR
—HEEAD T IR B oY~ v AT« POF —SDSMMERR, BEERNTE DT IF AL oS-, DTIYRS—, DTITIHLGS K 56 400m (1) toRRIEEERE L RF
[TEL : 03-6892-3182 http://www.web- F—2IC’D BUR, B/ AILDRHE. V—SvILAT 1 PODREEIRED T TRIIET |3, |BRSRE B1S B 12800 T TR E AR CFU (V;JER B - R L7y TREEHD.

8| ERWebBHTL IR EINE AN DT IRRS LDt T — 8D [t /v web- (C& EFBRIDT IRITI DI 1 20 £ UTHBRAFISERNCEABAUFLS | WACADARY A LI LD T TWHTHE L THBICBRE (S8 HRDT IR L ORI EEIET T IR A ot discribed x| o | o |am : o BAME |91 IR ABORERS S
+160-0022 27-30 g (Tnina.ip/course/ ™~ N BHLTHE - IS CORRERITZTLANTSE |EEEY LR, BECHEES S CREE LE\\D T TBLED| U8 75,6001, 32 N3 (BERIEHIAL0,800/) .
2 N KZH TP AT . 5 TE 10,8007 RO IR, DT TR

DI IR YRY-DRBEEEG/IZENTES, THERBADARBNA. E
(1A~ 128) BERMR
RenD. BERNSFLE
6,480/ (BiA) AT S,
WL
crELERTEE
Zﬂtxﬂ?ﬁ&r;bmt LED T IBRDRFILERICDIFIZL 'ljaigjﬂ’:jﬁizT;X rERRLEZRS
—RMAUEEAD T IR TICARNERLOELR, OTTRINCERBERET| o) 5oy wrTvRs- HTITILE G Il
ITeL : 03-6892-3182 . . o i [ N BOROA ARFHR 4,320 KT SmEREL. 22T
ol mBWebH L2 —MLEEA DT IRLIES LEDETA— L8 ks /uviw weh- 7o CARMERELRDTIRIATNERON, F-SERHMD. ELORINIRS (Coogley T VT DAOUAMSMERTETS. ERED - NOUBERRROD T T B not described x | x| x |oEm ERCN o o o | Ema [V xOEBLOELEESE
e s7os0 g TInNG.p/course/ 2EE2ETE. iRy —Lo7— ey reson LT aaAs o LU RO T enumoER 226 LEEET. DT IR
NERBTS (R . N5 T4 v SO _ toRRIEEERE L RF
(AT RATTT AT L T TR DR A E 5. LEOA >R A TIAIC Ty TR S,
: STTN— T2, DT ILERRADHE - LA o . EUERT 58
— - = HEFMRIEETOTICHIDB LR
5T I BT - BREERTUBA AN 2
HEAELA 17,280/
(B2 (R
2
ARFFEZ 4,320
B )
=i OmANBERS
OHAI LR~ CORETEAELZDN?, ®
TSN, @F—SDUKIME
0 S0IROOBERE - AR
@ HTEDIMENBIBANHIE, @ HEOHMDIRTE - Bt
(5] FEZBOD. SRBIEE (E—x> N (LML)
—satt
2B OWELHEANT
CHERLMIFDML, OHEETOERIN, @HELHE
BT, @RANLHEANT, @HENTOIE
- N WS T
j’u’ﬁ* BRY=I71>7 - UI=FH N T REOTENS. W5 & TR — SR ONEN 57, ®3@ OMEEICEA, MAMY (1) IMRA IE - HEVRE
N = ntto://www.jmra- o 7 RARRORBLELCLD . FESEEMRROTED 5, e e o [CHFRATOES (0 TR - R ERDS, I3 S BUEIL AN, @A (B2 TUSY) A el it (&) 172,360
10/5 —RAUEIEA BAV—7 > - U TEL:03-3256-3101 net.orip/seminarjdetailphp? |7 221 "7 SORRREORREL D ICREY SHEUEI SEIBS. FEHFERNT, B MR ETRET — YR EDESEHP S ) L amma T, &) | BB (§2014412 not described SR, eLLFEEETONNK. eV ONOTELE| x | O x |sam M @a) o o o | axs
e FAX : 03-3256-3105 ELOLIP/SemInar/Cetalbb? o . ggsayfn(c 514 35 — S IREE - MIENSHHFE CORBIZIC 1T BORE B, TOR HNEE, EXHEND. JVCHERAT S, Be)  BELIE0IATL . y o
T101-0044  HEREFA 1-9-9 &Il document_id=2355 L. R BIENERS = DR E DRSS AL AR, A =N ”iﬁafﬂ*]"*gﬂzﬁj ZREENLS. ESICH| M. @ TRMANMOBEDEFEND (H1F) ﬂx‘v 87,480 M@
o HEONBERBULLS Bam OBMEEEA EAM () 52)
o —MOEARMECH T DEEE MMADEZS.
BE—K) OBxA. eEABALCHISAANE. ok
IERENSHD T EDBEEE,
EORANLBERS
SHIEDBIRE LR, @HSEROWELLEN, @ RANLE
WiEDRE, MADKES (H2 TN - HAX) ORIEE
D, eMETHBEINECTE
BSE ORHNREOERS
BIREOBIRCRERITE, oHEKE, e
7. OHEHE (bl BRAKH) E(E. @HAISEEHRE
£ @ ERMEDER S, @RESEDLSDBITHAIN
BylF—5ER? - TODTH NOMBICRT ORISR
VY2
EvIF -5 &3E@an? rEEEEN3ON?
Apache HadooplC &3 EvIF—5DiER
Apache Hadoop I L—AD— &%
BvIF—5 - TOSTH NOREAT TS - HEETCEOWR
http://www.intel.co.jp/conte &I DRELMVRERE VY — 2~
nt/www/jp/ja/big-data/big- IT RF—Sr —HEVIT—IDMEF I BI2HDRTY
> TR E data-analytics-turning-big- EvI7—5(CETZMEN (8@) Oft. HadoopdtlsEFRTENTEZN BRIZD >
1|EvIF o947 - > FIVRR A T100-0005 HRHFRERADA 3-1- B |data-into-intelligence.html?  [BBRESUVHSLLIRIEE. F2, EvIF—FICHTS ML RPOEYIF—SDEARHICET not described not described not described EvIF -9tk RR TER o] x x - Exisl o] o o]

EIL 5 B

|cid=sem69p69482g-
c&gclid=CPG-
Wu27isACFdd7vQodOjsAMg#

BA-IRATY BEZU-X) HHd.

AZFILIT BFICEDT—F - XA 2D DRI
EREYIF—4 - VU123 OER-VU 12320
BEIR(CIR T DRMAIRERE Y — R~

AZFIDN\-RITTEACFTIL® FrARIEI—S3
>s3iApache Hadoopy 7 RO T 7(Ck D/ (T A =YV ADE
idfk, %

EvIF—8 - IAZUIDRDA hR—) (=, &

Z‘Vﬁiﬁ%%l:gi%; BBICENT : By

(I7 —SFIERAMDER

D2 OT—01 s tiRRE

OA2OT—01 s tihRaH

ITEL : 03-5962-7305

E-mail : BLVEDEADA—ILI A —LEFIA
(EREDFH)

Inttps://www.wingarc-
support.com/training/icttech

nical/bigdata
>

T150-0031
TARTD—

BRREYIT—FEAMERY BIeHDTOCACHNFEREE, BHIOY —)LEBE.

THRITTEARZ IR,

not described

"EvITF " EREDLSBEDBRONEM DI

12t By I —HEFER URINIEN RO DHD DS
EvIF—5%BEH THERTE 30N DONST . —5H |
Edczn)

(AT — &7 FIHE LI ORASIRFLERA XA — 2D 1L
BIY —)LZEA LB BHIN SNEH DT

not described

not described

3|

Ev O —SFERREHBE (APIE)

DA OT -1 s t ARt

DA OT—U 1 s thRRE

ITEL : 03-5962-7305

E-mail : FIVEDEMOA—ILT A —LZFIA
(BREDT)

Ihttps://www.wingarc-
support.com/training/icttech
nical/bigdata

T150-0031 ETE]20-1 A >

JARTD—

not described

not described

not described

not described

not described




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
mir | T
5 1E Ly I INRORE
By FSOEE. - HRORBRR, - F—5 Y
(I>TA R - BEETOEYD - F—H3HT
2B F-SHHSATHA I
- WBE. - TR, - EFIL-TS2Z - EFIL
s
© B FIHTOST Y MRG0T~ 55 e
*ﬁf{jv{mmﬁ;Atéz’“ ) UFOTATEBELTVES, %?zoﬁiﬁﬁlﬁz:;—sﬁmﬁﬁmm
ey e Zoun s - BENBEHETHCRRLTH| - REGALIET—SOBR — ROB. - F—SOHRER
Data Science and Big Data Analytics e 3075 htos: /wneneckearning.fp/c[ ST AXOBRAS, BEUMapReducePHadoopB EDE Y - F—s5 T BRe | =07 " =0T DI e 0. MEBERESESOR. [N - EPLOWRETHECHT S5
1) (P8 SATZALEYS 75 NeCTHos> b br—pgat | Eo PRI ourseoutine/courseld/DB150|— VKN SN, FROF—5 - DA T>F 1 ANELTTNEORARY—Iaxm D0 SN CES. ot described “Java, Perl. Python (FI(ER) |55 4 B SR — MWs e x | o | o |sam 356,408 (B2 | O o
) B Jp-nec.com / DL SH ORI TE BABEZFILEE R, 5 Ru. P = BEDRHUT NEBOERERE | - KHSEISAIUSY, - WL L. - BEER.
(i) T211-8601 1) IR T3 SHZ - AR —OAOHRE I CRETE S, o2 " § .
N - BHEDS. OSRF«voER, - BRI~ XHMEE - REKR - B
#1753 « W—)L (RBLURStudio. MapReduceh/:!adoop; 7*9 . SQLOBRERE RS0, FHISH. - FER NS
SAAEAR. Wi SIADLAR) ORRITE Il B
. - SN TR 50D — MapReduceS kUt
Hadoop. + HadoopTIASRF L. - F—HR—ZAADIHT
— SQLOT, - F— SN RRDHOTHOTERSQLE
MADIb
B
- HRTOSTO OB, - =5 - ES2 I
0 1E LTSRS 25 LRE
EwlF—5E@. - Hadoop. NOSQUEE, - Ews
- OSSEEMT BHARICONTHIFTE S, ;%zzg’z' EYIT-IOREDIAT LM - 0SS
CTRTAS - hF -tk T R e, ﬁzfaﬁ\y?;;;;m;z e SO
NECR#TA M- hF—HRait 700 c YIF— O - BROBE. - F— S90S
S enn _ | DIALDH BT - SOOIy — 200~ . (NoSQL) + - B IR (D) - DL
U ! nttos://wwwneclearning.jo/c|Hadoop o Hadoop R RIEN & > T DU S X5 & DS RN AT LOIMIERUT, | KAICOWTHIATE 3, | DB YIF-SETHRERUHES e . TOOER DS L - D93
15055%’Eﬁt’ttud" S INECYHR A ) (— b — k&t |TEL : 03-5232-3075 ourseoutline/courseld/DB117 |Ew J5 VB, SHROEE. SLU0SSEERTIMOBERPTEAS |- EvIF IS RFT LADTTDHadoop Map/Reduce® | - EvIF—SESRRICEDZEHIPINT fevs ,gmjmj\ 2 1;54/: m ;749':' i ‘;“';Z"(/m ~ x x x |18/ 143,200 (%:2) [e)
sirin E-mail : dbg@educ.jp.nec.com . ) ey YIToETRAl T, FEGESNRESHEOS |SvILAT A THEOF— SO0~ K
@ . N sEpNENS. B EERAAC O TRITR S, - B IF -SSR RO BIARADS 7
(i) 7211-8601 485 RIS T2 e o Redce o 3T 538 F—SOmE - ik
1753 Mhanisi |, 7SSO SACEE. - e Rece
T = —. - 4 & Map/Reduce T T> > D
| B> AN TS S TR T o Rt oo T TS
B .- WRFESATSU. - Mahoutlck L% F—
S5, - Mahoutic&BHSREUSY, - Mahowtlcdk 3
S253%8 - Tl
. = 55 15 Power BIE(E
!Ef;;;;g’“ Mi-hF—fatait 7200 - - 28 7 SEROAD Poner QueryDIE(T)
1gPover BI AP —Power Query, Power |\ oo, [TEL: 03-5232-3075 s/ unwneciearning.ip/c Excel O KA 5 T35 Power BLERILT, RABHEDF ~SORDAH LT~ S0 EZ:;: gfﬂfﬁ;}&i@?bﬁ TS, ot describedt Microsoft Excel 2010/ 2013 mgiig L_\fEﬁ:ﬁ;?gfxﬁ;ﬁxi;igﬂ S < liems 43,2000 () ok
Pivot, Power View, Power Map— E-mail : dbg@educ.jp.nec.com ourseoutline/courseld/BI039/ (BaiEfH1F. 4 RO E DR EEEBEBUTES. AN TED = = . o
@ . ourseoutine fcourseld/BI032/ - Power View 1o Power Map TLK— MWERITE S, 555 B 5 LU I £ 3 (Power MapdEAHR(E)
(i) T211-8601 A5 ISR F 2 !
251753 5 6 & Office 365 TDBALR
557 5 Power BI H—E 200
18 F—somE
- LT -SOAD. - LT —SOAD. - o
FUF—HOB. - FTUS -3 S ERERT IO
NECT#Tx> (- hF—Hiatat 7.0 2: : ;72;;;“’” TEA - FoIDTU
> — PR . RTIMES 57— ORI TES, g
. . |TEL:03-5232-3075 fittos: /v nedearming fp/c EAPY) J— 20K~ 2. EEHBROIEICELETOYS > - RERUVEHEIMEN TE S, ) AP O—xElT, [0 EEME S OE . N " . .
INECRFZ A ) (= b —HRR At £-mail : dbg@educ jp.nec.com ourseoutline/courseld/DB160 B EHRIC. ROBEANISERSEESR. \ Rk BEANREDN TS, not described RS AEE BSOS é?;i;gggé\yx—a © BANRD S I 0E x (e} O |1Erd 43,2003 (Btid) (e} B4
(321 72110501 M T - RICEBBANRBT FANTA=INTES, - REDFI. - /SARIY IBFEOB, - 5%
N OBFEOH
4B FEIANTAZI DR
- RIC&BMeCabDAI, - &—L - XEITHI,
@, - N-gramik, - St
18RRI T
- FINONR, - REDEH
52 8 T LoWE
- T—2OHE, - T-ILORE
538 F—sonm
NECYFTX> b/ (= hr—tkait 7o/0 - THDRE, - F-IOHER.
;_fmggggu Ihttps://www.neclearning.ip/c S — ;‘4 ;;ﬁ;;:g”;’
(C&5 F— SR TR NECRARIAS M= b —titatt E;;“U?;iz;@zzzﬁp_nsc_com ourseoutline/courseld/DB282 [BAR BT — SO TIZE . REECLSRBEESLTEETS. ERNT, BANGT— ST TES. not described st e | s, WS DR x | o x  |1Bm 43,200 (1) o o B4
ki) T211-8601 58I IB) SRR T |- R - F—SORFISAZ, - BRAE. - MEHE
1753 5 B MMORR
- MEREORERY. - WEOMEOTETN, - HE
wEoms)
o 6 1
- ERORIAEDR B
<
18 RE
- REW@. - ROABBE, - ROAZZR—Ib - ROFI
B - RISVU— - Sws—3, - SwFE—K
28 TOUS 0B
CRIZ«5. - EH. - ATSTON - BE - AT
s = S1oROm, 552, CATNL - BEOSHET
S WEY B - SOERATE s e ol
_ . . 7 nttps://wwew.neclearning ip/cl s gy o e o m o o . ROIES 57— SDERHTES, R, - XFIIM, - REEE, - RIEBRHEM,

1o SHTOITSSIREL CPL = eco s byt -t e e o.nec.com ourseoutine/courseld/DB103 (AT 7 SIERA. SR FEELLT SHHERASI0S - ROBANBIOUS IHRATES. ot described SOUSLONRERBSS  |EARE. - . - BF. - F-5TL—A - F—57 | O | x | x |19M 21,6008 B2 | O (R B IEE5
e waroeps 2 | = . - ROEFA. RUDREHTES, L LRI, - BF, - URN, - UR SRR,
el 6L - WOEL. - M. - GBNLE. - D7l

. - S —SHmT—SONA
38 7 S0
- FERME, - RAEERSON, - (KRR
OB, - HET/ AR e
o 4 B RO
AR, - ARG, - WEE AR, - @9
18 > oo
- BT SO, « FMELF—SOAN. - /o
FUF—SOBU. - PTUT— 3 SERERT - SOA
NECT#Tx> (- R —Hatat 540 o D TR
. SR T ———— . NP _ | RULEY ST SOWENTES. SEETOUSIOOBEL (e |25 fHEAAE
TOOSSZIRE @bL==H e onsus bt hr—imtai  |IE- 03752323075 ourseoutiine/courseld/DB195 |2 VISV T 15 2> JRIECHSREBOTRERBENSENRIC. ROB, - REAVCHENE T2 5. not described RL—=32) | D-REET. F| - 95T VORI SA—S, - BANBISIORE o] x o |em 21,6001 (i) o e ERE et
il dbg@educ fpnec.com EE— LT - RESBHABBEOR T TES, st a2
(321 72110501 M T - RICEBBANRT FANTA=>INTES, i N
N OBFEOH
4B FFENIA I ORE
- RIC&BMeCabDAI, - &L - SEIT,
@, - N-gramik, - St
1 m REM
- RE@. - ROWBIBE, - ROAZZR—IL. - RO
M. - RISVU—. - Swsr— - SwFE-K
o2 B T0U5S o0RE
CRIFA5. - B - ATSTON - BR - AT
. = SToROR. USZ. M - AOML. - BEOBRES
ttps://www.neclearning.jp/c|,, . . — . N . « RT BT —IDERNTES. Y IF B0 SEM~HE [ BERE, - X L - RIEHE. i 8
NECTRA> b b —pai | TS ourscoutine/coursela/DB152 P R BT - SBBER, SRAHTAEIEY S RALTOY - ROBANGTOIS LIGRTES. not described RAFFEC LB SAARI~) [EATA. - . - W@l - F—5T—h - 757 | x | O | x |18m 43208 G2 | O B
Pl R/ - ROEFA. ROUIDREHTES, 2T, FEERERES|L—ARINE, - BF. - UZk., - UZ SRR,
s ws0n. S HOEL. - B - WML - J7OLOR
R |
538 TS0
- FERBE, - BAEERNSOR, - (SRR
OB, - BT/ AR, EORE
o4 B RASLHIHE
- EAMIE. - RO, - WEE AN, - @




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
Rt
G2 PO E-os
518 F-HUTT\IROHE
S F-SIITIOR OWH) Eld - F-HITFNDIR
NECT#T%> M- hF—Hatat 7.0 ekt . esazALT
SR —sricps sEAe | OIS TUT ISR B £ ESRATY
F—IDITIN\IR/ ESHRAZT g _ . o TEL : 03-5232-3075 https://www.neclearning jp/c|F—F DT P/I\DR/ ESRIAA 2T IS TV AICHT ZBEANBMELRMEYS ORBEB |- T—FIIT/\DR/ESRAAFUSIRICEELR N BHEDS. - ; S N .. . -
ZiS1o2m NECYHIX M= hF—HARE | il dbo@educ jp.nec.com lourseoutline/courseld/BI001/|L THE@ S 5. O TES, not described e G T It ;i'iv‘vr/_s‘;fgéfifﬁaz_,;HF S e 37,8007 (B2) © B
F211- %) ] ¥ TENL, 3 y .
n;?jg; T211-8601 #5) ||V I§THPRE T8 TENTNBTENLELL . - FIRA= Y. - Webili. Zoot
- R
% 4 & DWH/BIDHZE
« DWH/BIRIIODH(C, - DWH,/BID#EE, RAH—=R
-7, - MSRF L@
518 CysT—sOnREERONE
NECTH#T%X> (- hF—tit&it 540 - BysF-SLE. - EyITF-SERONR, - -5
- a A VR e i SEFN
e o7 nttps://wwv.nedlearning.jp/c| 7 — 54 =S O RRNE T~ SMFOBBEFET 5, BRNGT—SIA=SIOFETS |- EvIF—SOM - ERESTBSEDOMTETIVER PR i i ’mj; ;;?‘i’i mg;u;ﬁf Rﬁ;ﬂg’mﬁ
BF-SRA=IRE (hL-=>0) NeCwASX b by g | IR ourseoutline/courseld/DB230 |3 7Y TS a5l [5525—5i) [5523E [EIRA] ZRAL. REE T3, not described Bl S clbt ol i o o x |em 21,6008 (1tid) o o B [ ER S
: jp.nec. ? . T T IR TR S, | ERIAERESH 5 IRA= LB —
(i) 7211-8601 AR ISHHRE TR | CENBONERET . TR REN T — IR A= IR CES - FITATIIDTIOCR, - F—IINFHME,
#B1753 FPYSI—232HH. - OSRG—H. - IS,
e
ETY o
- EwIF—HER. - FIRAZIER - F-EY
(I FARRER, - FoHRAZSIDERG
- F—IRATIOEEBISETIR (CRISP-DM) ([C5E =28 CRisP-DMBE
ST, F—HRAIITOTT Y ORISR EREFIER) 553 B CRISP-DMICHS < BHHOIHT/%
NECT#IA i hF—Ht2# 550 [ - ESHRRADEER (SfF - BNORKIL) . - F—I0BR
= — e £ — " " — — - T PR S A ED(CEI &) . - T BN ¢ 7 N
. e 2075 htos://vwuneckearning.[p/c|r — X571, BRI NSRBOREDMAT 57— SONT. BFORITETINTv | 7 g RICRURT ST e celihs B e %;; m\;ﬁ;‘:"fﬁig FRETIRE
b e b@)&ﬁc;ﬁziuﬁ: INECRHZ A > ) (— b —tRR &t E—mz‘nl'db @educ.jp.nec.com lourseoutline/courseld/DB245 | DR TERBOWBEEL TIEFT 3. Y —ILORVIPHEHBRFEORR VST | > 5 ﬁmg“‘ Erra‘ e T not described 5 < %45 C’;i{sP—DM(’Qj(;EEE x e} x |28/ 108,000/ (Btid) (e} o o BA:E
e e L D=PIBEEDS, F—SERERRICEUDIBEHOER S CEEEBNTEETS. | L e o s ’ .
(&4t) T211-8601 #%)|IR)IWETHPHRETFE SR ABMICEDFET, TF—FERAORANLT O PEHE| - REOETULD (ESRIOERK) . - TR BT
1753 s PEETES, FWOTLADTD, - F-SOBERE. T, - FHE
C F=ARAZITOD IO MERFSAS T BI2HDA IBEE, FRORT. - ESRIABAOE. & - RS
mEEIERTE S, e
% 5 & CRISP-DMillis E&
- FATIREREOBTEL, WE, - EHTIR
D7 —FERRMDT « ANYS3>, - BT
% 1 & Python&(d
- Pythone(3, - WIS - SATRA. - FEAMTIRN
528 PythondEAA
- JOUSAORAME, - J—KORM. - TROE
K. FoSORECEME - UZk - ST, - 8
NECT#I% i~ b~k F0./0 B B ESAOL T
S—HEEE nttps:/fwww.necleaming o/ - PYthonDBEANBT OIS LR TE S, 3 B R S
il ovwe, - i F— IS HAD, o7 — SO - RSN ERTES, _ ) _ .
25[7— FHHFOTBOPython AP NecTRTA> i by —ptai [F0 93 dﬁgeﬁz; ec.com lourseoutline /courseld/DB192 o 7T OPNERNSIEED, SEORATRRT - som) :‘;’;’Tgﬁ'{t‘ggﬂ%@iﬁi@mz s not described TOUSLOREREBES |- NumPyEl. - NUmPYCEBSRERAOEE. - &5 | x | O | O [|18m 143,200 (352) o e
- gy -l ao o ;. DUE, - EEIOWERZR. - EEIOWE. - RIIDR
- R [T PR a |- - N (. 3 ) o
(5 72110001 RN MR NumPy. SciPy(c & BBANBAMFDFIBTES, e e
" %48 F—o0HIE
- matplotib& (3, - F—HDLLE. - WHE. - EHIS
O - ERNISLA, - REEONE
EET AN
« NumPy(C kB, - SciPy&(d, - ScPylC &k 3#i
g
18 CyoT—omE
- EvOF—5&R - EvITF-SnERENIER.
EvITF—SDRER, - CyIF-SERONR, - Ly
S _ —; o = 5 — & ER DR
TR 1 bt 7500 T 28 CyoT—SEBORAFM
- https://www.neclearning.ip/c — _ - . . e — . N - EvOF-SERAOFIREE. - B - ERST A S FBEERE. BEYE
N — - : 03-! - 3livz W =& N N & 7 i A - By — 3 7 B o [ . - -
26|L w7 —SHE NECTH T M (— kI — ittt E;a“o?diz;@zezzﬁp reccom ourseoutline/courseld/DB093 ;ﬁ‘é;;ﬁz“z’b’T FEONT, B BRI BBEEIEMTNOP |- E;z;_z;gﬁ,’"’* 522;25 CNPBEY TS DERELTOELNEEZTUSS  |BL UAOUE. - ERSFUAD x| x x  |1em 43,2001 () o ) O | BAE |[BRIGSEMN. KeE21,6008
o Jpnec.com [ : 7 I =5 %38 CyuT—SERnS 27 Ll @)
- %) 111221035 A B - Ev — > & o N = — =
ﬂfsﬁsi; T211-8601 #2%) 118 U5 RS X F: EvIF—IDIRT LBRESATES. v SERDS T IMERE R, - TSR,
" F-S0MEL - F-SOBH. - F-IORE, . F—5
Do
04 W Ly sERR B
- Hadoop. - NoSQL. - CEP
NECY#T%> (- hF—Batatt 740 B 1W Cuor—snE
;/Ejﬂgiii%gams {tos:/ww nedearning fp/c - ByIF—SomE é-‘;ﬁ;;:s;gt(; T =T
27|EYIF—FAM (ebL—=>2) INECYRZ A N (= hF—HR At E-m;ll  dbg@educ.jp.nec.com lourseoutline/courseld/DB201 [BEEBENTVNB EVIF—FICDNT, #E. FERSEEIN DI <BNT . . E;a;*S(D:ﬁﬁ SEERETES not described 192 ;/2 = kyd?’*9"§ﬁﬂ)§ﬁ¥m§ o] x x 18/ 10,800 (BtA) o]
(i) T211-8601 IR HRETR | EyoF-SEROFMES. - EMOBGE.
&31753 UADIIR, U A
1 E CyUT— S0 EROEE
NECYRIA> M= -8Rt 700 - EvOF-5&3 - EvITF-IERAOER. - 75
— PR _ 4 - . - i - Y — LT
e [ ol nttos://wwwneclearningjo/c| 7 — 51 =S D BRI T~ SHROBBESET 5, BRNGT 5| =S IOTETS |- Ly IF— SO - FRESTBILDOTEFIER e JEBYCLOWR
o e IR T ecrrss b bttt [ e ourseoutiine/courseld/DB095 |3 [7YS TS 3 5] [D5R5—HH) (USRI BRI [FFA A= [RTED, not described BAS il i Salianl et oo WEI x| o | x |Em 4600 R) | O
= ! + by Jpnec.com Ll 5] [CDVT, REEEE->TRETS. - REBEERAULERNGT — 571 S INETTES., - FE . & . — s T AL
(&) T211-8601 #%)|IR)IEHPHRETFE > 27 LIBAEE
#1753 B3 E F-IVAICLBHHER
- REZEME
_ s 18 T SHHOBE
NECYATA> M- hF—Hitait 4.0 | ToOBMELOBREL SR ERATES. 52 5 BANDT—SHH
BRTAMC LT — I TES, Bl
> https://www.neclearning.ip/c - BB R BT -SRI TES okl
£ s b NECTRA> b b —pai | TS ourseoutinecourseld/08101 [5 50 M BRI EORSBITFHERLIC, Z=onSTAREREM | mpgpiiic sz —sntincas. RHRREAER LT — SHREC D BIEES L i x| o | x |am 86,400 (1) | O
(i) 7211-8601 HE) IRIIETHPEETA |- | EEICLZT - IATTES. EXE-
51753 - RECEDT—IDNTES. =78
|~ . i > — i
BUI BT — S TES, =
®1E WRYBEEE
= S .
NECT#T%> M- hF—Hatat 7.0 T AP, ¢ (ERETATIRL, - R
SR EBOT, BN BRI FBOFANRG TS I
) nttps: //www.neclearning.jp/c ) [Ew D7 — SO R~ — [ 2 B R
iR B ~REIE T B et g ppomgy  |TEL:03-5232:3075 W EOBEEYET S, BROGRHSEOTETSS MBEHRUER] [RE50E) ) e i e s 5 5 " 5
30 INECYHRZ A N (— b —HR At £-mail : dbg@educ.jp.nec.com lourseoutline/courseld/DB281 B LSS R OB E AN TEN L. B ENBOEETS S, ERNT. RENLIETS S BOEENEGTE not described @74,/?%%?% J\II REE Iﬁjﬁﬁw ?mﬁ ZRTREE x o O 18/ 143,200 (Bt:A) [e] B4
(ki) F211-8601 721 W PRETE |- 7 FEERSHEESIEOR (3 F B0 FE
251753 . - OSRF+woER. + BR—bROS-IS>. - F
- - —IRAZEE, - Z21-SNFY NI, - Fa—T
= = - SYHILTALAL
) _ (1) WESURFENE
L8R B SRR R > D S ERMICERL, H) | e e
FERRE SRR — XA — X (T3 S BRI T| S YIPOTTMRTE, A-TZEATLLE. - #2)
o eenasa 27 L. - H—C RIS R LR, - RATBECE S
AP SHAER, - BAHTOISLNE. - H—ERYA TR enPITIClE, 5D KIS B2~
‘ &, -5 FUSTIER. - 1L S E > 8
RO FEFBMBERRS B, WRRISRARTES, UNU, RS> TR MPBLONEENRNCFETEB LS, ES T T TIO et e
ARRE DB, BRI T SBEV A AFIVEF TR HORO=—XZS |22 7T U —S 3 > HUICEET BRSO RIME S SR, e s s, K
AT BHEN. ——X(CH U CEYICEIERGA Y THERTSENERNERL. enfiTES |13, e e Roa R O
27 5 PRl G ot S— : 7T E
enPIT (TEREHE TR AMERD FATTVT-SIIPHCE RERF, NLBSCTRIAS, RERIATFAZON | () SHRPEE e 510 NS, « 7S AT Sue. RERDERREEES
", s ” ! FABEL T, TOLSRIENEBDEEEAHOBRET>TNS, AUFISAE K2 [VT RO PSRN SRENBANES IS E LS N e i 5
' R OEIBI Y NO— AP [ KIAZ: TEER |t/ www.enpitip/felds/bi [ SoRIEE PRREAS S, 3 o d sss ) AR, - e-learning AL RHAIBEAS ( . ; ] ; _ |szencaz. sumcmse
31|enPiT-BizApp 5355 - g E R EBNERREGS ORI A—AED Zapp.html . BNUICH<HWPBL (TOS T MEYE) HSHEREH. LREHRE 0. F-AICLZYI NI THROBREZBET ST LT, Ejnot described not described (2) SRR AENE o] o] v |¥014ERS Eigdl o] O SES- RBASEHEERESN, Sk
o AT s pepp.ntm! . BRI OIRRLFOEA RO EDBIE BB TNB, &5 [ROH R EDWIED &R AILICELE | e hoa i, - oAy T KA o
IC. SNSO¥BELOHDRNRZEDET B, BEAME P RIHOEMFYERBCHR |3. &5 JOSTU MDY, RF1XD hOBEEA(C] o BARREE > ;7\%&9/7‘;397 ¢ = i@)“’&%A(D*{;S Ssy
S, = HRIC X, SN o] & 1B, jisl ~ . - N iy .
;n\é., enPTOT 0TS ARECIELIFEEHRCLTOETA, TNEVIOFECEIET D(;t;;ﬁlgfu = Es) SART TS S8 . - EIRZT TS 2SR S EENTWE. L. AF
. 5. ESRRY—ERFHAVER. - ESRR T T — e S,
S EAFLNDFE S, SMAZOREE L TELPFENKRL TS, F— AL & B YT N T PO SURI SR | i;;;;;;gaTg4/§& ESHAT TS DB
5. ——XICEU MBS RTL, TN U TG - . R
WEAERLTYY 1~ 3 S RIS B, F— LWL, & i P EICWEREIEE
HDHEOTTIOTT Y MEFITT BENSTOTTH FHR| PRLES AT DHAB. « (=777 1 Tl
DO EBET S A =S FF«4TTASTURI, - ESRIAFZTUT -3 4|
. BIRE. - PELELS 25 AW
— = BER (H#E/840) U (SZOAB/C) RENTITUDHRIESTS, 3D0I—2 (IBM FTUBT ¢ —JL ROF
SPSSHIE : 7Y LT A ANER HRaHT (S50 SPSS ModelerAPd, 1BM SPSS Modelers— ST, 1BM SPSS Modelerfi&HHi (FAIEF N i LAFIURIAVEOTR
EIAA ITEL : 0120-623-629 https://www.i- L HFTUE] ) HSERENTNSS 50—, HFOI-RESBENTS. BL 2. CHAIDD (> 5597 1 TETIL
D-2A: T - WO SOET IS . : 08/ oveie iy e N A= YT EModelerEEBL, HTFTUF —|< BREEONNESIHEDS |3, 2OMOA>55057+ TEFIL .
325‘2 HREH T - S—=>7 (1BM) HuahbeIA—-L8E0D learning.jp/products/detail.p (7= =Y —ILTH. EAL. HFTUF—IDFMETSF #1879 |not described SOFAETSS . IBM SPSS ModelerAPd 4. BIEEFILOMER x o] o] 18/ 64,800 o] BA5E
1BM SPSS Modeler BZSHT  [FHE T103-0015 =) 3 hp?course_code=0DA18 3. EEXE BESMOTO/AFEREBTS RICEIDBER D ESH (BRFA) PREEL S - IBM SPSS Modelers— /1T 5‘ 41%0)7 51
oo fioster & AL WEDLEF v N CEET BNESHREEFULEVWBAICHNS S A TE S FNE i o Tromarer

FILDFEEF R




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
mir | T
e1HE
Partl 7SO
1 FoHRAZZIAN (F—HTA=SIEM, CRISP-
M)
2. IBM SPSS Modeler AP9
3. F-HTPANOEHAS
T
N _ T ,, 5. nMEERET -5
-, - = A S~ BER (HEHT/ARHD) YURYD (SZUA/B/C) BENTTUDHEIETS, 3D0I— (IBM e ’
o FTIYATITAAER el R SPSS Mocdeler AP, 1M SPSS Modeler>—HIL. 1BM SPSS ModeleriE447 (FHET - ) » - - | windowsomamisin e RO
33T 2A : T - HRAIDTDDEFILEA HRAHT A - S—=>2 (BM) HuaDED—LED learning. ip/products /detall.p :;Z;jr?fla;iigzza;{a:j;;:&;sﬁgc¢&§m¢m;j—xu P gozdilemgmﬂnT IR IO EORES ;?;fﬁ;ﬁiﬂ%tT FAZHITROTRERENE éz—&Y'(:/’)@iD%ﬁ%ﬁﬁs Partis: TU> . FHE. R/ N © 2650 129,6007 © © AE
i +103-0015 3 @|horcourse code=000P2 |7 91 od < L 7. EFUSIOME
o . =>J702 10 hOTOCREFILTHBCRISP-DMOF —FDIRRE, €7V, ¥l B D75 - - N
IBM SPSS Modeler AP91 PRI )L /3D D T — X 28 TR, 8. F«<<3>W—(C5.0. CHAID)
9. EONMEFLOEMER DT TUF —SDWHDT
eSS
10, BEOFMESNOEWER: RS — T~ S DBED
o525EFULD
11, BBISRYUSTEFINOEBER BBOISRE
EDPZ]
12, EFLOWR. 1R, BLURS
13. EFILOER
SPSSIBIE : >~ 5T 71 A NER e R W HH/ER) PURD (SSOMB/C) BEAFTUDHRIETS, D002 (BM  |ModelerdTF—SMTEFETS LF—SEAR(T LS —. T4 —ILKOUTER. §H5)
(RPN TEL : 0120-623-629 nttps://wwwei- SPSS Modeler AP, 18M SPSS Modeler>*—5hIT. IBM SPSS ModelerE i (FMEF 1. 7— SUMF(T 1 —IL KiFR) 1641 5955 Mocler (55 Lo SN Lo i £ g e IB1 SPSS MOGElerAPEZIEN 2.5 — 7> 25— SOIRE
30-2A: T - HBIORBOTFIAEA kR 7 - (BM) LEDE T —L8ED |earning.jp/products /detailp 1L : HFTUR) ) HEMRENTNSS 50—, 2. F—sowa - 7. 5L BASORBESIE 3.5 —5 77 LOBEER—/— )~ K x| o | o |iem 54,800 o
i +103-0015 3 @|hotcourse code=0D0Q2  [F—H¥A=> Y —ILTHBEMdelerDIMFERIGT BT ERENELLI~R, F—5TA [3. F—SORIME. BHHR) o5 4.7~ SOuEt B,
18M SPSS Modeler AP32 >— 51T AL =SOSR D £ ABT BT — ST DML, 4. LI RRIR(LO— KR, B2 TUSY, F—9ES) 5.L0— KRPHSTUS S, 98, Frvsa
R - BT - 5=
f;;;"f (ToIATITAANER ITEL : 0120-623-629 https://www.i- B 7
B0 oo PR 5==20 (8 RuEDE D — LD earning.ip/products /detailp | [T—2A : T - HROT:OEFILE AL —1BM SPSS ModelerAPI2 F— &I T) &£360 x| o | o |iem 54,800 o B
1BM SPSS Modeler AP32 5*— &/ T103-0015 o 3 i jhp?ourse_code=000Q2
AL
o \_ N . 5 ES s R R — SOTMETS, 3002 (IBM SPSS ModelerAPS. 1M SPSS o ]
PSSR : TS TALLTAAMER e Modeler>*— ST, 1M SPSS ModeleriE N7 (FAEFIL : 2 —ILM) ) MSMWAHZN wFo-zemmancs, s BRIV EOTHE
AN ITEL : 0120-623-629 https://www.i- by = YT BModeler R A L |< SBEEsmasy |2 2 FOT A TR,
36028 : FAORSOESIEMR  [HREHT( - S—=>2 (1BM) U EDE D — 8D earning.ip/products/detailp | o000 2% e o |not described [ it Gt ocve 3. WEEF IR COL—LBHEFIL x| o | o |iem 64,8007 o e
1BM SPSS ModelerfE /i [FMET +103-0015 HFEFRE 2 3 M|nprcourse code=0DALS |2 X122V TBEModeler ML RS OB T — S DT AET S EER )7 T OTHE [BM SPSS Modeler ! 4. GEROFEHETIL
oS s Whorsdii BIBCERBNELEI-R, LEXE BEORMBIOHEOMARTNEEEFMLL - 18M spss Mogelers—smr [ EROEETL
) o WSSICANS T ENTEZTHETILOFEET . ) B
" = = RREH T - S—=2
i:;sﬁﬁf\& T TAAES [TEL : 0120-623-629 https://www.i-
R = -0 rLEDE T — LD learning.ip/products/detail.p | [I—2A : T - HBIOT b DEF L& Arr—1BM SPSS ModelerAPI1] 368 o | o lam 129,600/ 5 -
- T103-0015 3 [E|hp?course_code=0D0P2
18M SPSS Modeler AL 103-0
[B5esE )L
Ry MRy MTLOASF 235 - Py T U - JORCUSIEAMS
o - SO 3. 35072 (IBM SPSS Modeler AP, [BM SPSS Modeler— ST, 18M SPSS
e AT T AR e R Mol ME AN [7TASSIRT VS T3 ETNM] ) DOMBENTUGIED |1 PUSTS S MORALENTES s HTDS XERmENES. £l
T s . SO N > s/ fuomes —. 2. AprioriEII TS [BM SPSS Modelerd 55 257U S 0 7Y S T~ 3 S EFL| < BREEORINESH 50 ) . . . .
381?3»4?55'5 %‘:‘d‘;egg;}?ﬁ [j;;;;i BRRHT 1 - 5= (1BM) ':’;2;‘25? ;‘;; A EESETAS lf;g::‘ugr;:/fgsgi;‘;é‘;e;”" 1BM PSS FULIOIOFTO—FTHB. TLF1 51T (F). I5R5|3. Carmak BETES RN - BM 5PSS Modeler AP not described x| © © e 64,8003 © i
e e Whoysdii = USD. PUS IS5 (MR OENSISAIUSIETYS TS A S DEFINERBT 4. S~ A ERRTES - 1BM SPSS Modeler> — M T
52 EHEM. £S52HUSIICE, Kohonen,K-Means, Two-StepD &5, CNSDHL
BEBRL, TFLEFETS.
o \_ BT - 5=
;;:;s;\& (FoIBATYT A ANER ITEL : 0120-623-629 ttps: //www.i
3 s oo, [FRERTA - 5== 1BW) LDt D — 8D earning.ip/products /detailp | [T—2A : T - HROTDEFILE A —IBM SPSS ModelerAPI2 F—SHIT) 360 x | o | o |iam 64,800 o B
ot apss Mo 2 e 1030015 SRHPRED 3 @|hocourse_code=00Q2
AL
= - BT 5—=0
PSSt 759 T2 74 128 oL 0190.672.629 [ —
0BT o o —oms |FEEHTT (BM) PLEDETA— LD earning.ip/products /detailp | [T—2A : T - HROT5DEFILEAFA—IBM SPSS ModelerAPIL] 36T x| o | o |oEm 129,600 B
AL 103-0015 3 @|ho?course_code=0D0P2
BRI )L
ef1HE
LITomE
EvsF—5
By IF—5E%R B
TSAS S FL T~
27 HBATSF A ARER
FIYAT T4 DT
HROTOEZ
3 ORI
kst ey - 5-=>0 st
[TEL : 0120-623-629 https://www.i- AAERRE v I T —IBRENDI T —F YA LT+ X SOBENEFESNTNS. RIERLE L7 —9YAToT« X MOHBEIERT S 1 F YA TS5 4 2 O RS B3 ITORAMHN BB &
P e SIS BB - S—=> 1BM) uEDE T —L8H0 earning.ip/products /detailp |BRIBENIBLIHSHTORN. FAFRNENG, ESHINDRRERD TS~ SRIVE 2.4 - BIORANEZ HEBRT S Iy b ol BRTELSVEEORESAINS x| x x  |am 56,4007 o
+103-0015 3 @|ho?course code=DWB00  [FXBLSICT B, 3HROT—SEEN, SROSBMIHTEZLSCRE  |© CemELL,
AL
Bl R
4. BHOTOER
PPDAC
PmORS
BEOHE
F— IR
s
TR LI
BT - S0 EXCELOSMIER, TNENNRET ST —F (0 TER R J——
[TEL : 0120-623-629 — EXCELORARBRIEEBRALT, F—9iTiT5. EXCELMBE@RL. ABEesLTE|Co o 175 UL TA RN Jot "S5, Cfw k- 7T, B
42]5— 99O RA(EXCELRISE) HRRHT A - S—=> (1BM) L EDE D — A8 learning Jp/products/detallp |7 g ot TSR ER T, 7 AR LEXCELOIMEHIEE BN R ES EXCELRMBAL T~ SOBHTEWEL, cEBLTLSHEEOmREnT L 2o Sl 2 x| x x  |iEm 43,2007 (52) o e
T103-0015 BEEHREEABEISAA-3 E|hp2course_code—DWS01 27— SELORFENETES sze. £ i ; .
AL 3 FRCHATE SWFDRRTES 72T P ABTAD. BETM, bl KA
|4.e-stat(A—TF > F—2)DfENF
1.5 =5 DRE
A ESRZOB
BRI ORE
C.5PSS StatisticsoDitie
1 .SPSS Statisticsd7 — 73 HHEAE
BT 5= SPSSOMMRIEE. ENENNRES BT —FITL TERT e
TEL : 0120-623-629 s fuiwe b PSS Statistic s WAL THIR, SNBSS, THED SHRCHED, E5%|° o 8 UL TR ARN CHmI—L
437~ DHTDREE(SPSSKIER) X2 T - S—=>2 (IBM) MuEhEIA—LED learning.jp/products/detail., e D ° T 1.SPSSORMHMEHEREE LN RED SPSSEEAL T —FDAMETVENA. LTV B ESEDMEERT ) I x x x |18/ 54,000/ (#tir) [e] o] BAE
v \earning. p/products/AStalp |2 g,y g b te BT obBAKIR, BN ERDS. PSSO e = I1.SPSS Statistics|c & 37 — &M
+103-0015 3 @|ho?course_code=DW802 27— SELOMFEMETES 3z o
AL 3 FMCHATE SURERRTE S o Uy - o
CEMAH
D.RL> K9pH
ERROWI(TO AN~ )
IV.SPSS ModelerOBAIRFRS
VAT 57— 5D
R RA TR
__ T, S TLR AR MR I e mer | g e e e
44 ;gigéf,zm,ﬂzmm e fmai: beeventoimpres oo ;‘;i‘;mz:ﬁs‘:&;ﬁstzo v ﬁsz;;;r; o aﬁgtmm%‘g?mq IBENTOS TSIOMEFE] CRRES || described ﬁ*;/gg’i;jﬂ'; ;éiiﬁ;ﬂ%ﬁié’f/ NITAXTH ok descrived not described x | o | x |eam 54,0008 (ti2) o BAW [ER30%
T102-0075 SREPFREX=FHE 20 FHith
A B Y — RIS TERT BT, TNE
D SERER U E SRAEFILORHNTR S Microsoft Excel &ERTES (£ gz’d’zﬁiﬁf)‘;iD'e:&‘;;""fsgsg‘g;‘}\gg"fl’éc';m
s RIS B R DA Iy hF— TRER IS B . e :
oo s0m.1250. FAX  03-6303-1251 SEDTRHOWHERL. WET2S Sier/ITR MR IIBLOS et e ma A . PR ENS PUEDIE T B RIS
T YT T A M~ R S L 03-6303-  03:6303- nttp://www.change- By IF— SR SRR BEBCHBESNS, F—FIA LT R NZFIDEH [F— I VEERCABL. T oh SR BB FINES L i) s ESHRADBRN AN BB (€ [0 o7 —FERNBCLT. MBCTHEL LN § . o BCFFTS FoHPATS
45" "2 HRRHF T E-mail : info@change-jp.com ~ L I1—H ¥ - ITBEREDY—5F 1 >JBYDS o - CBDR/SFT—H : twitter, FTOEFF—4, EBISHYT | x o [SRL=1] 324,00013 (BtA) o o — "
(x=v2) e o 2620 g |I.com/bladata 15N Z35EMHE (cosn il SR R B A~ TB| DO T 2K NS (CDSB) Al
001 EvIF-SHERETOST Y Moa R, RETES L) 37 S i R ENS,
EEEILLLIR — — . B N | EVIT—IDERESFINADERNUFORENSER -
EvF—SOMOBNCIL. FHORRD SHET <SR prscTeBmTaS (4|C2 77 TP Nl
[ i EABEHD SOIENDL Y U7 —SERORR (EFA
) — OB (12T hF—
9) EBOBIA (5 SEMOERR)
AT )
EvIF—ID R R - BT
— — [TEL : 03-6303-1250 FAX : 03-6303-1251 N
4gCDT IR EYITS M oy s E-mail : info@change-jp.com lnttp://wwiw.change- Cy T —SORBOHE BT, BEERD AR MR not described not described not described EuvoT—oph S oo« x x |1Em ot o o o | ks
K2k =S T150-0011 HREEARE1-26-20 SR p.com/bigdata/big_trial.html tn\yd:r—s')\uaﬁzmamtﬁﬂzuil/ymb‘—tzm_
A )L 1R n




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
mir | T
S, ESFROWATE, FHOBBENICL> THARRELBRU TV N, TBDS5 Pt il
T SYA L R NOBAARSRSBNTNS, COLSBT ERBER, AI—2TE I Ao
sttt kIEgacco nttps:/ims.qacco.ora/course ['F — B A TR NOBLEEHRL, BOREERER, F—IIHOBANBIBESE S, = ¥
P 5 e U E Dt D — 8D s/course- - RBADDHATHINTNG. BUITIE, HETF— SN EDLS CEHENTNSME ) . . = ~ - . ; ) .
ATHRANDTEHDFT —FTFATZAM  [HRR&t KOEgacco 106-0047  FEEVEREEAT—THEE15S |vl:gacco+qa031+2015 11/a |00, EROT—SEFNEHTHAEENT S, BIETEF— SR, T SHIC not described not described 2L ?3:@1 F—IDRA~FT—HORAICONTEANBAEEY | O o x |43 [#EAE# : 1,000/ e} o o
T—) >Ry MFREIL |bout ﬁf* %@gfltg»\:(%/m ;%BE‘U;; EL_BE(;?ﬁ_t?éur—G@'Efzk?u 43 | AT — SDATF - RDE ED BT AT
P BUECE, FENAFTBAIG 561>~ MR TGS A e
BHBCONTHIAT B, 2
15~
o5 138 FEHEADIEL
RRURICHITBMEAT, COI—OME, HEtFOESD,
F—SAMDTN, 7SO, 7~ hOBl. F—h)
SHHERS
55230 RS D LB — S OB
[EHDTHRCLDIBH. MHAISI(1) -FISTERIST-
EHIST(2) - WIS T EFED-, 2BROT—SDFED
5 | JOZMIE, JORKHECSHBHAONE, SHI0
S SAFORMEEET S, I-RlE. BERT—SORENBOESI RIS, TOWID 2R, BEOOZMHRCHIBRIORS, JOREHE
- BOEHRRLTNTNCEUMBENI ST - RICKZBHROGEEE BN E, TN =L VERES) .
e nttps:/ims.qacco.ora/course [ DH T — SMOMEIEBING F/0bic. BBERLVEF —SOBHOBEELRBHNS 5330 : BT 5OBH R o R,
11T SHORE k2t kIEgacco M fniad _ |s/re_qacco/aa014/2015 05/ [MmENTNS, &7, MHOERN, HCANBET, EDLSICBENTNEDIEFEY ot described not described not described F— SO Fleh, EEHTRECANISL, e | O | O | x |smm § o o o | axm [EHosmrEEsC Lo
T106-0047 HEREBEXAAH—TEH6E15S s N = 119,000 (7z7ZL
s about . 7. MO, SIOUEERT I, HTOELSOF I .
DAEEEMND, WABEDER, BEEND
S (01SERLUIN MIBSNB. [MIF1] [HHFI) ORREAESIENTOS, 55430 : 1R DS
BB SR, I, A, RAIOIER. AR
S, WENSHR, ISFIIOST. BT, . W G
)R, BEE
55530 : AN OEMEE S
REHREOEE, ABFHHEOLRD. HEHEEONT - 1
. e-StatDRA. e-StatDMENS (AIES Sy KO |
e-StatdfEL\FT (HEHGIS) | MT/REMEDEBN, HRAE S
. FencnnsEE
L RN BB R
SR, ORI
R BIROTE,
L
RADFHE LA XD,
WEEE DI,
(AILR—A 370 & IR,
EORELH,
19T & RS TRDENT
FO-R03 BRI REOAHRENFROBHDE E RSN, M 1 TEALT— B2 : IETOIETE
o SRR SDENGS SRS, W : . ERUEE. BEROTEORE. B BOTHORE
SHAOREIHENT, HE - B - BRI EDHMIH DA DV TLET B, HWEE T e i ]
[kttt K JEgacco https://Ims.gacco.org/course [§ FF - OERICHBIBEECONTSE S FLHRERARICTZEDTHN. TNIC Iﬁﬁﬁt:*%ﬁ M. —oOBTDEDEE T BN : 1,000/
\ e Dt Dt — 8D s/course- NBAOLAIENAS <OBHD, FHOEREEIES S T3, A ) o pial s . a2 | RO mE R
AO[FEETSE I HEMAREH D5 st kIEgacco et BT THOEISE |t 1204742015 10/a e S A s e ST Bt et o not described not described FUCHGTSAR R mieRE - o o x |omm oooom e | © o
o . L ARcoramA el 10 (RBUREDER S5, MRS AR, FOURE ST,
T/ A MRE out N - e et - R R PR, RANCES. ERAHOTCHT BT HEHHARESD)
XS, STRRFOTABERLR HIHZI ORENREFELTHD, MIETEZ0 iAo
ez, vy
s : G
ERORS, WEWMETIL, BAHE, SRR, EaEn
RIS, EIRRSCNT SRE, BERETIL. WER
SOWE, ST
GBS : A & REDRHT
EEHTENNE, WAREAAG, LEORE, HIE. HBH
DRUIOIRE (91 ZFRE) . HWEORIIEORE (EH]
W) . 2x2ABEOHN, I—ADFED, SBIEALS
T
- ‘ - 1. Hadooplti®
KRR B IAA-S S THFI— :
. SN o R > nttps://wwwhitachi- ) . e | aagy| - AET— SR AT E S, Nava 045522 2 (BASS[2. MapReduce izt
e Tliles==22> HASHBIA > IAX =232 707 Buabt s —LE0 _ |ia.co.ip/courses view/pe31 |2A00PPEAIRE £Hadoop MapReduceDTOTS S IFME, Y REEBUTERT| [ 1o 4 21 d000 MapReduce 0D S LTSS, | =N SHadoop MapReduce 7105 LEMTES 37 248) | D—REETLTOSH, 3. MapReduceT OS5 =>2 ol o o |a1mm 32,4001 (1) o B4
Hadoop7 555> =— 7140-0013  FRENHIKAAH6 T 2635 [ 0Jp/courses/view/DBEIL | : Ha ity n Sl “
e 3 Pig. Hivers EMIBMSEY —LERRT 52 . e ze |a. Hato
5. TR
1. s
2. ExadatadDifi®
[Oracle Database 11g &4 |2 BXedaRO7—F7 7w
_ 4. ExadatadDifisl
2k 2FvT) -2, BET e g
BRAH B> T4 A—S 3T HFE— ) P e fOracle Grid Infrastructure 11 [>+ D@02t/ 24 7’7‘;’;““”10’7*’7‘
<eS—=>4>Exadata and Database [HKRXEHETA> T4 X—S3>THT [HUEDEIA—LED Ittps:J e htachi: Exadata Storage Server X2-2 (IFiExadata Storage Server/(— 55 2) &, Orace | X00aROBBE, FROT -5\ —A5iRE L ORBROM _ R2 52 HRASMETE] . 6. Bxadatall/OLY ~2ADHIR e ) . N .. |oracleitniiptss hL—=>
1 ¢ A = i Bl _ |ia.co.jp/courses/view/DBE31 - o A TES. Exadatat>Database MachinelZ i3 75 7. Exadata TOF —FR—2X - /(T4 —2> DML o o [SRPILT ] 385,5600 (BiiA) o EES i
MachineB2D—0>3v7 =— T140-0013 RR#&R/IXEAH6T EH268E3S Exadata Database MachinelCDUL\T# 5. - . [Oracle Database 11g R2 RAC — D AZFI RO
3 23 - Exadata EDBMOER I HOUZ Ry THTES, © Datab 5. Database Machine B E 7—F55F 1
R N DEELIRE ) e5—=>00-2EETL
et ete T\ |o. Database Machineaoti: .
@© 10. Database MachineAds —&~<— 2D
° 11. Database Machinelc&3/ULY - =% - O—K
12. Database Machinelc & 3/5w 277w 7 & URITU
13. Database MachinedBsifle X > 5> 2
IR [Oracle Database 11g 1l %% [1. Real Application Clusters — &/~ 20 X k-l
RS BT TAASTITIFR = | :i*fi@&?gﬁi’z i Zb-2FvT) A-RBEY 2. Oracle RACHEE
<eS—=>47>Oracle Database 119 [HRASHBLA> T4 A-S3>THF [MOBDET A —LHD sz fuove, hitachi- Oracle Grid Infrastructure BIAICSH 5. RACT — R~ RERPHLWEET—F575 | 1192 RACOTA b DUTEATES. . TOracle Grid Infrastructure 11 [3. RACTOty &7y THEELUHISUDEE . ; L |OracleithRgts B hL—=>
2lR2 R +140-0013 FHETE26EIT ;’;"JD/“’”“ES/V‘GW/DBEE1 Fr—, BOREERI R (7Y TR0 R (U OMEIC OV TEET 5. ;Ac""ﬁmjw YIBEGUR/WEDNTHATE - |Oracke Database 11g RORACHELEOSS R2 HSZZBASMEIL] e5—=>|4. RACT —INX—ROERBEUF1 -2 o0 O pumm 289,008F3 (B22) © FHE 5 ezeska-2
HIRAK= DERLSH - RACT — R~ OB EREC OV THBTES. ;;@i;ﬁ;;i:?m FE L ;a;w;;@; "
1 DJUYK - A2I5RNSOF r OB
2. DU K- AZISANSIF 001 SR ML
o~ . —= « Oracle Database 11g Grid Infrastructure DIHEDRBAN T 3. Oracle ClusterwareD &I
<eS—=>4> Oracle Grid SN oy o [P BIAYIAXSIITRTI o v hitachi- - _ e =3, ° _ — [Oracle Database 119 B %71y 6 e ClusterwarecommTFate o .
s3finfrastructure 11g R2 252 SaasMis AR ELT X TAX =3 THT BLEDEIA—LED _ lia.co.ip/courses/view/pBe31 02 BBAPL—SER (ASM) . ASMOSRS - T2l - SR L kUOracke + ASME LUACFSOIfif & BN TE 5, Oracle Grid Infastructure 119 ROYSASFSASMERICH | - 27YT) A-2EETUTIo oo Qucterwared NS TS 2 —F4 >0 ol o O s 385,344/ (B2) | O g ORISR =
=— T140-0013 ER#EDR/IXEAH6T H268E3IS Clusterwar 3. Oracle Grid Infrastructure®#R(CDWT#EBI 3. N D37 L\Bh\ FEFREOMENSHS T N N J - AFI RO
= o o 43 - Grid Infrastructured{ > 2 h—IL5 SRR TE S L 6. ASMA> 25> 2R
DUYK TS PR - TLADBIR TS, 7. ASMF 4 2% - D)L—T DB
8. ASMI7 A, F4 LU NIBIUF>TL—
9. ASMOSRS - IPAIL - SRFADER
1. Big DataZHD#% <1l
TOracle Database 11g AP SQL [2. ¥estm
kR B> TAA—S 3 THFTE— . S i 1) . [Oracle Database 11g|3. ¥13
5| CT—TII> Oracle THUBBHITA HRBHETAS T4 A -5 32T D7 [BISDETA—LHD s LSl o [ORISEI AR, F— SR RICHIETVSAR T — SRR, i b OracleT — 9/~ ZEWBAT S, OraceF—FR—2DTT [ DA w0 - A5~ 1| BEU (4, BHATERMEE e | o law . N gy [OradeRARTS hL—=>
3 =— 7140-0013 ARG T 2635 SR/ CUEMENDEEOL s ki KUSE U7 — 91, LOF DR TERTS, e e U553 SRR T — SMRIBIID S [Oracle Database 11g PL/SQUEE|S. MABEE/TIL - F1— ) ' © # A ra-2
KA~ R DI R . ) O REETUTUBD, Fhel6. BRI (@)
(SAEONEN BB & 7. SR
5. Oracle Database CIRHEN BTN
BRSBTS TAASIITIFE = | o RPTTSTARRBUR, TR s o) e I T-IOTIIORER % 18,3607
Z2O>FIVITINDRLE HREHBIA > ITAA—23>THT [ELEDETA—LED .00.1p/ courses/view/DBEO1 ERRT—IN—2HEt EOBERESF RN S, F—FDTT/\DRDEHFIBICONTS 3 P NSRICELR. F— T—IILTI\DR - WREAT S IR ELBET S| ’\/937121\27L/‘C;\671‘ us ERRT—IR—RRE EDBESR o - o lewsns (Bt2) o o aAE
—SEFU IR — T140-0013 HREGIIRFAHCT E2683S [ 1P/ COUSES/VIEWDEEOL |y 2, - vl P r Y T3 FoAUTFIN\OROME - g k NLTFRY h -
AT~ R DEELIE s =2 ERESOUBSBICE. L g 5,400 (5ii2)
- BRI — 57— NC T BHED) i
(57— 5R— AP - RRERH[L. 75917 \OAERONR
st et 1> %—S 2> THFE— g i B % % 18,3607
SO gy " - https://www.hitachi- __ . oo . . . N sy | * T IIITNDROWEEIRRUBATE 2. -1 D2, FiF [F-o~—|2 SRIESZIES AT L\CETBDW .
56| <eS—=3 > F— 5T T R [ TR YT AAX =SS THT @eEbe A —LE0 _ lia.co.ip/courses/view/geor [ 7P T/ \DAPBERT —ID LT/ \DADRE  MEMESSURAMEORRETFR | 0 5)\5 2 o DSSSAFADEREE LT, BANRKEESESTES  |AAM) e5—— 00— REET 3. F—591FN\IREE ol o o |ewna o o B4
=" T140-0013 HETR26HEIT ) 5 s - F—IVTPI\IRICET B LTUBH, FERASOMBNB|4. OLAPEF—ITA=>0 g
RIRAIK— NDELIR < 5,400/ (ti2)
3ce. s, TR
1. F-HR-ROME
1) F—IR-2DEH
Q) F-IR-ATOF-SOHES
2. F—IR-RDF— S
W) F-soEn ’
st e B> DA A-S 3> THE - . g =k 11,016
SO © e gy " - https://www.hitachi- FIN-ROEEEREURATE S, T, " PP - ) F—5iEE 8
Stl<es—=s o> rognozan  |[PABRHEZAZIAX=SS2THT HOADETA - LBD . |ia-co.ip/courses view/sIE003 |7~ 55— 2S£ BAMIEEFET B, IR 2T SRR UBATE S, (BHRSAT LMRANFLGS AT AERONCRBENIA () HERBEOES o o | x |ewm ) o B
= 71400013 HOTEAHES 5 T SN ROBAMIE IR B TE S % 3. F—oR—2OBAMNE IZAY
AFRAILK— S DEE13R = i ° . - 5,400/ (BtiA)
(1) F-smte
@) F-omEt
4. BT
TEw 07— S BES
R BT TAX—S TS THT R — Tlinues 25~ A B e - Linux | ::3332”5‘5 s
SHATALIAX—SILTHT [0S = s/ v hitachic ! ® TS, ) ) SRRLES R 7 - - i
S6fHadoop AP~ X L Rl - [ BT T A S AT e T <o plcourses/en/CLIOOZdoop O, WX UV, e 3 loswkeey sy sk B T o ek x| o | o hem 37,8008 B2 | O
KA~ N DI = LTnah, SrEESOMmNS[ ¥
o 5. e




EECEINC Y e ey URL BB GEOURLYS3I) B ssE HitRRE wE S FS e | 20 | s
21t
G2 PO L1008
1. HADB PFOIZ
. 2. HADB PFOET)LEE
- HADB PFOIEZ 1B UBBATZ 5. .
BRRU B> T4 XS 3T HF=— e o o2 p gz ssmpess |3 HADB PROSRBMINR(CIENS 8T Otz R
Hitachi Advanced Data Binder 75y NERAHET 1> T4 X —S 3> 7h5 [HUADETA—LED ittpsc/vov Witachiz Hitachi Advanced Data BinderT'5y k54— (HADB PF) OOIiiEE, BANSRFEToH || HADE PROBANSRISTOIRMALR (WBS) ZIBRLER ; i [T AN IR ERIER Y, pos PR mAT -5 ¢ ) §
59| ot — s 1st Stey - +140-0013 BEERIEREAFHCTH26E3S ia.co.jp/courses/view/DBI09 T (WBS) . Bk < - BRI ESE TS BHTE3. HADB PFOBAZIRITT 37 -] O—ZZETLTVSD, & 5. HADB PFOIBEE L ERE/ DR x x O |0.580 21,600/ (Htid) o] BAE
P = s e s : - ° - HADB PFODRRE! - 58 - ERIOBHABEBRURB TS = FES DN BB T &, . -
KRR~ S DAE13R 6.
° 7. HADB PFODH:
8. HADB PFDFR hBLUF1—=20
T—INR—RDBE, FIZFEAOD|1. HADBOEIE
_ B, [REHSFRSQL- (2. HADBDEAME
(R BA > ITARA—SI 2T HTE— . —
- VONNDN IS " - https://www.hitachi- A s IR - - + HADB PFOEANMREN TE S, B TERSNEDITS ] BIU|3. HADBADT =5 K-k
soach Advenced Data BhoaEeely RS RT A YDA =535 757 s e | kste T 26 | 2coip/courses view/0B100 A0S Eﬁfjiﬁ%ﬁéﬁ?ﬁ@iﬁiﬁ;ﬁ;ﬁL@m”ﬁ” = - HADB PFOBFIS SURGICOBRIEAMREITR S, |HADB PFOMAIAIBNT 575, HADBECTNNSHMES 35 | [Hitachi Advanced Data Binder |4, HADBOY (v 277y~ x | x| O |oEm 86,4008 (1ti2) ) e
D = Yj(ﬁ/\‘“,;n, riﬁnfzm = l8/3 = RO, ARMIREERIG - . - HADB PFOEABIISQLF 1 — =S IH TS, 55w kT4 —L 1st Step) O— [5. HADBOUA/CU
ZEET LTS, FEEFRAED(6. BBERE NSTILSa—~
A BB . 7. Fa1——>
_ _ N e - e . e s NERS T = -
NOSQLAFI - EwIF—IRRDFT—4 |[MARHBUA 2 IAA—S3ZTHT [MLEDETA—LAED - 5 . e - NoSQLOF—FEFILEHBATE S, TNH'SNoSQLEA LS T LIBEETOMRELERE . N 2. —FETIL . -
! " " LD o aco e, VS UEBEELCEETS. g L : T 7 ol o y 2 ) &
Slx—2- = 140-0013 RRIIERASCTH26835 |50 /courses/View/DBI08 |NoSQUOBAIRE. > > RBEBLTHETS | EFEEFENOSQUERDHREBIATE S, o5, e 5 =—som * o [em 32,4007 (52) B
KFAILR— S DEE13HE soe N N 4. NoSQLESBMDRBEN
BARE BIACIAA—SIITHFR | - ROBASGREIESL. BANGT — e, (EE (F A h A Ao
SHETASTIAA-S 2 THT [ - epsi//www hitachiz RS SSURE. & R SRR |8, BERERE) ERHBCENTED. _ 2 .
62RAPI-RIC& BT~ 5530~ HRERRLATARX =232 T07 MeabeIA LB . |-co.ip/courses/view/pa0g [OSSPHABHTAIOTOISS > TRE, HIUTONRRTRATHIROMZAN, |19 BERELL) EROSELATES T B BROBEFEE LTIV CHIBRHNTRSROBAD (3. >~ SO x| o | o |iem 37,8008 (1tiA) o B
T140-0013 H6TH26E3S o3 BERIREEFETD. - REAVTF —YZBIRERTRRTES. 1 O—ZEETLTOBD, |d. F—IBHEE
UL~ == . SEE. T Zent . . R
RIRAIK— N DELIR REBN TEIMFED LUREEAN ST ENTES [redoiit gty g
1. T=2ZAVvY RICELZ¥B~BHBN CRBEB~
(1) BEOR - HfZ—5 (2 M) ZHFLT, @
[F—oBHFEORR B - £ (B ZHET S
e o ey o o P e — SR (a1 B @ OOEMILT, MHADERICHIETS
e KR o I s e S B S WO By T SOMRCRT. BB SRIFRRT SCEAROA N U RRTEDY | ME/BHOMFEBOLT YIRS, iR i - . ) e s s o
630159y -5 hof—soam [FREHBTAZIAX-SIZTHT MOBDETA —LED a CDJD/CDMES/WGW/HS]MD§b35§>‘, ZOI-RTIF, BEOPOEVIE, BEDERLENT—PICHLT, £0L5 |3, RE/EHHCH UTBHE T — S DMURRERDSNTNSS, | popipes nammrmin= | 9|2, - 22 BoRE0ED « o o |oam 51,0008 (B2) o o axE
J = - T140-0013  MRERNEAAHCTE26H3S |2 BPTO—FTHRYUL—S 3 S EHO TN DI ERBIDET - BEIN—ZORE - RIED | - BE/EH7—FERICL T, BE/EHORT— LS R BE/ BT BHAY U153 S 208 - RELELS S i B . - ! -
LeLT- o b 3 Ay 2 e (G T ot e ZEETUTOSD, FEERASD| (1) HIHYUI—S3>OBATOCRERA> b
- . = . MIBABD, NOREBHCMTS| (2) HHOEN LN
(3) REMIROBH~BEEDT A 2NY 3>
3. TUTEBA
(1) HREHBOARET « 2 S 3 (L BHE
1. BEBUEOBE
(1) HROTOER, BAGHE E7— 5D
ROASZ M- IUTEBTE, & 2. Bt - HITFAOBALER
500, WIREEEEONER (55 - | (1) WEDT. MEIENRE
= SOBREE) 7 > E (@ | PR
R YIS TS (o NEI . X RO MIOES. ZOBKBE) | (2) EFIHLIHE @IACRRORS. TAIRED
Bttt Br(s IAA—S 3 FHFS— BD. HD [EEMFORF)L - R [FHE)
FSYAT T RNAMERCE | [ = =7 |htos:wwwehitachi- FRRERFNICEL BRL, B EBRESRE T S LD UBRAFIE, 77— 22 o . - - 7 B3] BEU | (3) WFEE/ T —SORR (D525, BN, BR " -
o e [FRAHESA ST AA—S 53T T [M0aDETA—LED e DED0 |t 15 5 T e e P EREFHHCEL IR TS, SRERERIHCEL <IRUELS, SiresmUTEns RS B | ol o bsem 16,0007 (551 5 g [FREHTLA I K Eofs
- AiRR AT - 7140-0013  HUREIKAAHE T E263 |2 0-Ip/courses/view/DBD0Y 157 fhds RIE IR T AR T & B, BB UL —ToT - . EEA
MR L. ROBBRECE RN e 63 R CEENICEE TS, S s (0.0, G SQLIC KB &t - - HFORA[3. HERE s LT, RUATT DRI
" P T o NBTOCREEBL. BHDB  |[REEBVRT—IMNS, NHEORIEMHADIERE ()
2 : FSOERA-] I-REETU| (1) St REBEHICSSRKEE~ RIS, HTLE
TLBH. FEEFRAEDOM#NHD (BE
T& (2) EFILER/EHE~ETILOBRNS. 1R
(3) R BESE /BT 1 — K (2[4 2
>3
1. BiFoRs
(1) PHFEE ? BB RHTTOCR
2. $#T&DB. SQL
Excel TOERY hF—T)UgfF, (1) Database/SQL&(F?
-y — — [ERRH BA > IAR—S3 2T NTE— . . - . - SQLERVWTAET —5D/\> RUZINTES. FEzlFACC (30, (2) BRFRIFEDER
_ 5 5 . . i oot - SSRGS
& sqLic R e ps:/fwew B GEKPL Hooms . - _ ; ~ e e - -
B T it gt oA -3 3T hF naDETA—sED I o o | FHEBADI DOMITGES (REHORED) HTEZ,  [F—HOTOCROMAEERIHUIIIL S, DB | CERAORE) -~ BEAADI 3. MTEATOSQURE o | o lisam 0600 G | O R BRAHTL At KEDis
it - 97— " M LD < lia-co.ip/cours EBE, 07— . RF— N2 . ok s = . o |u , c
e |=— 7140-0013  ARERIEHAHSTE26835 |5 e T 7 - DB L O~ HICH U - SHTHTES, Bit7 - SEERLENS EmnE -1 J-2EETLTL| (1) SHTOEOBESN 5-2
S - AR~ NDEEL3M = - : #5- DEELT, F—CEIHBRRNTES, GIANE S S H5%T (2) e38/7) 3
& 4. BETE FRBRBLOE 25— 22557 1)
(1) SRIRE ~SRIENE E IRA
Q) R~ REOBRER ~NERF
() BESE~RE/FAANYSIS/EED
1. ST OCR/HEEAN
(1) WHEBORN, PLTULLOEER
2. YR— RO RIS
(1) DIk, RISV, TETH(
3. BROHEE
BREFEE (55 AOMLOE| (1) AR, TLITEHES FOLOE, WRHE
P BOBSEIERL, S 2BBADERSANDD B ZOBKEE) QBABD. (4. WRFEOGR (E7U>2)
AT T 2 NP i AT BT ARSI PHFE - S ~ ~ . —FUATIFAARARIE| (1) BREFLOERS
achi- Y- V-2 243 T — [CHEZ FEIC K- o) — , — . N - ¢
JBICSSHERARY - WA TAR [HRAUETA> T4 X532 7HF [BSDETA —LAD o e s, o T A o7 s || EPVOBIRE, FA-ZSINBRTES (VM. AAX [KEF—SOMTMMTBEBRL, C5R X CRREUTRC SIS - DIRENG | () REAGSDIRL S, MOMCEKZHIT, Wgoms || | Lo 16,0008 ) | O o s [FRBHTLAI KOS
E Do " b o 2o . SVM, 5 . CEBETE = e . ” - . g e =
F—HEDH L, F—INBE TR T140-0013 RO IKAASH6T B26%38 T ;@771};&%%‘,,‘&3% & = S i/ MeMere ) L5 HICIEL <IERRL. (c|s. wamEa BB LT, KIEOFEAESDRAY e ~ EEY
- RIRAIK— NDELIR FEIS. SA—TIU=Z R IAGS) (L& BRIFBOEENTE BUTEREA -] D—2EAET UT|R7T UORT —SOMiNS, FHEFLEMFRL. WA
&N L\DH\ FIZEAEOMENHD
& RS SRNER~ RS, ST
Eres
() SR/ RETE~TE/BNT 1 — 1) 0/F1 2D
>3>
1 F—OIR-REF-HEFN
2. DBMSDEREE
(1) F—sut
@) F-sONERE
BABIL BIASTAASITHTI | FIR-REF—FEFNEBRURETES. S; g;;g;;f’
N oy ps:// - . ’ R £ e . m
- . . BRRHBLA>TAX—232THFT HLEDETA—LEFD [T —HN—ZDOEBAHODBMSOEAMAE, SQLICK 2T —FRfENEE, IS ORBEEL | - DBMSOEAMAEEIERURATE S, F—IN—RICTOCRTBTTIT—2 3 ERMET 5. . =
— N g - # , LD _ lia.co. I 9 = 7 s _ z z 1 BAMH y 2 =
OTF IR AN - RRERIIR - < 7140-0013  FREH KA 6 T 26835 101/ cOUrses/VIew/DBI0S |y 5 - BANBSQUESHTUU L —S 3 1L — SN RE R TR |7~ SN — R E L - BRI B i (o) st I B e 32,4083 (852) © B
4 53 (6) WEEE
KA~ NDE1IE 5. o
@) 4>Fvo2
3. squitiE
(1) UL =23 FNF—IR—ROBKIRE
@ sqLos
@) squiEx
1. T=HOR=REFT—=FETI
2. DBMSOEAMSAE
(1) F—sm
BRARE B IAA—SBITHTR | PSR- REF-SEFIEMRUBRTE S, g
-~ S~ — N A - — o - - — = - . 2 (= = = = =
s |FRBHETASIAAS IS THT [HASDETA—LED feps://www hitachiz 9N — ROREARODBMSOEAMIE, SQLIE BT —FMTEE, TS REEAL |- DEMSOBAMIEIRUBB TS, N RTOCRTETI VS-S I EMETEE. | o '
L A P R EE T S Ev sr67 Eremss [0 plcourses/view/DB104 727 ittt SN AR o dcordiciod 5L ) ot x| o | x |em 32,4008 (i2) o
RIRAIK— NDELIR - B (©) e
. ) 4>Fv2
3. SQUittE
(1) UL—S 3357 —5N—2OBAHE
(2) SQLOTEMA
) squEx
— i
. BRESQLY
= o~ <o~ —— — — - R - . (1) CASEX
[RR2H BIIA > ITARX—23 > THTZ— https://www.hitachi * SQLIEL BT — N OMBEHRATE S, [RHH 5 FRSQL- BB THEX S () EEREat
> SHCERBSQL-SQTE Y [HRASHETA T4 X~ 3277 [Ha - ftps://wiw hitachi s P FHR- 5 5 - BERSQLY - B d ) ok o
7~ IHEAESQU-SQUTE Y [HABHET > T4 (=532 ThT [H0EDETA—LHD ERSQULPSQUBERAL T, 7~ 9N~ ACIMSIET ~S SIS SPE, |- BRSO - SOUMTMBOSERBRUSITES. |0 o s pEo0s-) 3-2elTUTL|, o SR ol o lem 12008 50 5

F—B (I BEND ~

AFAILR— SDEEL3ME

T140-0013 PR/ IXEAHET H26EH3S

ia.co.ip/courses/view/DBI09
0/:

NS URBEELTFET D,

 BERSQLY - SQUABIBZEFIB LIz —9%kat - D=
RUBBATES.

BN\ FFEEDMEN BB
[

(1) D> RO
(2) LR— bR
(3) LAG/LEADBSZ

(4) HZ—5DNI -BHAEE SERX (WITHE) -




TOUS L GRIE/ ) &

HRE#T

ELEDESE

HE (SEDURLY'S5IMA)

FRE

AR

online

xBF

AR

w0

i

HE
o5

T —

EziRe
EE

ERRE
HES

T — I TFHEOIRE B - ESRZ

0 (a1 BHEHIFREROLNO

HRRAHBTA>TAA—23>

THT

R R BA > TAA—S 3> THTE—
MuabEIA—LE0D

T140-0013 HEREP&IIXEAHET H26E3S5 /

AFAILR— SDEEL3ME

https: //www.hitachi-

COI-ATIE. EVIF—HDORHOT —IIAZ2IDIRECHSD. T —FFOREPE
ERFNEFBIS. Fo. EBRPEEIFILCEEFEST . EPMFEELESRRT—FICH
AT 3BOEZSEHOETEBI 3. HIXE. HRFEERORD>Ty b5 BN

ia.co.jp/courses/view/HS1109)
3

PRHCESVTHL T ZUBNS D, Fo. 7O Ty hOBENSE,  [EHSANEZS
DI EWDS, BECORNBEREMET ZLBENBD. CDLIB T-HEAFLTINS
LR~ MER Y 3F TO—BOBEBIELMFRE, ExcelZFALTEBEEL TFETS.

- DROBN AR EINFHEROA > T v MIRRTE S,
- DHFERN SBHRZHIH L, RECREICENT LN TE
2.

- BREHCHV ZEEEROBRNER TE S,
* ExcelZBVTHEL N TE S,

T —INHCHTBEXClFEREFUIZVA. Exceli#fFICEE
F5IT—IDCBIBEISDRA > MEHD IS

[OZHIL > F 2 JREE - HED
[FIBUE STRIEF T v JDRA > b
=1 D-REETUTVSH, Fo
(FRBDFEN S D, HDExceld
ERNRERBN S D .

1.

2.

3.

a.

T IIFEONR
(1) BHICEBT—IDHFEDNE
) F—HOMWACL BT —IPTFEDHR
F—IRHFE
(1) DT Ty hOBKEERD
Q) BHDA>TY NF—HEESTRENEZD
(ER RIS L/ BARETR/ RIS/ (L— hoHi/H

EIR53/

14/

OS2 —53H7)

HRERTE

(1) EMitEE

(2) HE (URIE/ARSIMEODIRTE/SYBOIT)
(3) 2=aL—>3a>NOREHTHOBEA
EUTEBN

(1) HAEEORE

O |28M

81,000/ (Btir)

B

71

Ev o7 — o

HRRBHBTA > TAA—-2 32T HT

[RRat B> IA X232 THhTE—
ELEDEIA—LBD

https: //www.hitachi-
ia.co.jp/courses/view/DBJ08

T140-0013
AFRAILR— SDEEL3RE

HETH26HE3S

13

EvIF-5TTERZT
#BI3.

EREHET

ERARAIEELT, aFS

- EvIF—IDBBEHRATE S,
- EvIF —S @Rl TORBEERATES.
F BvIF—HDERAEERATE S,

EvIF—SDEMBEERULV, EvIT7—SBRIEREICH| i

EIBH.

EvIF—oHE

(1) EyIF—sTpnTE O

Q) EvIF—sER

3) B, EvIF—FMEEETNTNZON

. EvOF— S BhaERl

(1) A5 - S3BYLIR

(2) NosQL

(3) ABU—LFT -5

(4) BREFT—IR—IT>>
F—IDER~T — I~

1) F=o%1=>T

(2) s
EvIF—FIRHSNZ M

(1) EvIF—FCRDENDIRAFIL
(2) BRICHTZMOMEH

x  |0.58H

21,600F3 (Btid)

BAE

N
N

OSh)LS >+ DR - REOTHIE
ERIBF TV IDRA >~

HRRBHBTA > ITAA-232THT

[RR2H BIIA > ITARX—23>THTZ—
EOEDEIA—LED

T140-0013 PR/ IXEAFHET H26EH3S B

AFAILR— SDEEL3ME

https: //www.hitachi-
ia.co.ip/courses/view/HS)116|

PIBERERT BB, BFOWSEESNDLHICEABBRCLEELD, RENBEOREN
BIOEREEAEFBLET. BLOEFTOHRE - BREBCORREBTHIBNSR

BRI EFET 3.

- RIEEMORANERETES,

RAREARIR HERHCDITEWS. SFEMBFICEZ]

- BN SES R EFE TORBODRENZER TES.
F BREUVTOELSEER SHENMBERROT O ZEH
TED.

BNRVEBUTNSS, HEOPDAZEIZNCROHE L)
L

1239

AVIZF->3>
1P BB OREEAN
(1) EEDRER CABSTER

) wmRemnno

(3) MEEROTOTR
(4) {REHREES 1 )L
(5) %153

(LEBE) /B3 (RBE) /HHHD (BR

WXRNOB LDT5iE

(1) Sy RRARSOFVICK
)
3)

= AR ORI FAL
[BERSERZ0?] & [ENBANERZ0?)
[REABRRRABN TV,

(2) MEFZROTOEINDREBEDER
TUTEBA

x (280

81,000/ (Biir)

o]

o]

{REHBSE & TR — REUBRDER S5
EFU, RRICH> EREFEEER
U, WERREFRHHE < —

HREHBTA > ITAA—23>THT

R R B> T A A—2 3> T HF
MuaEbEIA—LED

T140-0013 RRER)IEEAHCTEH26E3IS i

KFAILR— SDEEL3ME

https://www.hitachi-

JoUS

EvIF—5DRHTH>TE. HHTERN AHERE. EATIDEAMTHE. 0
- T EERRICS I BRASE S BERIEERANCRTI ZBENEMD DI EEE
ELTVD. REMEEESE, TTCANOTVBIBERNS, IR -

ia.co.jp/courses/view/HS1112|
3

BREMWENCRMY 2BENTHD. Fe, HEki
{RELEMRE LI T — I N SHMFEEIIRY BT &, BAIER SARROILE - BN SH O TLY
%, CNSERBRBEELTFETD.

- @ENTVRBERN SRR EESLTES.
- RERABE E BERIERDBEVRVARENTE S,
RO DEWEFHZERUBNCHDETRITTE S,

{RBMBHDEZ 5 ZFICDFESRRT —F DRI DRFIZL
75, WEFEEMDRRE ULBMBERRLIZVT

[OZHIL 2+ TR - RIED
EFEERIBF TV ODRA > b
-1 O-REETLTVBD. Fe
(SRFEOMMN BB &

1.

2.

w

HBRSHBED IO DBE & ZRIHHRUNE

(1 IBEDIZHDFRNERI OBE

(2) IHHBINERERN SRMIESET 285

3) EHREL S BTz OIREETEIETL T RROBE

(4) ZRHEDY—R
(BLTERY/ AR/ IRENY Y — v )LAT« P/

PuiEER)

AIRROTIRE ET U > IBEIC L SR
(1) EPUDREDERS
Q) EPUS TR

(UBAHIE /55U >3/ T hFR )
FERFARROIIR &7 >4 — NEEIC K BHREE
(1) Rt - HER - 7> — MEROREAL - BROBER

(RETRINT/ T 5> BA A— TR/ L AR FT X

PSM&HfT/ 0 S5 25— 534/ ERIRHT/ > =3 A > b5y

O |28M

81,000F3 (#tid)

4 EENSFRSQL- TS THEXZH%ED

e

BRRHBLA>TAA—232THF

BRREH B> T ARSI THTI—

FEuahEIA—LHFD

T140-0013 SREGIIXEAHET H26835
KFRALR— S DERL3RE

https: //www.hitachi-
ia.co.jp/courses/view/DBI06
33

UL =23 FIF—INR—RERMET BIeHDSQL. bS5 U> 3> % il g B72dDSQL.
(ATZ T MRS BIcDSQLOTE L HEEEF BT 3.

UL =23 FNF—IR-RORDRENTED.

S UL=23FIT—INR-R(ATOEN. Kk, BOEHH T
&3,

- SQLEAVT hS>H 02 3> Dlifn TE S,

U= 3FNF—IR-RLCAT ST O b DERDTE
B

SQLOAIHESE LT BT

[F—GR—2APJ - fEa SRR

BR—) O—R, Feld [F—5R—
[AAFI) e5—=>J0—REET
LTLBH, FrRFRZOMMEN S
BT

1.

~

n s

UL—23FIF—IR—ZESQLOME
SQLICK BT — %

(1) 2fHER

(2) B&&A

3) wa

(O 54

(5) JL—T1k

(6) MUER

7) EaREE

(8) BMEE

SQLIEK BT —#iBhN/ i /Kl
SQLICELD bS50 3> 0fli
SQLICK BT —YER

(1) ROEH

) E1-0EE

3) A>FVIRDER

O |28

64,8007

EES S

R | B R - Ev U7 —SRRDS
(RT LEZZ D%~

HRREH BT > TAA—232THT

[RRRH B> IA X232 TH7TE—
ELEDETA—LBD

Ihttps: //www.hitachi-
ia.co.jp/courses/view/DBJ08

140-0013
AFRAILAR— SDEEL3RE

H6TH26#E3S

83

EvIF—STRRELLT —SEERYT BRMNUE, COI—R TR, F—FEBRIMO—
DELTHHFBOBAERR. T—HEEALLS AT AICEIRHZIESTS.

- BHEBOMENHATE S,
- V=)L E AV TR B2 AV N TE S,

Ev o7 —SREBECIEDD S

BANBTOTSLDSCE (SHEIE
PLEEA) ZBELTSD. HD
EvIF7 -SR] I-2&ET
LTWah\. FEREDM#EN D
DL

w

HRFBOME

(1) WFE oG

(2) HiFBOER

(3) #FBOIOER

(4) EvIF—HICHEBWIMFBOME ST
(5) WFBET—I3A=>

. DY —ILERIR LT S

(1) ROWZ

(2) BN W
(3) HfI2 RERI
(4) BOI3 BBFA
(5) FBEOHR
Bz BORE

O |[18M

43,2003 (#2:2)

76|

[BADLEDIHDSQL-SQLTZZETT

=3

HREHBTA>IAA—23

2ThT

R R BA > TAA—S 3> THTI—
MuaEbEIA—LE0D

T140-0013 RRER)IEEAHCTEH26EIS i

KFAILR— S DEEL3ME

https://www.hitachi-

>3y ESTYA MEEMICUT, SRATAICRERHOSQLE. MhE. FIFE. RFUEOR
RN SWETBTECLD. CASERPHBHEE LD, BELSQLIDENEZ3#FBY

ia.co.jp/courses/view/DB1067|
3

e

+ EXISTSHGEDEASEEEREURATE S,

« NOT EXISTSiGEDERSEEIERUMATES.
- BERERE B OERAEEERURATE S,

- BCHAOEMTEZERURATE S,

+ CASEROEM A EIER

BERSQLI DM EEG LI\

[BHENSFRSQL- BB THEZ D
H%EDFE -] I-REETLTW
BN F E h

BEGEE

BELSQLY

(1) EXISTSHEEEAULEFEF LYY
(2) EHBMA R EER LSS+ U%R

Eo

(3) HEBEEALES >F2ITRR

(4) CASETVZ{EM UIZSELECTH TORMI I

(5) BEHAEEALEFEDERR

(6) NOT EXISTSifisA CHBIRIRIE 7 1A L 1o AT MR

O |18M

43,2003 (Btid)

B&:E

ERDMTORF)L - BERROEEES
3~

HRREHBTA > ITAA-232THT

R R B> TA A= 3> THF
MuabEIA—LE0D

T140-0013 HERE&IIXEAHET H26E3S5 /

AFAILR— SDEEL3ME

https://www.hitachi-

T —IBHCE—RABAORNNSB D, EvIFT—IDEISBRABOT — 52T BHIC
TF. TORNEZBMIBHENDD. COI-RFE, ESRRCHITBRIBMFER LABRORK
YDA SEROREEZRI. BRNICIRE - BRI BHENEEmDOIEEBNELT
3. BERRCRRE (S, REOBELERITIR. IHER (U357 - Fr—h) E1A—
SURT—SIE. SEORIHEI TR - HHITBETHD. cNsSEEHT, MERRE
BEADRT v T2 RN ICFEY 3. MERR EBROMEPIFILICHT BRI TS

ia.co.jp/courses/view/HS1108|
3

B HISAFI—ORBHECEIC [EDtEESRICH NS FOELELTN
ECETUETEZN Vo BEEXZr—AHBE, STHREEFIEDETHED. AZ
EENREDLBOTND. F—ARBPITHRETOXRM, 20, IR TEL T, X8
DF—DICEENBOENT AEHHMBN. FF—IDBHREESER. BONENSTE
(CONTFET .

- MERR, BROTOCREERUMBEESENCIRZS |
NTESD.
- BEHROL DRI LORBEMENCIRZEE, BENTE

FRIZNBEZER LN ESRCHT B IREE BB 1R X
T2V, REOF -9 ZHHRERE - BRICOMFIZVA, H
MROZIFIREE BN (CIRAMR LIV

[OZ DIV DB - HED
EIFUE SFRIBF T v OORA > b
-] D-REETLTVSD, Fio
(SRFOHEN B D, MDOSFLLLE
DEBERN BB L.

onswNe

[BUIC (Fr—RFBOIE CERFBOTBEA)
BB & BFREL D OERE

I RDOEBEEGRIREDE

YR, BRI, BET - RO UL
TUTEBN - RBE TOBACHFZHHE
2BMOIRDED

O |28M

81,000/ (Btir)




TOUS L GRIE/ ) &

HRE#T

ELEDESE

HE (SEDURLY'S5IMA)

FRE

AR

online

xBF

AR

w0

i

HE
o5

T —

EziRe
EE

ERRE
HES

78|

RIC & Bifiat AT

HREHTLA >/

BRRUTLA>/y K SEREFHR

[TEL : 03-6721-7001 FAX: 03-6721-7010
E-mail : edu_info@brainpad.co.jp
T108-0071 HFHHHRERA3-2-10 BRAEL
bu

http://school.brainpad.co.ip/
lprogram/r?ss ad_code=

F—HHA LT« A ELTHEREFHNICEL <EREL. ERERRERETOR
DICUBEBRRFIET —ARFT 1 ZBUTER. F—IBOETOCRCHNVENS, EF
UL (PR S, BRI, RRY) OFERSERIHEASEICDOVT, BANR—E0RNESICD
BT ENTED. WERB T, FRENBHODHELECROTMET, T—HEDH
L. REICIRSREREER. TLE>T—2 3> %RT 3.

(PR EHENCEL<ERT D B0, BBRECHITL
RRNTEBLSICRBTE

not described

ROA VR R—INTEBTE
BAEFIREOME (175 - RO b
ILDBLZPZDRKN DN B LA
e

PART1 : [i8% : 605] - HHDOTOER (ESHRIADEHR~
HEREBFE TOTOER) | - SHTEHFOBND (HEtEHA|
ZERBICIGAT BN, &l > k)

(#3905 +#F309] - * RE#H&HE (RstudionfE
UV, EAREE (TS, hRfE, o RERE) )

(HE : 60] - #EB (GA) (SWEROMEEN
¥ BRII—HHERE. FIM  TIOREER O RERE, Bt
(EDERIRBID ABEIRDI IR L)

PART2 : [I%459)+HE309] - - REGE 8GRE

(F—o0aHIt/ EEAHR, CANSA. BRITOY
b FEOVE. JOR&E. BAE)

(EB903] HEB (TA) &RR (SFTOEBTORRER
005 DETTIC, SRMENE)

(#3%759] - #ist, - RE#® (FERHT. MIANRSURE/ t
HRE. ST, B, X2FIRE)

PART3 : [5#3609)+#B3043] - Mizt, - RAEHAES (£
5 )LARRL £ BEIRS . EEIRDHT, RITRRORS. T
AREEOFHE. EFILER, SEESR)

(&EB907] - &@E (6A) &%R GIHODERACEDE
EFIVEFRL, BRERR)

(#®609] - REZREY (hONHFEDEELHIET S
Y T — SO, BRORT/ VSR, EEIRAL IR
SI#AT)
PART4 : [H3:240%] - HEEZ A1%) . - PRIRE
PARTS : [&&E :2409] - aEE (&%) . - BIE%
R, - F /M

x (3808

216,000f3 (Btir)

FHET O S LGB SR -
E@®AECaMNTNS. %E>.
==X ICADETHRYTA XA

e

79|

SQLIC& B ST - 9

HREHTL >/ R

R TL A2/ R BEBEEHEE

ITEL : 03-6721-7001 FAX : 03-6721-7010
E-mail : edu_info@brainpad.co.jp
T108-0071 RRHEREARA3-2-10 BREE
v

http://school.brainpad.co.jp/

program/sql?ss ad_code=

F—FHROTIO-FICONT, T—ARFF A ZBELTER. F—IDHOETOERICHE
WVBHYS, 3 T (BERPKPL JOXFEHOSEHMOEISRE) P, T\ RU>

(DBERECONT, BANR—RORNESCOFBTENTES. BERETE. BRED
Bt 8: RO TARET, F—IBHICED HRPEOABREEFRL. TLE>
T3> EREY S,

T—IN=ZLDTF—IRHEBUT, F—FCEIHRERS
NTEBLS(CRBITE

not described

Microsoft Office Excel (E7Rw b
F—JIL) . BU<IFAccessDF]
|FfEER

PARTL : [53 : 459 - DEE? (EREBHRN) . -
SFROTOER (—ESRIADER~HEREHETOTOER
& BTOTRATOREBIE)

(§%% : 309] - Database/ SQL&(E? (DB, ERE. —2
LR HOIRE)

(EE1159 +HBS502] - DAL SRFIRIED 4 DOE
A (A1%) . - SQL==RUJL (DSELECT, @WHERE, Q%
5B32/GROUP BY)

PART2 : [53 : 309] - DAL SRFTIRED 4 DOEK

(#*) @oin

GEE @ 709] - SATERELZSQUAR (18 | 1—H#ua

. I Bt B
FRBUES 2E)

(8% : 2093] - MEDEVDIHOBN. - BARETOER
75

RS @ 1209] - BaESB (31H)

PART3 : [#2:409] - chRIFEE

RS : 1509] - BaRS (E¥) REOBERR. WER|
e

&3 : 509] - BHERE.

x 280

129,600/ (Biir)

FHET O S LEAR &R -
WERICHDINTNS. &ES.
—RICENDETHRIA XA

80|

WPS Software 705 =>%

BREHTLA >/ R

BRRHTL A2y R BEBEEER

[TEL : 03-6721-7001 FAX : 03-6721-7010
E-mail : edu_info@brainpad.co.jp
T108-0071 RFFERE®E3-2-10 BREE
v

Ihttp://school.brainpad.co.jp/
lprogram/wps?ss_ad_code=

[5t + SFOTHOF—IMIAP TRARTEEEE
HASEIC DN T — RZF A L TER, F—I%A
B S 28] EVSERCRESNBESC. HIETS
(CAEREAMESR D, ABETE, O—F—FOMORAHRCBEERD T4~y ML

3 — 5ty FOREVET SBOF—SNIOFI=y D%FF. HAT, DO
IL—TORFUND, TOISIDIRT— A MORFEEL T, ARUET —F DR
TERBMTHAOBIGERIET. HHRFELT [WPS Software] ZEATS. WPS
Softwareld, SASSHARTTE. F—IDIIPEL, LK—F 1>, HIHULE 55200
B, FHR—RT TR EBEBEEEEL. ERSSUBH TS —HEIALT
L\3%H - World Programming# 800V 7 o 7 T3,

KOBERT— ST, K.
DCHNT. [F—FNI8

7=V T LT [WPS Software] ZFIFILET—4A|
7 - MIBKUEE - PN —BOFREE BB T &

not described

- BROIZHOFT—FMITA
. FIZFEFDSAS
OGN DD &

PARTL: [ +E® :909)] - SA
(A% +RE :9083] - F-HAHH. - F-HtY oY
ECNESE R
PART2 : [H%+#E : 809)) - F—oMIEHkE
(B3%+ET : 809 - F—IMI LK (5Z)
(BIREGE - FE8d 1 209)
PART3 : [##+EEF : 909] - I-Y—E#HITA—Tv b
e CER, - OO
(FE#%+EE : 909)] - ALsl&DoL—T
PART4 : [H%+#E : 809)) - XFMIMEEMRRCLDT
FR MERR AR, BIC kBT —SIRE
(&S : 809] O—F—FDAHNSHIT - & - HKEtES
RUDORIS.
(E5HEE - &8 1 2093)

O |28M

151,200 (BtiA)

FHET OO S ASBABERE -
EHARICADNTND. EEE

== XCEDETHRI A XF]
.

81

(AR o B RIBARRIASRES

HREHTLA >/ R

HREHTL 1>/l K HEREEHR
TEL : 03-6721-7001 FAX : 03-6721-7010
E-mail : edu_i co.jp

http://school.brainpad.co.jp/
program/mining?

T108-0071 RRHEREARA3-2-10 BREE
Pr

ss_ad_cod:

ESF MDA B % EDLSICANTTIO-FLTONE, BEET—ZRY
FAEBOTER. OVF =8, C2HT—F =8, Y-SrF—oRLREENS:
FOFEATIIHCIE. BHFBOEANFRECENTHS. AMBETE. SVM (HR— X
(TRILRE ) | ARAZEE/MCMC (RIVITBEESTHIVOE) 2 EDFEDERERL
T WHFBERKRIZAEESICHIBTENTES. USRBTE. FHENSHOSHTE
HECROTEET. WEDHROBABEFUREDEFIVEERL. TLESFT—232%R
LEER-N

IR BEANT, KEF—SYOMET. T-FCEIH
BAREERETEDLSCLBTE

not described

EEEFREOME (75 - RU b~
ILDBLEPEZDRKN DN B LA

IDURBH BB

—|>
EE

PARTL : (53 :9093] - HHOTOER (ESHRIADEH~

S, BHETOTOER) . - WIRFEAF (& 0|

BE, EREBORN. PILTUXAOER) . - #BE
(85 : 909] - PR— MRIMLTSS (h—FIUik R

SVM, ZEZH(L) | - RBHE

U&EH : 609] - @& (6A) (F—H0ER. B4

{REAL, S, fal i)

PART2 : [ :60%3] - BOMEE (REE(E?. BAME

i5) RAXCKRBIME (FISHER SRS EHE, <A 0|

EIR, PAIDMEBENN) . - WLITEHESTHILOE
(QLDTMHER? . ESFHLDHER? . FTRGTY
J. REMCMC) . - IRHIE (BRIITOv b, B8

Geweked75i)

PART: (3#3% : 6093) - WHFBOA (E7U>Y) .

BEHRITBIOMT EREFILOEZS. OSRT« v IEIRET|

v

(#& : 609] - VI hITTOHENS (REIAGSDE,

MCMCIC k2507, $&RORT. WRHIE)

(&R : 609) - EB (M)

PART4 : (& :480%) - #HaEE. - PEMRE. - BER

ENENE S E

x  [2B808

216,000f3 (Btir)

SES

FHET O S LGB SR -
E@®ACaMNTNS. %E>.
I=—XICADETHRYYA XA

e

- SHDTZHDFT— NI AP

BRRAHTLA >y R

BRRRH T2/ R BEHE
TEL : 03-6721-7001 FAX : 03-6721-7010

http://school.brainpad.co.jp/

E-mail : edu_i i
T108-0071 REHERAEE3-2-10 HREE
pL

lprogram/data?ss ad_code=

st - TS DROREEBDHET —HDAES, Hia, &t DHTFETORANRIMDT5E
EER. FIMFOETOCRICHENVEHS, F—9)\> RUSTOMRORE (-0
&7 AFTUDINEBORBES S SUBEBEOST. J)L—TEHRE) D
BICOFBTENTES. ARMTT —oDCRE LR BEUNBT — & IR,
DEATE. DEROFAHHOBEEEET. DHREE LT [WPS Software] =M

%. WPS Software(d, SASSEERITTE. F—YOMI K, LR—F1>J, @it

12, ISR, F—HR-AT AR EEEREEEEL. BNSLUBSTI-Y—
#EILA LTS HE « World Programming#t By I MY T 7 T3,

o

O—5—SDI0DIAG - 183 - HIT & EENSHERORLAT]|
BEEBTE

not described

ExcelED:tY 7 hOFIRRERA
HBE

PART1 : [I%+R& : 409 - fAY—ILICDVT (WPS
Software & (3 ? D— O FOREFHEEIRMERE)

(% +RE :6023] - O—F—HDAHN (CSV. Excelfigzt
T —YDALN/ DIMPORTY « H— k/TO
S, @EXPORT«H— /IO )

(% + X5 :809) - FT—HMIOBE (-5t
(OWHERE®) ; IHEWERL/ @ZIDLT, IF. ELSEX ; {FRIAE
[C&B1R% /O T Y NF, KEEP, DROPX ; 4D
2 LS/ ©SORTI O &PRINTT| V. @SETX

(#ith&E) . ®MERGEX (H##58&) . @OBYX (WwF¥—
>))

PART2 : [5#3+%3 : 559] - SASEEDER (HsOE ;
75ty hOEE,/ @51 TS UDEDLT, LIBNAMER
— 5058/ WOUTPUTAF — bt >
KEEP=, —5ty bATa)
(GEs%+ 25 : 459] - EBBESHT (hFTUAIL
Bt KUK 4./ @FREQT D>

v)

(8% + =& : 6053] - fHO! (BBEZEBOEAGEEDY
IL—TRIER, SNEDUR Mb, 2ZHREOAEBAT
(©SUMMARY/MEANST O+, @UNIVARIATETS O
. BCORRTO+)

(BIREGE - FE8d 1 2093)

x |18/E

75,600F (%tid)

FHET DTS LGEARERE -
RRBICHNNTNS. &L
—XCEDETHRIIA XA




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
mir | T
Day 15 £YSaSA | ERDFOBE. ERHFORME ;
=R (AUSFILFFR L (TI—RU—-5TV) ]
CYSaE TSR TR AUSFLTERN
JO-ER - HRIAS R - RO Day 2 LYSATA | ERDFOTOERENFOY
i 2 (AUSFAFHERN (U7 - FS52=o - Y-S5
ITeL : 03-5275-3806 SX A - NATOCRERMESB) ]
FAX : 03-5275-3787 Ly B PO Y MESITT BRAET T IO~
-mail : tokyo@globis.co.jp 5, -2 (AUSFILFER R
7102-0084  FUREF FLFHK = HETS- (AR Day 3; £YSASA : 7RIy k-1 2Ty MIDAH=X
EmETE L LERBNCHTTS ; —2 AUSHILTFRN
£YSaB | PORTY k- A>Ty NIOXH=ZLER
IARRRAZ BOICHIT D ; U—R [(AUSFILTFRN PO—ER - IRZA S R
) ITEL : 06-6391-0201 o ams.clobiscop/curic || FRCEBI. “HOVATAY EUT, BERLBEENSEANIERIORE, Day 4; £YSASA | HERE (%) ;o—2 [5— -IUid. BRRBHTAZELT
83|E SRR DO—ER - TETAS N RO [FAX : 06-6391-0218 R AT s ot described not described ot described N JULEU—T  SLAIC RS x | o | x |e6m (mEC3Al126,0001 5 BAM (25— RUIO—EREEAS
£-mail : osaka@globis.cojp ulum/core/qab/outinentml | st . pER . RICHH SRBRECERSTEERT SNEES LySaE MARE () ;-2 [k 0L ik (RHEEFEREN) OB
7532-0003 ARAABHBIZERI-1-1 EUST: SLAINS) 5.
KIEIRR EIL4F Day 5 £YSASA | FHERT CORBRE (L) ;
TR (AVSFILTER S (DU 204) ]
sms CySasB | FHERTCORBRE REOWR) ;
ITeL : 052-533-3790 2 AUSFAFHER R (FU—%—2 - PE— - D1F
FAX : 052-533-3782 U1
-mail : nagoya@globis.co.jp Day 6; LYSaSA | MHEANZALENRTS (RS-
7450-0003 BAUREERI A BIRFL-24- 2DFIO-F) ;5-2 (AUSFILFHIR FUF1Y
20 BEEZ=HEILF 1 > UREEAF >ait) ]
LYSaSE  WHBANSILEMNTS (RRA-ZOT
TO-F) ; 5—R (AUSFLFHERN (FUFvSa
i) 1
1. WEEMCTSORRETTS
OF—SHIRDIN. C
JUTSDU L HHTIRT AR TENY TS A RS 3T TS, FIERC. HItam |_
Rk AT “PL < Sracco i e AERD. FEER | omironrous
BT SERORE (P oRNE]  |[ERmEEAS A DETA—LED ’ t e o M |t sera T, BV, T SEROI [#575 - D< D7) % EBE|not described x| o | x |iam 38,8808 (tid) ) BAWE [RREIE 85D B0,
+158-8630 HHMEEARSAN6-39-15 [ L2002 PP EVORRBOEREEFY, HENEFCE, MIDUBRSEHATERIOCL |\ o)) 2o casee— b3 L oBETOF—SERS (N5
8630 i TS DT DD EMBERHEDYBDT, FAESNENTH LSS £ (O e
/(R 1SN APy i e yET S, 4. | TSR
OINEERTS BEENNT S, (BERIETS
VBBEHERITSS STy MIRSBEN URE) |
MRS B ()
1095 FHLRESEOT LEFITS (B
1 AUTSF-Sa>
2. FoHCRSAGOWBYE : - F—HDHAT, - F—5)
BOSy oOB—%
3. F-SOMHS
TSRS L TORANIBORE (DA F —SREER : - BUF—5, BOIF—5,
R RATI EARICHMBRITENER T, TOREBBMBRNBNE, BROB MR |(BSDLNKET —5 CEESNBKAS MEIBETES WIF—5, - F-HREENBIRAS N M
F—SEEORE  (BaS - D0 [TEL : 03-5758-5110 FAX : 03-5758-5503 http://seminar.hj.sanno.ac. SN COEZF—F RTOESRR =V (CH> TEVWTELVWSRIET —FDRA%E |33, (HSRBNEPITET BT~
85l Ay L E bt D — LD L eSO g opte =3 —. WRHHOES— O SETIATSS. D—TO—2E (RET—SERSRER. EULES —ORSES (HFERRS SR TORREFHLENS ot described (3)ADUAHI A S x | o | x |iam 37,8008 (ti2) o | Bxm |am@s @s) o,
T158-8630 ERBHmMARSN6-30-15 |21 REmHADE, EURESENCHUAVBRL T CECEDRRNELLALETIER |5, 4. F-502<0%5
SRS 1SN caBLSCTE. (HRIFOIATSES (T T [ERSG) 0% (1)#iet o T 2
EERBREE R (2)MEHORA : - REEEBEDNENZ L THRZNS0
35T, - ERAEVSERS. - ARENDT B
5. - SMOEH BRASEROWS (KLEE1-0R
ESBFEBLTVS?) « - YT ILOMHSEEEOEE ]
ez
188
1 AUTSF-Sa>
2. TAYAIDREF?
(1) BA. (2) EvIF—HICDONT. (3) F—IMIDRN
3. FHA=S IO
(1) F-svA=osE. (2) EFUSY
4. BADRRENRTS
(1) /22w Rt
BT -SRI ELT, HFTEF— 9P TR EMENBHINERTEEEERDS D-T9-2)
£ TE I, BUKA & Tl — SRR AN R RERCRIBICEN TS T3 |()ALSF— Tl REEEL TF— YA TS ADRES 5. F—SWHEUT N IR]
T N P WEAERT, IS VT L CEE DL BT — SRIFRFILER A (F—5H1 |5 288
P N = [TEL : 03-5758-5110 FAX : 03-5758-5503 IT>F AR OBERNIEROREELLOTND, KED/N\—/(—K - ESRZ - LE2—#T |Q)BOEEENTVS [EvIF—4] [CDWTOEBEFRD = N - N - 6. F—IBIDEIER
ssiiﬁjzﬂigmiig’“ T mpmay BOADETA—AED :ﬂgs/éf‘ﬂlw © 12 1 ERTREBINLIE] & LTRASNTNS. 5. iaziygmggz;ﬁijf:;;: ;;?;;ffgg’;w not described (1) F— SRITERBRTS1 : - /(R R x| o < |2Em 38,8807 (BtiA) 0 o ki |[aEfmE @8) a0,
T158-8630 BREMEARScne-39-15 |22V K SF—TREDESBF—FIA T4 AN [EDESBRPEERANT, F— |(3)7 A T2 RCBEERBENCONTER. e : 7. F—HRAZIDFRONT
B S/R 1SEA SHAERRLTOBON? ] [KBOF—SERENCEDESTRITLTNBON? | BE ()F—FA=IFEOE0 HAGKR] I 3F% (1) WBOBRTE - SAORR. - HMENR, - BRI
RSB, TUTHRIIT D NREMNT, RIKCT—SERITLGAS, BATSORM |[EHRUBAS, F—SRIT1> KEE>, wR
I — SR EN B E S BBT EREET, N-T9-2)
(2) MADRREMRT S 1 - RER, (3) F—IRUTERRT
32
-T9-2)
(4) MIFERRTS © - AAST>RY NO—0, (5) F—5
TR T B3
8. F—HBATF AR NBBRBICE?
(1) F—HBAT> 71 R NCHBRIEN, (2) $EB. (3) B
P
(785 | BEICTRERICBH 505D KomiE) 1. 45
SRAPL, 2. ESHREOTOROES. 3. 25 KOBR
ik
(785 | WRICTRSERICH 555 ROWBNSEHR]
4. 55D RAEROLHORIICTIRE, 5. EEOEbOE
F2UT URHIE. 6. 25 REDHE - B, 7. B
LT (BCP) . 8. HHNID—CAE
(78 : BEICTAERICSIH 555 KoRHE - Wig)
9. HSOKDEAM. 10. 559 KOWE. 11. 559 Ko
B RIS RILERREER REECHNT, Ty NO—IEHEAL. RAERRTEE LB, FRREST AT iléz!jfgﬁ'EFICT%‘J’EJW’BU%OE’DFWE?\-ii
[CTAMDE o uneo soumugo.jo/mai| T L o s, S0, Dbz (SEREGIE) 5 A AROESOEEBEOSEEL, 1T DR B 12. 55D KOBA. 13, 550 KORSER. 14 05D
BIBEICTRIERAMRAUF2SA  |1I5E ITEL : 03-5253-5743 n_sosiki/ioho_tsusin/joho_jin | ki - = AR EIRES NDRILS 5T 5 A& FAHS|not described ot described -l o -k or o o | axa
ot B 12 |y oV CONE  HEBER TR, POLRHD. BRICTARBRSET Y hoa—0 [ Ko - - .
e zal/index. html G TS0 3 ERAE TS S Be5—=> JHIES) AREBHENS, [O7E5 : BARE] 15. HIRFSAS N HER
B 16. ATMAM BAME, 17 MESZTLHM ©A
i
USSR : SHEIN,/ B - BHEN) 18, EyvIF—STER
AP, 19, EwsF—SAEROBAHE, 20, EvIF—5
i
USSR < WATD) 21, F—IMAFREY— I, 22, F—5
SR ERORREE
[EE4F : ICTH] 23, T—HBEEEF2UT. 24, Ev
07— SRERORRI
L3400 : ATE) 25, HARE
E TR D ;3
BEDHF. kDK
T TAIS ?
ATRBEAED &S
TSERA TS
TOYF. BEIBD?
TN>T, AUTIN?
FROD SR
st TLESOSIEmRORA S T OMEN) TR
35 03-5273-2020 LU EDFEE (DU TR TR MRS
87— UL - -1 ] E-mail: y-senr 0o nttp://www.stat.go.jp/dss/ | BEDAINDZA ot described not described ot described not described o | x x  |not described o BAW (N3, F7. WETFTHR N
T162-8668 WREWERBHEIO 55 2ODIEHDLR (POFRERt) OOMIES - FIRACE
wmara BRAOEA 5.
BEOBAOLE
)
RS ADE AR
KADIHOHEE (FP9E)
EROBRERH TS (KRRUNTTZ—5)
HO-IUBF—5—THET, EIEES (AXY)
THRNH—ERBSTEDT—SEREEIET (RRARBLAG)
ROt
#Uing sttt Excel. PHP. R. Python. Java
contact@manabing jp | CrimeESTE (A
~ oy .. " ITEL : 048-813-8207 ~ N ) ) y . | TevoT—sniR T
89|PHPIC & BHHHFBAFT FUingtkRatt http://manabing jp/seminar | [PHPIC L BHEMFBAPI /\ > XA 2= not described not described not described not described ? ? 2 k] o ? ? B B [EAEELE| OaitE

FAX : 048-813-8210
T330-0073 &L\ eEmHIXITE2-1-3 FTHTS
>+ —2-202

TONRZ L —Z20%RE

LTna.




TOUSA GRE/ M) % R BLahEE URL B (EOURLNS5IM) BiE g RS e online | XBF ;j: 18R i S 2*;;’5; BERE
Bl g,;,;f Bt

6 1E  PRCEIIEBAECHERT —FERELERT B
AEIZED

E2E 2 - KT - £EOT —YEEML TREMRETIRY)
() SAUFEDE wIZF—8% Bl

|TEL : 03-5692-5030 http://www.uknet,co.jp/scho [ P COEHEDEDE, HRBEICENIBFERHENT, BT 3 E  MRREENENEN - LEIIFR T SHOT 50|
_ - et ot ; D .co.ip s s : i - P M. ; 5 .
90|57 — 5773 U R NERIEHE Had SAUEEE E-mail : info@uknet.co.jp i S-S EIBRELTRRL, I—571 SIPEEOT K A R TEHAMOBREES  |not described 5~ 57 FUR OB OUBEEETS not described it 27 LEED x ? > |2Em 34,5608 (i) o B
F114-0013 RREHLRIEM1-13-10 W [ 20 ¥, 4K EXCE LOF— S ERATE 545 Y]
> LI AIRTF B
558 : F—SDHH - BIEERTS
REFHTE
578 : SFSERBATT —SEEMT D
1. LinuxAPS 280 (1 2050)
2. LinuxS—/UBE1 28/ (1 2650)
3. Linuxs—/CGHBSET 3EIM (1 805M)
() SUELE w8 4. ITILEE 18 (6W) F—SYAI TR MR 172,800/ (R2)
TEL : 03-5692-5030 . - _ U . 17A3-2 )y DEIRE
0|5 S AT 74 X NEHIHE E-mail : info@uknet.co.jp Zfl‘t’o/’mﬂ‘““k”e"c‘”“/“"" " s ;‘iﬁ;g;gfﬁzm“ WRER, L. TUTERIREEDS | eceribed YA T A R N ORFNBBERETS not described (1~9/ty2) x ? 2 |isA KEF—TEURT | O BAE
+114-0013 5 -13-10 WA = 2do0pe: CHIRLIEOSE . 5. REB{CEE 260 (12650 EWMTsCEETE
> £ L AR7F 6. {RIMLIGA 28R (1 2650) 3.
7. WREREE 18 (60
8. Hadoop®i 2 BRI (1 2B5RH)
9. HadoopiSf 2N (1 285M)
|0 SRLEEE wsToma 1. URGRATAS NEF SN (SEIE 1 ABE) )
| ETFATFUR PAME tait SxCEeE ool Ioahnet co nttp:/ /v uknet.co.jp/scho [PREEERSUCERPMEN, U/ EBMIVOHBNN, TERINOLBTERSUC [ PR LDIHDURTIRIAS MRS ot Gescribed 2. WREHHORE  (BAK2AWE) . ) I - e o | axs
(ERM) = emal: e COIP s ol_top.ntml EEROAMZFILE LEEET. OB SN 3. URDHEAM (A% 3ARE) ! M . =
T114-0013 HRHILEEEM1-13-10 WA e TRIEETE
T 1001 4. STERIAP (SRR 4AKE)
> EILEE AT
() SAUERE wF—EN 1. BEERPER—5F>0  (BAKLARE)
. ITEL : 03-5692-5030 _ " e e - 2. ARL—S3X - RRIAS NEMIE  (BAT 20
0 ;;Tz/vfuszugmm MBA [, nsy il PoGURnRt cofp Z‘ttm o uknet.co.jp/scho s, UICEBREP, PEE. | TEESNOPEHATEON [ g;iffﬁgb(}hglﬂﬁmﬁn ZOM. REOREMBA) & B , R - — 5
7114-0013 REHEHLRRERL-13-10 WA [T . R 3. EEBREAMTRIAS N (BA%3NEE)
> £ ATR7F 4. PHOZTA2DET7AFR (BREANER)
HUFISA:
lkceatt SPeRsL Excelt TS, BIAERSD, RINTES, LV TMIER—ADRFILERITTA, iﬁf:;gmm
Fﬁt‘jb‘3727hﬁo EOBARFINEIRY—TERS, REESHKANOBETHS. Excelld, BEOREESH otk 3, H~948 237,600/ (Bid)
%UlF—HYATYF 1A I-R Ba FHEPCRI—IL L eoisos et s [MtR//venwnps.ne.jp/datas/ [EFBMOOTHIL. TAREHD, FREFHISTENTESY -k, TOMTHRRE,  [not described ExcelGARAFILLLE not described e x | o X |rmerogry |PAEEILO00A | O o B
LD - SO ERE S SEBRHR 35, HREOBHOEFELDRL. &0 e (BA) Bl
it 055 50133 DI BRI
e ° DSO—RHAHE
T T3> o
ESFRMIBRAFCESNNE, TR bl — N LEOREULAD
ECBB. BNEFICEBAE UABSEATSS, ExcelhiRd i BRREIET 51
Bttt FHEPCRI—IL B COF-9nSRUCTHMEHELTENON, BIHER ? SREDTL(CHSEH DML BT — 5K —R 3,760 ()
_ . . ) - muEhETA—LED e EAADTNEBALLS BT BOM ? ABIC51) ULIC L > THRIBEENTNZD . 5 — OB o .
95|57~ SHHFOFk HRat FHEPCRI—IL 508 161 g [PRR/wwwenps.nep/datas/ | < RNET] LT TSR S MO described Excel DIHEICIENTLIZS not described oo x ? x |1Em *(;j)ﬁgé;o;;; o o
TLeT-5F THETAENDN. TNETNRALCEATENON SR, HEERELTNCHTE REEORREALOER ) PR
RTENBINEVNHBNTE. LTS (8] CASEDSRNT -5 CRECEHS <5
3. COMBE, [ANONM] T BEHONLLRS.
oD :
HFORRE BT — 52
—oNHORE
bt FHEPCRI-IL RERAOFE 55,0407 (B)
L, e . X _ BUEDETA—LED i S SRRDFHEERAMD) (v VIS, RNDHES BIDOAMERFIL, S50, B . - - RIEEORREALOER o . .
967 —IDMDF % - BRI/ (v B2t FHEPCRI—IL = 163-1505 161 WE http://ww LEIEET e aay CES N CHE S SRR S, not described ExcelfEi#%&, ExcelAP] - [GAIETE. MOS ExcelBiSE not described R - x ? x |3EM ?;ﬁzﬂfé.?;ﬁ;g ¢}
TILET-5F EETOBE -
s
SRR
€2 ML0SEIL-23>
REEBETIN ? TTCBBORAIENZ THEBESRBIESSN, BMEEST
ZDF-THB. TE. BUMESHNEDTESS, SU. BBNBEMHINGS RS,
5o &, WHFAT BT, HBORIMCESVERASHIFETSe0IC, FROEFER
. BRCTBRBICE, FOBCOPTHILVAM, SRR, DX ke EEIIE -
e T, ESRRSEWOREOCESESEHE. BIHEIRIS, ACANERR - B i 47,520 (52)
o7lERM Htat FHEPCRI—IL o505 et g [MtR//venwnps.ne.ip/datas/ (B3 BT, BUEYBICEEST SHEUNA. ERIOBFEES LA - 3l - [not described Excel#@, ExcelAPd - GRHET®E, MOS Excelfii§& |not described Rl x ? % |oEm K AFS11,0000 | O o BAE
Mgl IR - NS CO—BORNEERTSE, FHEULT(F7CEERIENIND, 7 O =a L sas (BA) Bl
E-NEBCRS. WETE. BEREIRIBHEEEC, Excel 2 EEAL CERSHZ| TR TEE
$%, BRAEUSNDBRUBHNEESRO, HENTRHETIR. @, Excell
BELE. BH5, HFHFEFRATE, SSICHIET —SEMETEHES (35, BAD
T-Z2HFAT. ERAICEN. [RANRIER £7ToETSETHIEE.
[RIEHALBERT
. A [TEL : 03-5333-3747 http://www.albert2005.co.jp, 5 B B B B > N B B > B B >
AL HRIEHALBERT muaDE I —LED DST/open_lecture.ntml
7151-0053 HREREERLAK2-22-17
TR R (RAAR) D> —IL
Rstudio (BHMR) >R )L - HEFF —SOEE
- 1, itk T3 E
ESFRRS—UIBNTT—SE L TRERRERH &S T3, ELLGREBTEL 1089~ A0B, EHpLLEATTS
RIUEHALBERT ERERITU TN RBICE, DT T — I CHERITOME FAPLBESNB, Bt RESURstudoNIS - BARME - BERIT
o[REBEHE (R(Rstudio) AP RRHALBERT et ot/ /wwon albert2005.€0.10 | gy, ) (iR I BUS, ATV - ATRBSNTVSREHTEFRCAATS | oo o udoDHABEEY2S~ 35 SIDST-IBERUDS. BUBDLEDS s RetudioE{R o 127~ SIMFORIERE x| o | x |om 59,4001 (52) | O B4

[DST/open_lecture.htmi - g N 2 , 13 = S LT A : B
[ §$§:,Eﬁ0*2722717 DST/open_lecture.html - e HTE, SHTECEUADY— L EBEDN TS, ARBETE. REEURstudionAg [P B AU LTHHE Ty 8 REB/LLEVNEER TS Z}E;EZQ%Z?W
EDBIEUED. BEBMOFEEZANCT —IDMETOIETERICDTS. Rstudio CEIRSHHIHE
RstudioZfE> TOS A0
FEH 1 RADIRDED

AR | SQUERMRLIZRDBMS T T U —> 3> DA > X

)
[EvIF—5] EWDD— R bL2 RICBRDTALWLY,. RIATIEREN [EvIF—5 SQLUSA 7> hPTUT—2 32D >R =)L
AAALBERT £5F CERLTOC CHESTREN £S5 ELAMRRATRMICH D TEHD, B N 188 : I— 20BN, HHrBEERETS
TEL - 03.5333.3747 o o lbert2005.cop |7~ 7P IORRIESVERERAD, SHERTTSTT UR MPF—SYA TS0 X b [SQUOBANLEES. AADLSEIRS—TS > — ST B IO RIS DI RDBMSOIEASQLOEE B 7 7 )
100|SQUEEMBE (DHFDIZHDSQLAPY)  |[HR2HALBERT N N ) DST/open_lecture.html CEBEDTVD. T—FPALUT+ AMIRDENBIFILEY MR ftf/ IE[oL EICH UT, EERUEOS Y OEESEXMEL. [ExcelPAccess TIRABUVABET —4/\> RUSIERBLE|RL SQLEMED THF—FEIHEE (REER) x o] x 26104 59,400/ (%tiA) o] SES-
o FAN] [F-SYAIIAN] [F-SLIT=FUSIN] OIBEHIENG, 45 [RREBIIENTES s 258 : RS- HHMRERS T — S
BT, F—FEHMMTZDXT. EvIF—F(CISEN\ERARRDIHDMERIC DR T SQLTHEREE8D
< DICKBE [F—HTLI=PUSIN] OHiE, SQUERVTEICDIS. SQLERES T (5

SQUEED TOF — 5%kt HHTER
FEH  BADIRDED

ST O MERUDT— 5T SO, HEESADT— 5T 1 ST, NoTTAAIER

R S HHALBERT SR EEOMEEE BT BT 1 SR TNS, F— SR ERATBRbCIEER o ~ RERREBICENT, BEOF A TOZTTNERNS WBO : Y~ T —LD—OORE
—SYAI>T A R RDEHD T—4 ITEL : 03-5333-3747 nttp: /wwvialbert2005.co.ip/ | BRIVGRUNTE S ¥« SITHD. 4P, 4C. 3C. 5C. STPR—bF1 2 IREDT | s | 2 HEDRU, L — L)~ TEBINS. |)—5— LTORMEDS 4P, 5C STPRE
1012 - (R RIALBERT N — . . BEEEC T, Y7+ O REORMRRERFICIT IR NI T« SO OBENARBESCDIIBTET. EULHEERL BEQ : Y71 2D DHME x x x 18M 32,400/ (Htid) O o}
s [EDETA—LED sT/open lecturetml - |L-—L9~ Iora - QS AOURSE. Fr AL | S S EIBIRL, (BB SR — ERENEE < R BHOE, TI—A—S W 13
7151-0053 HREBSARILAR2-22-17 . BPOWES, T)L—A—S v B BEESEY, -3y I EELTHROIL— A Foee S e - R il ARG
O DR RERSAIC DN TEER. NEEZTVDA BEO : Web¥—UF 20
. L0 RUDRDED
R—TF« SOEBCHEIBIY—TT 1 I UY—FF. KBICHIMBICH T DMEHREEU I - . _ - -
RRRHALBERT DNB. . Y—UT S IUI-FORNE, (REEASROORE] [FRTSR0 | a7 i Fovroheing
F—FHA LT 1 ANDIHD I—4 A [TEL : 03-5333-3747 http: //www.albert2005.co.ip/[#@&] 5 T ETBHDAE] AE. LDSHEBELL. WEENIRENTND. 37— N — . Ih i, — . I . - . . - -
= — N - . — ¥ LN — PR =t — — E: T Z k=3 O i A o] ] o
102> oun—5 mite HIUSHALBERT BVanETA—LED DST/open lecturentml |70 S OUY—FEBRIN ? EMLFRNIBEON  ERBELERAR, T—vF 1 >0 [{ICL T XTSIV FERREAO 0B S 7~ 7y T oRMMae R ou s T T, Y (mEEEEs, wEowssENss | | ¢ | < [EM 32,4003 (52) ’ ‘
T151-0053 HREBEARM2A2-22-17 UH—FRNOIY. 72— N BIIULIEF—IWERE, I—T T . 5% 7o ! N SebyE FENRVBHEHNDSE RE)
B . BRO : RIFOT—57 1 > IUS—FFik
F o REDIRDIED
JUSIC : OShILS>F 2T &R
188
» RENRREONN, WY
OSHILSZFIRBT—IYA LT AT TRRL, IRTDESRIAT U CHBEES . . - MECEIC L 29 M%EE
RERRESCSNT, F—A TOT : —5— . z
R ATALBERT NBBEREHBAFLMEMISNG. LHL, BBTEOSHLBIZI=r—S3>0 [RENICERBE. %CDT:EDCD&*WQ)\/—L\U—OEEAt%&;’:zlmgut Foh JOZTIPERNSU—Y - RENBEETS OO OS5y 2YU—. WHYY
TP LT+« A DD OSH [TEL : 03-5333-3747 http://www.albert2005.co.jp/|TETULVRNWT — AN BB < A5N3. ELKRREZBUREEREI DN, AOELERC D3, = N - U—, Rk, EEE) .
B — - - . - = S pa bt N 13 i A, o] (o]
s HRSUEHALBERT Dt T — 8D DST/open lecturehtml W<, PEECREEDNDCT B, BAOBVEEZAERGTSINFRLTIS [RENICADEENLED, BFCELER. ELBRLT zjiifgjjizgjf:{f;;ﬂt;ii; iien g n SFSILS x| ox pam 59,4007 (52) o ©
F151-0053 HEREBEARMR4AK2-22-17 NSEEZEND. CORBTIF. CNSENWICTEDZLSICL. OSHLRIZA=5—  [652LDTIRHOBRNLBIAFILESICDTS. Eaaliﬂlagrngftmﬁﬁ‘ 288
3> ko THERRA TE 3 50T B2 EAERN. - FheER » RENBIS 10— 5 ORE
- XEERADIGH
- T EpZoic:
FEW  BRDIRDIED
B R TR NS — A& (. IR L)
_ ) e
FsAIER. AEPOENENS TRREANEXFOHS, MIBEEREL, HH. &
HAFZR : I-2DEM. S, - EHRETS
B, AREL £31 =S5 N A Z o (LI v s - s == . .
Rt EALBERT e T sk pe, 7 BUT, FoL. TOSTHNEEWBU—5| RED : BTN, SIS SIEEEEETS
L TEL : 03-5333-3747 ntto://www.albert2005.co.jp/| Ty S rrer e - Al = COBR R BIANE L 52T, TSI < "REN| & TORMEDS LOFv— 1 =SS Bl ORI A . ‘ .
— & 27— BT SEBCIERCHAR N . UL, Co® 7 — 2y ¥ A o
104 T RRORE REHALBERT LEDE T —LHED DST/open_lecturentmi |27 2" (;wﬁiﬁgﬁt:‘zﬁﬁ;ﬁggi;ﬁ;ﬁ o 7???%3?;;;? DRI EHETS DIRORREIE =L kST, BB T —SDEEE S LOF 0= i F—SHORANF £ O e R 32,4008 (B2 ©
T151-0053 FUREBEARAA2-22-17 T o o - oy [T T OEAS AR RO ERILT S BLEEEEVNEERTLSS wEO: (r—20]

EBCHF BT —IDNOBRNBRAREFCOG. RIENRFHEPREGHDT « — B/ O%iE w33 . — 23] ¥ NEE T TRy
U BROROFTORREAFILERETT S, :;ﬁ§ [T—22] *EMENSEBET. T1— Ry o
FEH  DHDIRDED




TOUSA GRE/BH) & e Buants URL BB (EOURLYS3F) Bz HgE BifRs e ;:: L e i ’é;ﬁfg; BERE
it
B | e | BT
5525 (cluster) &, BT (8] [KE] (B0 OZET, MEEOHTL SAK s By KRR, WY
£ TLBHTERT. USAI—HEE, RRBHEOEOIREDES oo - SO, . S EEES
R BHALBERT (CBUHERHDEOERD, V< ONDIL—TCHIE, BRICVRE [IEOEDDF SV —ILERNTISAI—SHOERS, BRNLGFFEERERAENCHT, SSR5—HOFEENRLON 5% RSN
- ITEL : 03-5333-3747 http://www.albert2005.co.ip/ 4] T&B. TIE MIEED] d, EDELSCERTZON, ISRI—DHild, BEEHNT B3 UV EER TS [ B N
— 2 > z _ - - 2 —: — o7 2
CESiCEaearions HRSUEHALBERT LDt T — 8D DST/open lecturentml  |BBABER. BELEONBTEDID, HEBTERL. ARLERERETSEONC  |I529—SROFRERNCT — S5 RIS HRORRER = &L &o T, BBLEF—sofiEaEsc| e x pam 5400073 (52) ©
F151-0053 BRHPEERALA2-22-17 3. HTOBEEEMECISRIV>IL. WHEFNL. 05705 3> EIDTEnS |3 BLEUENEERTISS m: o) R
BHENB. COD-US3VTTE, ISAT—HHORRNBERS. FHECIBRUHHOR fia@;: [772@11
AR EHETS. L0 RUDRDED
B | BB RSN S — R P, MR L
DSRE—HE. EvIF—HDHM. TORTEONE o one—H 71 S IERRT B EETE
(C. BE&EDNZFEDID, I5R—MHEET 3/ (SA— OIS, 05 HAPZR : A-ZOEM. B, L-ILEHETS
- 25— HDIS A5~ e LR TEBERN] EVDNBEET, [N £0S RED : BERN. ERICHIBMEREENETS
- _ i R [N EVSO5RI—DERERU. 72— MHTRE, RN [F—oMINTERSBIEMELESRT, EyI7—5I0d CRAREL TOSF —SEEAUTIS I~ ORI LOFr—: ByIF—SEERT B LHDIS A~ MO
3 | EvIF—IRIEDISRE— [TEL : 03-5333-3747 http://www.albert2005.co.jp, — e S — - — P _ . .. .
= BRIRAHALBERT AT D [ — HoTNBF—SESITIREL. MEF—IBEDLYIF—FEMITERET  [SLEISRI—HHORFIEHETS i, BRERDEL, SHRORSEE CECEST, BIBLRL " x |1Em 54,000/ (#A) o o
A - /op S e i - 8 - = o < _ .
L e10053 SRS 2-22-17 %, ALSTAPERIMEANICES, I5XI—HICE, DBEEESEETBNCEST [F—INMOREN RSP ERIET S -5 — S OMiEE 5 CH LR RIENEER TGS LOFr— : D52~ MHORENFik
5 BRORLDEVSPONVGHMESESED, ETEHULSHFEDIDICRAS5NS. <0 mEQ: (r—20]
D—033vT Tl EyIF—ICHIBURIS RS- HEEEBEL. HRORENLEZ BB (r—20) XSINENERETL. T1— Ky o%
FILEEETS. 205
e RBDEDED
Zoftic. MFOHBERET
.
maEs (R
msiEC [F—53(=0] 7
FA T
[RERD [F—o3r=>0] )C
5>z
mEE [F—5T1=20]
Ry M-8
BIEF (F—531=> 0]
(=2 M
ISOLEIL DATA DOJOBHE (#katetteftaxr) . o (e [SBLEL ABBIL— LT E (A ? (REIRG [FEaHARIT) RIRsHEDL
- Y VRORIES S (B ~ . SDD2# : 25,920 :
: 06-6423- © 06-6419- = PR — ' A [ 8
— - kst teltaxiISOLEIL DATA DOJORS |- 067642376240 FAX: 06-6419-5601 |y )/, EREDFRT —IN5 172 RS ~NYSOLTAKE) (y & — 2B LIeT -5+ " B 1 LIV 2 ERRRROTITIALTRERIET — S EDHS 3 (Bt2) S I [RSTRAT) B4
REBA [F—HT1=>] o, E-mai : com m/education.himl Sy not described HEBIL—)LIMTERBELIZLA -~ Excel. Tableau. NYSOLOEX |2 x  |4ERd 2B - 32,4008 o}
& 660-0881 [EUAHHAHIES THO 0@l 1 /2 | o oo = P ) B30 RRNT— SRIFORBRD o i) HSAHU>
K. RELT4>6025 E40 RS —FEROHIRD
SR RS
REEK [HEEHRIT) SEES
3t
REEL [BHSE) REAES
REM [HHFE) Deep
Learning
REEN (B SAHEE
I
MHIEO [MIPE] Y- A
D5
Zof(C, UTFOREERHET
.
SOLEIL DATA DOJOSHSR (#stsiteftaxi) N — o : ~ Sz o=
[TEL: 06-6423-8240 FAX: 06-6419-5601 - BT~ BB AILDAIURT — 5% FHED) (YIS T FLE NYSOL : % PO AT R ERRIRA SOO=H 25,920 Vs 0o o= 058
S Rt &tteftaxPISOLEIL DATA DOJO% ' ; nttp://ww o . - s H2E HABET—SEBR BT HCERTS (B2 - 1)y o — SREMBVET
108\ —ILIBA [5—SHLE] E-mai : om 07— 185 Oty tr— S~ not described I not described = ° x  |aEm = o > gyt
e - A m/education.html SN ~ B3 MABF-SNTEERD JF2H : 32,4001 v—LEC (F02
660-0881 [EUATIHEE3 TEO 0B 1 /& | Lo o - TSR ERRICRRLENS = . "
o1 e ] 4B 1007 [y DR —SNMTERICHE (t2)
K. RELF1>26028
2 -k HORE
EE A
BN — S EFHRBENESCOHD
ISOLEIL DATA DOJOF#E (#kxl=tteftaxr) ;. — — - - MR EARA0E (BAE I LK (340 ROEEE
RAEN ST — NF— SRS B~ =SS0k~ . . _ 2 :
kst ttertaSOLEIL DATA DOJog |TEL 06-6923-6240 FAX: 06-6419-5601 | 0 o e e - RANBHIHMEOFAC OV TORBESCOHTENS 1) BSE MEOERSURE, DA —EREEPLE LT T
F—INHERE EHEA [HEE] ﬁ,f E-mai com o /‘C’ ucation him! e 7;0)%%:“ PSR < e R = not described - RF—EBTT B E1—IRFIEBICOIENEER| - ExcelDEARME (HXOFA, |5H6E REDRE x [11Em skam : 57,2008 o o o
" T660-0881 EMHBALE3 THO OFML /B [ POt ———— TLBs CLOEESE, F-SREOR [E78 RiHHT )
K. RELF(>56025 " 7 e %) 8 ST -
ADUEEEFIULT D
sBoE @RS
5108 —CEHTENR
B11E RF—SERVEERIMO
128 EF—SEBOEERMO
1B HEREODEIHEF?
SOLEIL DATA DOJOF#/ (X 1eftaxr) ERMmEYST )T, SHILSST VLT S2ILD
et tteftaxiISOLEIL DATA DOJOR |10~ 0076423-8240 FAX: 06-6419-5601 ), ) if;&svgji;\ﬁri;:ﬁ”ﬁ;ﬂ?;@i;;m%‘jiéf SDDZA : ik
S SHTHEHE APHEA (2] o E-mai : om £ BAORENEEN ULISRERESR S~ RETH A TNF—FP1I>F 1R~ |not described S0 R S OBAESC DL aL oy z N 7 x |oEm 328 : 5,400 o o o
e - - m/education.htm! VI NITFOAS AL ©
F660-0881 RISTHIBHIE3 TEO 01 /B ()
UK. RELF1>D6025 mLTHs
WBENOWE. RETTRLE. KRE
Rt T RIT TSR M-I
BREMTA)—T-TTO . TEFIRET
= . 7 FSPATIF A RN THF nttp://www.cyberagent.cop | o . . - o e
A TITAIZTA ekttt -1 E-mail : adtech_seminar@cyberagent.cojp  |/recruit/career/adtech _acade ;I:;jiztfzt-ig?%}\nmxﬂw YIRRERNELRE, T2 D=7 not described not described not described ot described o :ﬁ)ﬁmsﬁ w7, o BRCHET
7150-0043 HFHEARKERRE—TEI2EL |my/ = ° .
=
BiE FB
KRBT SH < FAD S RAD OBDBIEFENERNTER KA e
ITEL : 03-6276-9978 . ERES. TUTEABAOTHEDEBEENL TU=2 —7IL UGS, PEEROT— .
Email : sut com (R & http://sugakubunka.com/list/ f;?éﬁﬁa&armmf@;t;nzgzis r?&?méf&izgmmis’awt - BRBHE ROBAN DD . AR RN
s HREHT SN RAD ot = indioiion CFHDELVRAHTES. not described not described sESE 2ZEOMR x  |soAm 97,5008 (##A) o o o
@I —ED) schedule/ HEDSTHICESC LN TES. FMEOBRO= etz TwseRE || 170, CUmls em
T160-0023 HREEREFE7-4-4 KL BREICHELOD, #5tY T b R OERICOVTESICOFENS, ThE PRI T . ;‘72 oy
ULSF(HAPON Shinjukup) EEROTVS. [
seom  BENH
BREHTSH<RAD .
| s ’ - . BiE i
[TEL : 03-6276-9978 L [REREYE) DRFTYI Ty TBE. FEEFETEDLE LT e
. . e Email : com (R V& http://sugakubunka.com/list/ | & 5 (CEH DD, REICHNTHEIFOMBEFATESES(C, IVE1—5— ERAHI. BFMCHR T, HRRSEERNOFEEER . .
% - D - S 2 - 2 F<RAD - : s o o
L3R - AURRES - SRERITALY PRI DI CSAD ©a—LED) schedule/ e AR CERIENI T > T < . R P B RS N AR ERT B2 & [HICHCDIB. not described not described i izzzg;—e"?ﬁ x prRm 9750073 (i2)
160-0023 HGRHDIRBEIEHIE7-4-4 Wit T WPEOHTES TERIFORRREREL, BAEEHT 5N TS, o e
sESE ASEBESHT BESEREFU>Y)
LSF(HAPON Shinjukur)
1) BRETROMBEER OCABRARELE 1~
2) ABELHSORBHERS (72 MEat)
BRAHTSHRAN 3) M- T
[TEL : 03-6276-9978 HEHRTE 2 BOMREITS [TRAME] . XRBEERHI ST LT, HEHREDOZRICELS KIFHZ 1B D3RR (&) (— bR (3ARESRIES D)
o . - Email : om (PLVED|http://sugakubunka.com/list/|fe. +5RRBRERRS BT ENTES. BHTRIPEPAT BEoRESAFESS ) ASVEERE (. TUMREE IR REHRE 2 SRR - BRI .
WA ERECS 2 F<HAM § °a % , K o ¥ o
HRE 20008 MRS AT SHCSAR 97— 180) schedule/ o —BOBORWEM, ST, TN SANEHREOTEERES - Lgranc "0 described ot described ) ETEE) OFENNE |28 B - REHD 27 50,000F3 ©
160-0023 HOREDIEEEGHIET-4-4 Wit NETDOT, BAURLALAS) (—E—H(C. HRORETERATENZSNS. 3B BESLCREL
VLSF(HAPON Shinjuku?t)) 4B ST - DR
5B BEORR
6l BEER (FEME) HIUBRORR
[ttt s S RAD
[TEL : 03-6276-9978
. e Email : suL com (RL V& |http://sugakubunka.com/list RCEHETZ5 R TRBERSBERBINES K E CEC, BEMECEIE . 5
14 = F<RAD 0 2 o LS
IR 16 BRRU TSN RAD oy R AR not described not described not described not described 2 |uEm 226,0001 (Bti2) EMLADE
160-0023 REEIERET R -4-4 REC
VLSF(HAPON Shinjukurt)




EECEINC Y e ey URL BB GEOURLYS3I) T g e wa xms | TR o FS e | 20 | s
mir | T
U ORKEREER
EFULITOCREBRTS
RyTHOEFUSY
EF-EO-RER
FoSSORE RALS
SO (BRI EFFR N ELTEATS, RRLTYTEFUSY
e ey o tarch.co o scmina [FE | BT~ SEFU UDSROBADREE TEABE TS, WEEF LB BEORFNERENE
HEF—FEFUSIAPNS A LT e L : - JSZALERUT, My THDSEFUSI ERNAT Y TEFUSIOFI - FEDTHT |not described not described not described mIEOBIR o | x | B o http://dataarch.co.jo/participa
E-mail : info@dataarch.co.jp html [ — "
e o e il 5. JSZA  BERORETIS T L ntsinDM. htmi
EFUSOV-IE TU—YT OERERIE. YA (TO7 LR
Ny THOEFUSY
RRLTYTEFUSS
EFIHS
WEES LTS
R
EurF—s e
Eo T SO0 - ERFR
s - ERFE
DWH, 7—57— MBHF%
FHEFUY
F—oRE
MOM (YR%—F—5EE)
B CyIF - SOERCEED. EyIF—SONN - EHFM, TLTELDMFED FooRRFLY
e =TI mmEms. Fo oS FUA
TR SR I - oz REDZFINERE AR
17|y o7 - SOHIERAR LT e L E;;fj‘fﬂ;g;‘::;mcw m//dataavch e RN, =S FoIYAIZTARRE) ERBERITIIMOBIA |\ o e not described ot described Wt o | x| B o o o nttp://dataarch.co.jp/participa
230-7777 WARIIRBBRTIRE RRIIADE  IF — S EMTL TN DTS LU RANBFIEIRR TS, sqL ntsinDH.html
REEL T - SO, TR, SECRROMEABEAETE S, R
F—52A
R
OB
Sy AT
27—
F—IHEORH
ma
188
1. EYITF-SORHEEIERT S
RH] BOBDOL Y7 —5EEZS
2. ESRRORBICEYIF—SEERTS
(B8] ESRRAEFINEERIT D
3. F-IMOTOER LRSS
4. AUI> >3z
268
| By T SERERLREE SF REFLORENTES 5. CyUr-sEAFTS
BB F T SOME, AWENTOBAPINSF — SRR TS, F—5IU—=> () AT TR - BT
SN FSYAT T RNELTESARTERAT BT ERENE L, MIRITOHENG [Ih725 - Microsoft Excel BT S | HE) F—90U——>IERHTS SO
PRRARHOA 71> — Mt HEOHERHCRST, EvIF—IREEAT BRhOREOFIACH> THRRNNDE | - AFHCMT 3 ERN LB DIENS I BAICERY NI EBR|6. yvIF— DY ILICEET S %R“f}(‘”’””b\@“
_. - — ITEL : 06-4797-1611 FAX : 06-4797-1619 st ¥ - . - Sier/IT{E¥EEREIBHDSS — - . IAATEIBE DR E LT, HisH
17 FITIZTAAMEEIZ  poeamor o s— PLEDETA— 8D Puips:sonanydecogp bog ! iSRS BELDS. FERDVRBOWHOMEL. WET2S 1R - TRMRROY—55 1« S IBUDS = 7. CyITSORRMERREIS o | o |sem 324,008 B2 | O o EENE55,
("= v SEM) s date/2015/7cat=2 - EB OB —EBEL. BT —PANT - SERETT < CANERTES LS |- PN N ERBCHAL, Tonsmeaswe 10T T CESHRZOBMHMENESS | LAE] BLY L THIRTS / - i
Mg GBI, RABY- PR, F- SRR SRTES,  B0ENG ) (ESFRTRERO-( A —S535388 ) S ee?
FEOHE TR SN BRESE R FISS F—IYATITFARAR A=y |- By IF—SHERETOSTY MESE, RTTES <BLAIL) 5. Lyor—SERHIITS "
2 (cose) " - EvIF—SORDBNCRL. AR SEET A2 URE) RAHTTRIRIEE R OIS
WERO RS (] WERHHTCHLEFNIS
URE] F— SR - TUCTS
4mE
9. CyIF—HHITOS T MRS S
[RE) F—SOBREERT B
10. EvIF-SHEROURSCMZS
URE) EHOT - SERURIEERS
seE
11. HEEH
EEDA 25Ty MEDSO RIS E L —5 4 SIDBRERIT, BROCBASEHHTI
st sy R HOHROICRINT SIS, 1>~y MERESPPCET TR, BADIKH
ey Value Stor |, . _ . _ N o " i . B SERWEMCERLIED, FBEER |2. 18, 7~ SWRHA(C TEN T ) ) SFNF—IR-RIC ) .
196y Ary HRSHELES——>7XF7  M0antIa -ABD pplicationinit-defa 2 DIRRCZIRUTD S B e, SRR —HELT S UEROROMS TR L |3, KVSF—SCTPIUAL. F—5EiiEs s hikic oy SPBAERH LTSS, FEEKVSORBENOENS. |- pygnipg = e not described o] o [am 3888073 (B2) ©
;}58'0075 RTHBER 2:13-34 NSS-I g;%w MEFERDF — 92 M7 E LT TKVS (Key Value Store)] ASEEENTUS, 0SSELT B3,
st IRHENFKVSES L. COEMERITT SRREMR TS, Key Value StoredDfHHld &
SRS LU — SOMBSC DN TEET 5.
- - 1. TERARRAZIORANBER S EDMTFEEEREL.
BRBHBHIS - IXF (7 nttps://vwe = o L
ITEL : 0120-55-9019 (FH9:00~17:30)  |com/icm/srv/course- Y= R BT SAONI TR NTNEFF AN TA I ERRIT =509 [T CC D L. ne [SY7T—EED Fos) mamLesRRTERLR [SETERT IO X T R
i BRASUBEAT-=2T574T  [I0EDETA—LED application/init-detail? IR, BRBBAITEES. PR bYA= B EURRIT - SoptFRe. R |gn 7T . BIE, V=S AT PREDTER r—s, BEelCE T TS SRR B R P o | o |em 54,4328 (ti2) o
71050075 RRBREAM 213:34 N1 cI=FLNRDUFLNCRESI=Y | SSRISE I THR TS, e & ot o BTN samm PRI CEIET BB — SO CRREBREOR. [ DEUT o hms
6L a3,
BREHBDIS——>IXT (7 nttps://ww 1. REBOBE. BANGERZEENT 5,
[TEL : 0120-55-9019 (FH9:00~17:30) lcom/icm/srv/course- EvIF—9%ED. BART—IEMUERT BIebDA—T >V — DR (v r— | 2. #ist BELV, T B (CRIAT y— at — = e - i
CEBTF— IR BRRHEHES-—>I%7 (7 [MUADETA—AHD application;init-detail? S TRI DEVAEER. 7~ SORIEND, ESHRCHHT SLHCLRRMEE, T |3, CYITIEAD, [Fool EMLESRAERIN 5o - somrmmTas BN BAEHE o | x |iem 45,360 (552) o o
T108-0075 SREFEEIHEE 2-13-34  NSS-1I|cd=FLM&pcd=FLMC&cscd=U |> 1 —F TEG(CHEHEIT S TTHORDEN S Z 1B THERNCEET 3, 3. FYCEMY M FEEEDCHIL, REBTHHT SE4E RDIS T 1 v Uk
e BssiL =3, S R ORA
1. F—SERDT A7 RS SFAERL, BT
HRRHUBHAS = IXF (7 nttps://vw (7 TR R R T 25 e
_ . _ ITEL : 0120-55-0019 (FH9:00~17:30)  |com/icm/srv/course- irshcans )T SR SHRICERT BIOSEE [F—FPATIR] 0D = e By 5EED (58] EHRLESHRICERTEAH 7 EROL 77
122;72;‘§‘Z‘”’§“}”7’9”w HRRHETES = IXF( T [HOADETA—LED application/init-detail? WTEETE, EREABEELT, F-TEROLOOTA 7 FORMEN ST ot |3 FHHITINEGILOOTRERE WR s v, 0, 7 SEROT A7 PDEHH i ;:Z’;i;iigmﬁ“mm*‘i o | x |em 108,007 (B52) ) o
L D - P . - b i po RO e b
TI0007S MUGREEN 21334 NSS-Hld=Fluesci-rinCicsol=l (B, IWRORRLANETO—ROTIERE SRS, o SO S AR S 5 e PROBEE CO—ROTOER DU TFBUIELS e e
Bss7L BTES 6T > SERROLE
5. DIRERET — SRR LTEED, AT Bb0F
SEEIRL. RETES
BB —=>IXF (7 nttps: /v k. BRI IRB B BAROT — SHRRENTNS, 53 CRBELSNBOT
ITEL : 0120-55-9019 (¥E9:00~17:30)  |com/icm/srv/course- DRBCENTA LS - SRR - REUTRRCHITS 50 ET, ESFADHAIERE |1, ESRACHIBRIEORBIERRT S, _ N S et )
123\ ESRRSHDRDDHIEAP RS- BuanETA—LED application/init-detail? MIREEED, CNFTIBNES B RRH DS AT LEEHHT mEB. A 2. . 8875, O e T SRETUR L, LRIRCABEOR B ZaAChy A oRE o | x |em 45,3601 (32) o o
T108-0075 HURHBBLUBA 2-13-34 NSS- Il |cd=FLM8pcd=FLMCRCscd=U |ETEF —SOERDRERS, MIFOFREIRL. BEGRIAERET—HICEINT |3, RENGHEFAELS# 2 TERTES, |
(=] IAU49L #BI3.
18 Cy T SOBE
228 Ly oF—SOERS—>
538 T SO
T 012055 90 (RES001730)  |comimncmrse [P, B/ ETRTEMTRET SAET— S ERR ML, WL KRR 1. Ly 7 a0 AR e el e SO
e " S — ) A - T —— S com YOF—5) 1 . COI-ZTE@, EysF— . F—SEROR B = s el . SSORESRF. ot z .
124 By TT -0 T s 21330 Nson| o moon/deal? ) [ME. F— SO, B, WBCHDSRAOMELSET 3, 31 ARCALT, Bl (3. F—SEHH SMALFACOVTHEE R Tas | =77 PPRROONTEMesmLES RO+~ KW TR o, 20 o oo s O N 14536073 (52) © ©
X CA=FLMEPCA=FLMCRCSCO=Y |5y 56 57— S5 A~ SO ENTE S, 4. FosOR. B T BRAOBEERATES) LRILOIR 53 & -
BiL BS73L E8E AT
shom v
108 £y 07— SEROID ICTA>T5
11 C TSN
sttt Lo =g — Y07 SOMMERELT, VPSS AN NUBERRTSCEPTI IS THS |1, UPAS( AMBERATSCEPORE. 7—F7 07 0% UNDGROSICH BEABIT>
CyF— SRS (Esper - H TEL : 0120-55.9019 (FE9:00~17:30) com/icm/srv/course- Esper&. TH3Hadooplc OV THBET B, EsperTOTOI STk, S 1BHFT 2. Ky I AREECHT S5
v P I » COmAC/Sru/Course: z S FIL—LI—IT ERLET 2. = < ESET . s ERUEP T U —S 3 S OMRTE [HibsTE. Javadilil (F52. ) . . .
PP A oyl il AP S g eepiiiout comiicm/shicourse. Uadoon ECHIMBERIS 57 MOT 7L — 60—l SMapRedUCRERALIE | 2. Esperiz (> MISORMAHERNTS.  |Hadoop. ATeEsper LT i 3 ot described J R - 56 406 (85) "
[ = 108-0075  BURENEREM 2-13-3¢  NSS- I |cd=FLME&pcd=FLMCEcscd=U Dd?:/fﬁ;ik?b\t ARERBEELTFET S, MapReducelIBICOUTIE, Java 3. EEEERT D, (NH37 APIODBRAZSE) 3T
o e o s a ot HNePPIgREDY I ERBLTSAUIA SCRITTSHEERET |4, Hive, PIOEAIRLIEMapReducellBOEEA HEBR S &, eclpseEAIRILTIavaT 00
e 5. 5. S LMRICHS BN BB L,
PSS nttps://ww N e  |FE1E Apache Hadoopm#iE
ITEL : 0120-55-9019 (¥H9:00~17:30) |com/icm/srv/course- IL— D~ DApache HadoopDHIBEFUT B, HadoopDIAFI, F— 540 ::jzzg?l;i:;gg;iiﬁ Apache Hadoop BN CE Y 5 SRS (5 5) EEE i;'?:fi’,fﬁﬁfﬁf{ 5528 Hadoop®d-f > h—L
126/fk& ! Apache Hadoop HREHETES -2 IAT 7 MuahEIA—LED lapplication/init-detail? BORE, OSATERTORT. BEIOS T MEOEHENRCLBIMILEERE R, R |2 > p AT B AR L @énm}ﬂd*:* RN 5D SE3T DT 7 A LSR5 [5(HDFS) s} O |1EM [45,360P3 (HtiA) s}
7108-0075 FREPHXEE 2-13-34  NSS- I|cd=FLM&pcd=FLMC&cscd=U |BEAL THFBETES. 3 Hadmpwg?zgﬁﬁb135 " [T BB ~ s 5645 Hadooplc &3/ \y FAUBDET
X 4. Hadoop EMHET O T & MEASDE TIIEILETES ce - o
e Bs72L 55 Hadoope 7~ HR—X
REHEHES —=>IAF 7 https: //ww o | Suarkﬂfff)beﬁb‘Eé% 1. Linux® 2> RN TE B
ITEL : 0120-55-9019 (E9:00~17:30)  |com/icm/srv/course- S AHEUTDE 71 I TL— AT~ DApache SparkDIBEFET S, SparkDBAT|2. Sparklcdk 3125557+ TNBHTES pache SparkERN Ty T SR 5 5) KEHEE|E2 s Paon St o
12748 ! Apache Spark AU ELES— MuEDEIA—LED lapplication/init-detail? B, >—52MBDFE ISIFMRTORET. BETOS T bEDBFEDEICIDMAENL |3. SparkiCkd/ (v FUEBHNTES BT B EESE L0, 7#&;.&@57;@7::95 o not described [e] O 18/ 146,656 (Bt:A) [e]
T108-0075  FURHBAIBM 2-13-34 NSS- I |cd=FLMBpcd=FLMCAcscd=U [ &%, REAELTEHTS. 4. SpakDISASMENTES i =
e BSe6L 5. SparkEMMITOS T4 MEMBEDE TRIEIETE S




EECEINC Y e ey URL BB GEOURLYS3I) T g e wE S FS e | 20 | s
mir | T
L C v SHERAR
- EwIF- SO, - CyIF—SHERONR, - Ly
—SATRORKS, - v ITF—SEER IR, A
wEoBTE
2 o SHEROEAE
- Ew T SRERORN i, - EyIF—STEROH
e - F—SOMEL, - By o7 SRERTORME]
B, - Ly IF - STEREAORsES
A BEBEDRRICEDBASNTOS [Ev7—5] ZRERT SO, BHICKES B3I o7 SHERHEORE S FE
BRI OV TLRWE, BRBS [EvI7—5) [GEE - MUETE, BAS [KE <A TIDONEERTHTLEENE LTS, - v T SRERICHIS E S AEMORN
MBS MG SUBRET > TOSHEOR, BORIAHHUL. BIBAE < BARTSESETHE, (DESFRAN 1 ESH A EORIENHICHLEL, WERRD RHOAA R, - RUABRT SOOI, - 7
25 : 092-850-3452 (18 : %) oy vonsistonio/blag /20 | FETEE 2 CHEMBICAS BB ER LS USTRIN B3, TOLSBRRETLT BN [LHOSRELE - IRL, BIABALEETIZA. m PRI )
128|BDAEA LD AR B [Email : lab.cloud torjp YT BiC. [EvsF—5] CHTZREAMBOFHNSEENSANERET SLBNBS, T (DI : BRSNLT —SOEHS5, >—SOMSHER |not described ot described - BEF—IMIBBLON, - ENCASEF—SMEE O | O | x |e#R [ o o | B [mooc
+814-0001 1122 T BIEILC By D7 —5] DBAERIL TN SIS EF CRELTORN EO Tl [0, 7— SRR SH M BiE R TE 2, Rl - SHKEBETEHREE - LRL TR 354
RESPRE 5 — EIL 7R DFWIETECEEBNEL, FLBMABILL EEBBTEZLSC—MEANDDTL (GICTH : 7 —SOIE, AT BWRS A7 ARE LT —55) it - RIS TR, - INEFRT SHMIF
19 5. SRR E A . BN TE B, k. - F—IRIREICT
(5772 N TSRO RSN S HE T RS>0~ KTE S, SR U
SFoSEIL . EylF-SEtFIUTc Bl - Evs)
F_settaUTe W
ol T — STEROBIL
- By IF—SOMERRR, - F—9R-Z - FTU—53
COEE B, - F—IN-R - PTUT—SIAZOEE
8. - 25O KRR DR Y ND—D et T
BB TRORBAER ST LT, RETRATS 3NEEH
$BCERES TS,
NSV Lab.Cloud MOOCESPOC [REFILVE 553 (RHEAR) | (CHE< IGAOME, [REFL I
£ 092-850-3452 (1B 1 57%) o7 — SR BAET RSB, D URERMTFEDT — S ORI E RS RO, HHEOEAS e
120RERVET— S5 (5 G MRS |Email ¢ lab.cloud-mooc@isitorip ot described 5. ROCHEORAL. HIHEORAESEZTNBHTHNE, BHEEEWENTLVET |not described not described - - - a B ol 2 x  |notdescribed |t o vooc
il oud-moc " o BExTNES RV B OISR 5 1 SERA
T814-0001 EERERHERXEER2-1-22 CEETE NG, RERNE SIS
RESPRE> 5 — L7 (5772 N TSRO RSN B HETIEE S0~ KT 3,
oROEIE
RE?
N S [F—IFERBEIDENINE, ESHBFEFITULIDABREN. | RICHIFT—551F
/{;gogzgsﬁ_"z‘ﬁ;'ggfwggﬁ TREMS> THEWHNE, BENETS)] [F— S ERE ARSI E, EThBEEMITIL RICBH B — il
_ . I ol B : ntto://wwwisit.otip/blog/20 | £V A EIIRE UTe, F—SSMAOBUE, ROBAIZDUNTHEASAPIBE, RETHTIE DR, | T ] ; y "
B ARABRSEFR - |Emal : lab.cloud mooc@isit oxjp 14/11/14/2743 SHEMRIC. ROWNBDS, RTESF—SREF S, RE@>BAtsstao " 950 IREESTHENINE, BENEES] ot described S DRE T - S - RS - - R B e © ©
+814-0001 -1-22 7 X =
e BAERIT 5. ) Enors F— SO~ - ERNISL - -
ETF R NCESEOWE RSN S HE TIEES D> O~ KT 3, BRI
B
oramE
TS ORFTHICAS RV ERRESE
R E BB — N E RIS Ey U7~ S B2 S
EvIF -G T U Ih -~ REHH TS FIRDITIR
BEUNEBITS S -7~ SOHHS. BRS
e D L2/ 12020 2ANCLCOMIDUEN 25 o - RRAITIET BTN
1BUF—SYA TS 74 2 NS WA 5507« Tt = - o= SHRRE TS 5057 - CORREEA (118) ot described not described ot described not described o x| x | o o o BN [HEROWebIH
101-0051 HFHIFA -20-1 [application/sp_14data_scienti z . !
AT Aot " MHRETRCS 5057 - TOMREEER (480)
U IR T N [R] 0 — RIS S AR EORA
REHERITY D b TR] TERDAGENRIIHT
EEBHRBOIHEE - G [R] THSRI—HF
05 3 DB - SATERLA— RO
(Partl) (383 : 459] - HROTOER - ESRIDIER?IE
RENETOTOER, - S ERHORIND - HEtsE]
BRI BNE, N> K
XU, RF— 5T~ A7 A BALT, it - REES
(#3#£909 +#B309] - - RE## & A — RstudiodDfEL
5. —BAWITE (T, BRiE, Ol RAEE)
GRE < 459) WA G5R) - SMREOMIERL ; 1
75 BRI S AR : TR R, i :
BRERADAL, FRONTRE
(Part2) (IRFRA55+E305] - Filt - RIEK & B -7 —5
DI ; EEHTE, ERNISL, BRATO . O]
_ =, SO WE
AT A R ELTHIRERAERHIICEL <BRL. B BRRESRET 5T 9 ! e
DELBRRFI A~ 2R T A BB TEATNL , F—FBRDET O (AN ;%(:%950;5}1&7; Eﬁ(m’fé ;?? | SETORBTORIME
L L 5. ST (7M. 2R WM W) OHESECRATECLT, BRI MOm it O P e s, bt + ¢
A . _ " ITEL : 03-6408-2488 http://edu.jtp.co.ip/course/2 [EBIC DB ENTE D, BARBTIE PEHOAHHELE B ABET, F— _ . . (5 - W o ; . -
13RI £ BRI BB K - /(-7 Bt o001 oI Ia735 5 o6 e e S ot described YT T A NEEET S e 8 el A I B B 216,000 @) | O e
LIRS R T— 148 A TR BRE. A~ > Y~ ROMEETRET, S&SERMERERN (v — o T e ]
SELTIRIENTOS. AR~ SDHBINES 257 IADHBEFTONTED, 75 Mgl T A R
TIYTAARCEST BAYTINOTOTT. ABO0R) -EE (5A) &K ; NEOMRRECEDE
TR, BRERE
UBR609] - RIRFS &R - O FEDBBENITT S
(o —SOBR. BRORS ; FSRIHI. B B
e
(Partd) (W& : 360%) - HARE (W) ; FABROEY
LT, SHTRRICES < S EMRRORRE R, ; - %
It BRI S BRI, — (IS, 5 . -
Eere
(Parts) (W& : 3609 - MARE (%) - HHIMMCE
STEFI, - ENORRES, RAFR, - R
= - & o/
(Part1) (TR : 455) - HHE(E? ~EREBMBN, - S
DTOER - ESFROERNHRENE COTOLRE, BT
e ]
(3% : 3093] - Database/ SQL&(3? —DB. ERE, 5—2
EROIER
(831155 +EB509] - DAV SIRFIRED 4 DD
A (F¥) . - SQLEZRUJL; DSELECT, @WHERE, @%
F—IMOTIO—FICONT, T—ART A ZBLTFATN, F—IHOETOE 5HBIE/GROUP BY
R(CHEIS, SHORE GEIPKPL SORKHORHBOEZABE) B, F—5/\> (Part2) URTE : 309] - SHFICAVSRRINED 4 DOBA
BAY— K - SRR KU ORERECONT. BRI MORNEROISCEN TS, RARETE, 2 icrosoft Offce Excel (it 1+ | (%) ®lon - )
133}SQUIEL B S - BB K - /(-7 o 4735 R g"—“’—”’;”e“” Dol course 2 R R i B DTHRET, TR RS RORmERE L. 7 ot described YT T A A NEEET S 70 U< ATl [ e e T | % | O | x |eEm 129,601 (B52) | O o B
WIRSZ hoD—148 F—SYAT T R NDBRDED, 7~ SEERICRA BT ENT—FHA TS T4 A N s R, B
BiETE—5. AWETHATBSQUE. F—IN—2 EICHINENT T — SRR T DM B 1 209] - REDROATHORA . - HRHOER
EUT. F— IR OUARFIND—DTT 5
DRE : 1209] - BARE () ; FATROBUEEL
T, BRI < IR AR — RO, — BRI
e
(Part3) (W& : 40%) - PRIRE
GRE : 1509] - SARE (@) - MEOBEER. K
miR(e
RE :S09] - MIERE, - E /M
SHCYIT—HENSERELACTS. Cv o7 —SEEMTBE. ERONaRIS
— " DAL B> TLY h$B. - EvOF—SDHE
E;?Ogg‘;g;js;‘m"i tto//eduito.co.in/course/2 | Y DT I T FoIIATLFAR MO TAIESS ? ) ) SFIYALITAR bR ) ) )
13429 97— SHITAR [ N s TE S e . BV ISR TANLTHEN, not described By 7 — SRR EDE S CERTAERNAMID LS| I B — SORIBIRA®SS | - Ev 750 x | o | x |iem 43,2007 (52) o o B [1- 2R
7140-0001 HREHNIEARII4-7-35 AR [26 [ ERS TG T S
B = T ES Do TEY U7 — SEERATE OIS ?
TAREHRICE Y U7 — SERDE—. By D7 —SOBBNST I T 71 MHE
SEmET, SHICEERETIE < REBEES T E—E THITE 3.
RADTEDORUNEFRE T (3227)
[TEL : 03-6868-3450
L E Dt D — LD ntto://toukeiqakuip/p/? |72 — NABOBESHETEES
1IS|ER 1 1 7~ NI 0N Tps At BRI A IR E3-5-16 HAITERITTEIL |aclid=CKu2peC6IBACFZOQ [1UF1 5 00 : SREHEEHR. BAMH EHRIFRA 55— SRITE, A BHFE UBMS |not described ot described not described not described x| 2 2 |2 ? o
2F lodYSAATA A BRI, BFN L)
T105-0021 SREGEXFAME2-10-10 AT
e
KRADEHORELVEFHE ] (12T3H)
ITEL : 03-6868-3450
rLEDE T — LD http://toukelgakuip/lp/? | EREEHIAORIFEELS
136|168 1 : EERO ORI Tps et RS IR E3-5-16 HAITERITTEIL |acid=CKu2peCEIBACFZONQ [PUF 1S LM : MR, /(5% My SRTE, v L, 47, COX\W—KEF |not described not described ot described not described x| 2 2 |2 ? o B
2F lodY5SAATA b OSRF 1 v OEIRIHTIRE
T105-0021 FREBBEIIG-10-10
HBEIL2F
KADEDORUNEFRE T (52
ITeL : 03-6868-3450
UEDE T —A8D ntto://toukeiqaku.ip/lp/?  [ISCEAFR: - BROT-ORE . (RBERIES B CHBRIHEES.
13706 1 : B - Ot Hns it 5-16 B@ITERVTFEIL |aclid=CKu2peCOiBACFZCXVQ [ U+ 5 M : HESHIRHE. FHRAIBDIEIORBT YA >, J>/\5% Ny JREES |not described not described ot described not described x| 2 (G ? o o B
12F 0dYSAATA DA REFECDONT,
71050021 FEEVBEEAE2-10-10 HF
BEIL2F




TOTS L GRE/ ) & HRtT FEuEDhE% URL HE (EDURLNS3IF) B HRE HRSAF wE online | RBF z:: (AR i DHE zgé; BRRE
B | ey | EO
KADLHDELWEFHE 1 (RTFH)
ITEL : 03-6868-3450
. . I‘u‘i!éb@j»*hﬁn N . http://toukeigaku.jp/Ip/? LS TAO SN
138)/5F 1« LIRS OTHDHET A SRttt i X33-5-16 BA3TARII7EIL gD;\:;cA::zgece BACFZOXVQ [/ 2 on: GETEHS. MM, EFAH. HOMENS BE not described not described not described not described x ? 2 |2 ? o ZES
T105-0021 HREGEBXHAME2-10-10 HHT
BEIL2F
KADEHOELVEFHE 1 (2ZH)
ITEL : 03-6868-3450
BuahEIA—LHFD http://toukeigaku.jp/Ip/? (RS (TR DEIE - MBNHTE S BTt
139|558 2 © I - BAESSMAODI 80D A SHktaT A EEE3-5-16 B3 THRIIT L)L |aclid=CKu2peC6iBACFZCXVQ [HUF1 5 Al : IRESIE - £REMDH. SMEAEDIMEET L. BN, EIRHT. SZE not described not described not described not described x 2 2 |2 ? o ZES
12F 0dYSAATA BB
T105-0021 HREBSXEHIE2-10-10
iBEIL2F
KADTHDELWEFHE 1 (RTFH)
ITEL : 03-6868-3450
YT T AR RO ELEDEIA—LED . http://toukeigaku.jp/Ip/? TP IT« AMCAVSNBREFEEFER )
A SRttt SR E3-5-16 HA3THAV I EIL |aclid=CKu2peC6iBACFZCXVQ |DUF LS LM : #EtER. FHl - DBETIL (SRERHT. SYMRE) US5IHUY. H# |not described not described not described not described x ? 2 |2 ? o
odY5AATA -t (FYST—2a>aHRe)
T105-0021 HREGBXHUEME2-10-10 HHT
EEIL2F
KADLHDELWEFBE ] (RTH)
ITEL : 03-6868-3450
© SRR S 5 SO O MOEDE DA —LED  |ntto://toukeigakuiip/ip/2 |#EHYT b (SPSS. SAS. R. STATAE) OHAEROERNHRELR
D Stk BT XS A3TERIIT7EI |gclid=CKu2peC6i8ACFZCXVQ (AUFAS LB 1 P2o— ki, X - X, RESELLSFIBE TOBROER. Hist |not described not described not described not described x ? 2 |7 ? [e] ]
2F 0dYSAATA VD RIS A — TR
T105-0021 HFEFEXRAE2-10-10 AT
HEEIL2F
KADIHDEUVEFHE M (2TH)
ITEL : 03-6868-3450
MLADETA—LED http://toukeigaku.ip/ID/? | s e\ N
1420152 : SEWROT DO Tps et PR 5 16 T HXO T 0 acki=C2peCACEZOND O v, SZmAIn, 7o, Qo |t deseibed ot described ot described ot described x| 2 2 |2 ? o e
7105-0021 HREVERARE2-10-10
BEIL2F
KADEHORELVEFHE H (12TFH)
TEL : 03-6868-3450
MuEhEIA—LED http://toukeigaku.jp/Ip/? BUINF—IEHRICTOTIIDER - 7 RA & ENBD SHEEFR.
143|E# | TORVEMHD A SHktaT A EEE3-5-16 B3 THRVIT L)L |aclid=CKu2peC6iBACFZCXVQ [HUF1 5 A : TOTILMEMMOEN 5 B0k (AVERAGE. CORREL. T.TESTA&) KU |not described not described not described not described x 2 2 |2 ? o o ZES
2F 0dYSAATA T KA S DENIRE
T105-0021 HRENBRAHE2-10-10 HF
HBEIL2F
KADTHDELVEFHE 1 (RTFH)
ITEL : 03-6868-3450
ELEDEITA—LBD http://toukeigaku.jp/Ip/? li=3 (2 li ESICDB.
144\ELE8 © iR A SHatt B ee 5-16 #A3THAO T L)L |qclid=CKu2peC6iBACFZCXVQ [DUFAS LRI : T4, hoefi, MSRE, 4. 180, BEDEXS. SEEACHEA, #E. # |not described not described not described not described x ? 2 |2 ? o o o B
2F odYSAATA e
T105-0021 HREGBXHEME2-10-10 HHT
EEIL2F
KADLHDELWEFBE 1 (RTH)
ITEL : 03-6868-3450
MOEDE DA —LED http://toukeigaku.ip/Ip/?  |EwIF—HERS TLHDHEDERSICONTER.
145|588 | Cy DT —SORbOREERE  [IhSHRE HRERE A RGRA3-5-16 #A3THAUITEIL qclid=CKu2peC6iBACFZCXVQ |AUFASAR : EyOF—S0ERS. BART—INHFE QRN I525—94.  |not described not described not described not described x ? 2 |2 ? o o ZES
2F odYSAATA FUST-a 5 SVMRE)
T105-0021 HFEFEXRAE2-10-10 AT
HEEIL2F
KADIHDEUVEFHE M (2TH)
ITEL : 03-6868-3450
AuahEIA—LHFD http://toukeigaku.ip/Ip/? MBA (REEIRPET) ZEUSY BIbDiEt
146/457 : MBADIZShOfiEH A SERtEE RS A R E3-5-1 THRIITEL |aclid=CKu2peC6i8ACFZCXVQ [AUF1 S AH) : MBAENER. JT71(F > %, RU MBADIsHDEREHFICBE |not described not described not described not described x ? 2 |2 ? o ZES
2F 0dYSAATA TR AR
7105-0021 HREVERARE2-10-10
BEIL2F
KADLSHDELWEFBE 1 (RTH)
ITEL : 03-6868-3450
BuahEIA—LHFD http://toukeigaku.jp/Ip/? FHREFRF TALSNBHMEHTDNTER.
147/ : EHRAEHLDIHDHE A SHktaT RS AREE3-5-16 B3 TBRIIT L)L |qclid=CKu2peC6iBACFZCXVQ [HUF1 5 18I : BIRSHDIO—&; . FE—HMERIHEN. /CRILT—FHH. BR |not described not described not described not described x 2 2 |2 ? o ZES
2F 0dYSAATA PUDHT TR,
T105-0021 HRENBRAHE2-10-10 H
HBEIL2F
KADIHDELVEFHE ) (2TH)
ITEL : 03-6868-3450
MLaDETA—LED http://toukeigaku.ip/lp/?  |@RRER. EHRHEE TUERD 7+ METONTER.
148I657 1 T7 A F > ADIHO O SRR 5#3-5-16 BB3TERIT7EIL |qclid=CKu2peC6i8ACFZCXVQ [HUF 2 SAH) : HEtEE, MaRSERMIT (BB, BRI 8E) RUBBILAE [not described not described not described not described x ? 2 |2 ? o
odY5SAATA (MRAZETEER &)
T105-0021 REVESXEFIE-10-10
EEIL2F
KRADEHORELVEFHE ] (18T3H)
ITEL : 03-6868-3450
% TS - B FVEDETA—LFD _ |http://toukeigaku.p/lp/2  |\R—F 4>, THREE - HHCHI SHEADERICONTEER, )
149) o O SRt AT A EEE3-5-16 B3 TERUI7 L)L |aclid=CKu2peC6iBACFZCXVQ [HUF1 T4 : 7~ SO - TN SHRAET 1 >F TOHAN. 1BHNH. BRI, |not described not described not described not described x ? 2 |2 ? o ZES
2F 0dYSAATA BT, HYBBEDTRE
T105-0021 HRENERARE2-10-10 HH
HBEIL2F
KADEHDRUWEERE M (12T
ITEL : 03-6868-3450
EuEhEIA—-LED http://toukeigaku.jp/Ip/? TOFLTU-EEMR (8 - £R - FRBE) £TD
1SO\EHEH : POF 1T U— DO [FINSHRSH SE#E3-5-16 HA3THAD T EIL |aclid=CKu2peC6IBACFZCXVQ [DUFAS AR : POF1TU—BEMMR. IEETFX NGRRE. 725177 —(CiBB7a |not described not described not described not described x ? 2 |2 ? o B
0dYSAATA HFORBEDHED.
T105-0021 HREGEEHHE2-10-10 B
BEIL2F
KADLSHDELWEFBE 1 (RTH)
ITEL : 03-6868-3450
MuabEIA—-LE0D http://toukeigaku.jp/Ip/? |7 — ST S R AT S
1512 A0 SRttt ER e BAITHADITEIL |qclid=CKu2peC6iSBACFZCXVQ [HUF1SAH : F— SR ZEIGT BTehDdLIR— NRERIH, FistDRR RU ExcellZd not described not described not described not described x ? 2 |2 ? o B4
2F 0dYSAATA BHHIEESED.
T105-0021 HFEBEEHAE2-10-10 AT
HBEIL2F
KADIHDELVEFHE ) (2TH)
ITEL : 03-6868-3450
MLaDETA—LED Ihttp://toukeigaku.ip/Ip/? b
152{EuERI : HEHHREDT O Tps At PRS- 16 METTEX O O acki=C2peCEACEZON e at (L3t . A HUAHAR, E ORELAD, not described ot described ot described ot described x| 2 (L ? o o B4
T105-0021 HREBEXEHIE-10-10
iBEIL2F
KRADEHORELVEFHE ] (18T3H)
ITEL : 03-6868-3450
BLEDEIA—LFD http://toukeigaku.jp/Ip/? st T B SRS
153} : IO HOE Ao SER AT A EEE3-5-16 B3 TERUI7 L) |aclid=CKu2peC6iBACFZCXVQ [HUF1 541 : EHEEMIST BEebDLR— NREEME. HEtORE KU TUEILCES |not described not described not described not described x ? 2 |2 ? o o ZES
2F odY5AATA DHSEEED.
T105-0021 HRENERARE2-10-10 HH
HBEIL2F
Week 1: Logistic Regression Analysisl; Fitting the Logistic
Model
Week 2: The Likelihood Ratio Test; Finding a Confidence
Interval for B and n; The Multiple Logistic Regression
Model; Fitting the Multiple Logistic Regression Model
Week 3: Confidence Intervals for B, the Logit, and n;
Students interested in this of C Dichotomous
This Applied Logistic Regression course provides theoretical and practical training for course should have background \Variables
! o= . Master methods of statistical modeling when the response in introductory statistical Week 4: Polychotomous Independent Variables;
. (Coursera Inc. . and of related disciplines in statistical k N -
154fAPPlied Logistic Regression Coursera Inc. Mountain View, CA DS/ /W W.COUTSET.0M/CO | jeling with particular emphasis on logistic regression. variable is binary. not described methods. While not absolutely |Continuous Independent Variables o o x  |siERg Free ®E [MOOC
[The Ohio State University urse/logisticregression N b Be confident users of the Stata package for computing necessary, familiarity with some [Week 5: Statistical Adjustment; Interaction and
MOEDE DA —LED The increasingly popular logistic regression model has become the standard method for . ;
regression analysis of binary response data in the health sciences binary logistic regression models. statistical software package |Confounding
(such as SPSS, SAS or R) would [Week 6: Estimating Odd Ratios in the Presence of
definitely be an advantage Interaction; The 2X2 Table - Stratified Analysis vs Logistic
Regression; Assessing the Fit of the Logistic Regression
Model
Week 7: Summary Measures of Goodness-of-Fit; Area
Under the ROC Curve
Week 8: R-squared-type Measures; Numerical Problems;
the Mortality of ICU Patients
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Week One:
Review of basic statistical concepts
Regression and correlation
\Week Two:
Linear regression
Focusing on linear and multiple regression, this course will provide theoretical and gressi
ractical training in statistical modelint Assumetions for linear regression
P 9 9: Students interested in this Hypothesis test and confidence intervals for model
This is a hands-on, applied course where students will become proficient at using
N - . Icourse should have taken a solid |parameters
lcomputer software to analyze data drawn primarily from the fields of medicine,
introductory statistical methods |Week Three:
|Applied Regression Analysis (Coursera Inc. nttps://www. coursera.ora/co [SPIdeMiolegy and public health. lcourse. While not absolutel The correlation coefficient
155[-PP! e ) Analy ICoursera Inc. Mountain View, CA L I There will be many practical examples and homework exercises in this class to help you |not described not described ? v : o o x  |Gimng Free o MooC
[The Ohio State University e urse/appliedrearession necessary, familiarity with some [The ANOVA table for straight line regression
MUEDETA—LED learn. If you fully apply yourself in this course and complete all of the homework, you
@ / " ° statistical software package Week Four:
will have the opportunity to master methods of statistical modeling when the response
(such as SPSS, SAS or R) would |Polynomial regression
Variable is continuous and you will become a confident user of the Stata* package for
|definitely be an advantage. Week Five:
lcomputing linear, polynomial and multiple regression. Motiole reqression
+Access to Stata will be provided at no cost for the duration of this course. ple reg
IThe partial F-test
Week Six:
Dummy (or indicator) variables
Statistical interaction
Comparing two straight line regression equations
Large amounts of heterogeneous medical data have become available in various
healthcare organizations (payers, providers, pharmaceuticals). Those data could be an
lenabling resource for deriving insights for improving care delivery and reducing waste.
Coursera Inc. The enormity and complexity of these datasets present great challenges in analyses and
IBig Data Analytics for Healthcare https: //www.coursera.org/co Y plexity P 9 9 .
156l et of et ol Coursera Inc. Mountain View, CA S — to a practical clinical environment. In this course, we introduce |? ? ? ? o ? [ Free o Mooc
2 urse/bigdataanalytics o o
2 =y BLaDETA—LED the characteristics and related analytic challenges on dealing with clinical data from
electronic health records. Many of those insights come from medical informatics
community and data mining/machine learning community. There are three thrusts in
this course: Application, Algorithm and System
Overview of the NIH Common Fund LINCS Program
Overview of the BD2K-LINCS Data Coordination and
Integration Center
Overview of the Data and Signature Generation Centers
) : (experiments and data)
" Basic courses in statistics and
Big Data Science with the BD2K- Metadata and Ontologies
X I The course will focus on various bicinformatics methods of analysis including: molecular biology are useful but
e ondinationtend (Coursera Inc. https://www.coursera.org/co |unsupervised clustering, gene-set enrichment analyses, Bayesian integration, network not required. Ability to write | Normalization
A D: a/ , gene- , , ) ] . ;
157|Integration Center Coursera Inc. Mountain View, CA P 9, 9 v ' 9 not described ot described d Unsupervised Learning Methods: Data Clustering o o x  |7:mr8 Free Mooc
X n urse/bd2klincs Visualization, and supervised machine learning applications to LINCS data and other short scripts in languages such
lcahn School of Medicine at Mount mUEhETA—LED UISE/RAZARES ! Supervised Learning Methods
can relevant Big Data from molecular biomedicine. a5 Python would be useful but
Sinai ot necessa Enrichment Analyses
- Network Analysis and Network Visualization
Cheminformatics
Serving data through RESTful APIs and JSON
Interactive Data Visualization of LINCS Data
Crowdsourcing Projects
Organize, analyze, and interpret any large, complex dataset, and apply your insights to
real-world problems and questions. You should have some prior
|In this Specialization, you will develop a robust set of skills that will allow you to lexperience with data
process, analyze, and extract meaningful information from large amounts of complex management and manipulation.
data. You will develop talking knowledge, and practical execution knowledge, for the | This Specialization is specifically
Hadoop platform, it's architecture and major elements of the ecosystem. Through designed for data analysts
P P . " d 4 ‘g 91 lysts, Course 1: Introduction to Big Data (3 weeks)
hands-on instruction and assignments, you will develop working knowledge of tools, business intelligence specialists, > we
° Course 2: Hadoop Platform and Application Framework (5
. Coursera e such as Spark, Pig, and Hive, and strategies for processing massive datasets using the developers, administrators, and | 21" 549 (first course)
N https://www.coursera.org/sp [map/reduce framework. You will be exposed to these tools and strategies as they might lother experienced data N N - . + o
158{The San Diego Supercomputer Center |Coursera Inc. Mountain View, CA IOUpS: /swusvs. COUTaC13,010/5p [map/ N P d strateg Y MO ot described not described P Course 3: Introduction to Big Data Analytics (? weeks) o o o |sEm~ o > Mooc
ne ecializations/big-data apply in particular to analyzing big data. You will become proficient in carrying out professionals. However, the 5 (other courses)
(SDSC) at UC San Diego FIVEDEIA—LED Course 4: Machine Learning With Big Data (? weeks)
scalable basic analysis and comfortable enough to apply advanced analytics, predictive content is also appropriate for N x $79
- ) N A Course 5: Introduction to Graph Analytics (? weeks)
modeling, o graph analysis to problems in your domain. In the final Capstone Project, any individual working na |02 T O et o ey
ldeveloped in partnership with data software company Splunk, you'll apply the skills you technical field who needs to : Bl P Ject (£
earned by tuning and scaling your own analysis, building your own model, applying better understand how big data
tools in new ways, or some other similar kind of effort, to analyze big data in the \works, including product
whatever area of your choice.This class is designed for non-programmers familiar with managers and managers of data
ISQL and desire big-data skill, and for programmers who are new to big data, or new to teams.
big data analytics.
This Specialization provides an introduction to big data analytics for il business
professionals, including those with no prior analytics experience. You'l learn how data Course 1: Customer Analytics (4 weeks)
Business Analytics ICoursera Inc. Ihttps://www.coursera.org/sp |analysts describe, predict, and inform business decisions in the specific areas of Course 2: Operations Analytics (4 weeks) $95 x 4 (courses)
159[The Wharton School of the University |Coursera Inc. Mountain View, CA ecializations/business- marketing, human resources, finance, and operations, and you'll develop basic data  |not described not described not described Course 3: People Analytics (? weeks) o| o x |amm~ + $215 (Capstone o Mooc
of Pennsylvania BLEDETA—LED analytics literacy and an analytic mindset that will help you make strategic decisions based on Course 4: Accounting Analytics (? weeks) Project)
data. In the final Capstone Project, you'll apply your skill to interpret a real-world data Capstone Project: Business Analytics Capstone (? weeks)
lset and make appropriate business strategy recommendations.
Module 1 (Weeks 1 & 2) Question: What common
background understanding do I need to get started in
improving my ability to critically and quantitatively reason
about health questions?
The course objective is to enable each student to enhance his or her quantitative .
) q Interest in the scientific method [Module 2 (Weeks 3 & 4) Question: How do the average
lscientific reasoning about problems related to human health. Biostatistics is about
|Case-Based Introduction to ICoursera Inc. ttps.//ww.coursera.ora)co Ve approuches - ideas and skills - to address bioscience and health problems. las broadly related to human  |medical care costs for people with a major smoking-
160[Biostatistics ICoursera Inc. Mountain View, CA - 9 PP * P > |not described not described health. Ability to reason caused disease (MSCD) differ from those for people o 2 x  |siEng Free o o Mooc
urse/casebasedbiostat ITo achieve mastery of biostatistics skills, a student must “see one, do one, teach one.
lohns Hopkins University MOEhEIA—LED urse/casebasedblostat ° precisely. Mathematics through |without MSCDs who are otherwise similar?
Therefore, the course is organized to promote regular practice of new ideas and el
methods. .
Module 3 (Week 5) Question: What is the rate of infant
survival during the first 26 weeks of life in southern Nepal
and how does the rate of survival vary by infant’s
gestational age, sex, or being a singleton versus twin
birth?
[You should be an experienced
programmer. We use a subset
lof Python in this course, and we
Istart by covering the relevant
features and syntax, so many
Istudents find they can get by  [The Function
In this class, you will learn the concepts and methods of linear algebra, and how to use lwithout prior knowledge of IThe Field
them to think about problems arising in computer science. You will write small Python. The Vector
ICoding the Matrix: Linear Algebra Coursera Inc brograms in the programming language Python to implement basic matrix and vector ['You are not expected to have  [The Vector Space
through Computer Science : https://www.coursera.ora/co [functionality and algorithms, and use these to process real-world data to achieve such lany background in linear The Matrix .
1 . 9 N P ICoursera Inc. Mountain View, CA — . Y 9 N P not described not described v 9 O ? (e} 10:8R3 Free o MOOC
lApplications nt urse/matrix tasks as: 1al graphics transformations, face morphing, face detection, algebra. However, you should ~ [The Basis
’ mUaDETA—LED urse/matrix
[Brown University image transformations such as blurring and edge detection, image perspective removal, be prepared to read and Dimension
classification of tumors as malignant or benign, integer factorization, error-correcting some Gaussian
lcodes, and secret-sharing. proofs. At Brown University, a  |[The Inner Product
similar course is taken mostly by Orthogonalization
Isophomore computer science
majors who have taken at least
ltwo semesters of programming
land one semester addressing
proof techniques.
Exploratory and objective data analysis methods applied to the physical, engineering,
(Computational Methods for Data Coursera Inc. s/ Jusucoursera.ora/co | PI010GICal Sciences. Brief review of statistical methods and their computational Solid background in ODEs and
162|Analysis ICoursera Inc. Mountain View, CA urgz/'c(’w: e = for studying time series analysis, spectral analysis, filtering methods,  [not described not described familiarity with PDEs and not described o 2 O |1omrg Free o MooC
0 2 lurse/compmethods j ‘
lUniversity of Washington mUEhETA—LED principal component analysis, orthogonal mode decomposition, and image processing MATLAB
and compression.
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Week 1. Intro: Examples of data and data analysis
problems; visualization.
Week 2. 1D analysis. Feature scales. Histogram. Two
common types of histograms: Gaussian and Power Law.
Central values. Minkowski distance and data recovery
\view. Validation with Bootstrap.
Week 3-4. 2D analysis cases:
(Both quantitative: Scatter-plot, linear regression,
This is an unconventional course in modern Data Analysis, Machine Learning and Data Basics of calculus: the concepts |correlation and determinacy coefficients: meaning and
Mining. Its contents are heavily influenced by the idea that data analysis should help in of function, derivative and the ~ |properties. Both nominal: Contingency table, Quetelet
lenhancing and i of the domain as r by the concepts first-order optimality condition; ~[index, Pearson chi-squared coefficient, its double meaning
\Coursera Inc. land statements of relation between them. According to this view, two main pathways Basic linear algebra including and visualization).
(Core Concepts in Data Analysis : for data analysis are summarization, for developing and augmenting concepts, and Vectors, inner products,
1 5 i Coursera Inc. Mountain View, CA g Ve ping < 9 pts not described not described s, inner p . o o x  |smrg Free o o MooC
Higher School of Economics Bt g 1D urse/datan correlation, for enhancing and establishing relations. The term summarization embraces Euclidean distances, matrices; | Week 5-6. Learning mulivariate correlations
e here both simple summaries like totals and means and more complex summaries: the Basic set theory notation; and |(Bayes approach and Naive Bayes classifier with a Bag-of-
principal components of a set of features and cluster structures in a set of entities. Basic coding ability in an words text model; Decision trees and criteria for building
Similarly, correlation covers both bivariate and multivariate relations between input and lenvironment such as MatLab, or [them.)
target features including Bayes classifiers. R, or any other software.. Week 7. Principal components (PCA) and SVD
(SVD model behind PCA: student marks as the product of
subject factor scores and subject loadings. Application to
deriving a hidden underlying factor. Data visualization with
PCA. Conventional PCA and data normalization issues.)
Week 8. Clustering with k-means
(K-Means iterations and K-Means features
K-Means criterion. Anomalous clusters and intelligent K-
Means.)
Learn SAS or Python programming, expand your knowledge of analytical methods and
applications, and conduct original research to inform complex decisions.
The Data Analysis and Interpretation Specialization takes you from data novice to data ome knowledge of basic Course 1: Data Manegement and Visualization (4 weeks)
lanalyst in just four project-based courses. You'll learn to apply basic data science tools g Course 2: Data Analysis Tools (4 weeks)
) ) Coursera Inc. ; programming and familiarity 579 x 4 (courses)
Data Analysis and Interpretation https://www.coursera.ora/sp [and techniques, including data visualization, regression modeling, and machine learning. Course 3: Regression Modeling in Practice (? weeks) . . §
164 > ang ICoursera Inc. Mountain View, CA not described not described lwith linear algebra concepts may| o o x  |aEm~ + $79 (Capstone o o MooC
\Wesleyan University N ecializations/data-analysis IThroughout the Specialization, you will analyze research questions of your choice and N Course 4: Machine Learning for Data Analysis (? Weeks)
mUEhETA—LED R ; be helpful, but no specific ! Project)
lsummarize your insights. In the final Capstone Project, you will use real data to address background is required Capstone Project: Data Analysis and Interpretation
lan important issue in society, and report your findings in a professional-quality report. g q : Capstone (? weeks)
These instructors are here to create a warm and welcoming place at the table for
leveryone. Everyone can do this, and we are building a community to show the way.
The Data Mining Specialization teaches data mining techniques for both structured data Course 1: Pattern Discovery in Data Mining (? weeks)
which conform to a clearly defined schema, and unstructured data which exist in the Course 2: Text Retrieval and Search Engines (? weeks)
P b (Coursera Inc. Ihttps: //www.coursera.org/sp [form of natural language text. Specific course topics include pattern discover Course 3: Cluster Analysis in Data Mining (? weeks) $49 x5 (courses)
165{University of Tllinois at Urbana- ICoursera Inc. Mountain View, CA . o 9uag pe P P " not described not described not described : Ve 9 o o 2 + $49 (Capstone o Mooc
= — S lecializations/datamining lclustering, text retrieval, text mining and analytics, and data visualization. The Capstone Course 4: Text Mining and Analytics (? weeks) eroject)
project task is to solve real-world data mining challenges using a restaurant review data Course 5: Data Visualization (? Weeks)
lset from Yelp. Capstone Project: Data Mining Capstone (? weeks)
Learners will need intermediate
) ) programming experience
Learn scalable data management, evaluate big data technologies, and design effective
loations g . 9 9! 91 (roughly equivalent to two Course 1: Data Manipulation at Scale: Systems and
! - ) ) college courses) and some  [Algorithms (4 weeks)
This Specialization covers intermediate topics in data science. You will gain hands-on
familiarity with databases. Course 2: Practical Predictive Analytics: Models and
Coursera Inc. ) experience with scalable SQL and NoSQL data management solutions, data mining 579 x 3 (courses)
Data Science at Scale nttps://www.coursera.ora/sp ° ° ; ) Programming assignments |Methods (4 weeks) PR s N ) )
166 ICoursera Inc. Mountain View, CA and practical statistical and machine learning concepts. You will also learn to|not described not described o o o] |43EIf ~ + $79 (Capstone (0] O o MOOC
IThe University of Washington n ecializations/data-science b lthroughout the Specialization  |Course 3: Communicating Results: Visualization, Ethics,
MOADETA—LED SCAEEHONS/CAASAENCE  Nisyalize data and communicate results, and you'll explore legal and ethical issues that i~ Project)
will use a combination of Reproducibility (? Weeks)
arise in working with big data. In the final Capstone Project, developed in partnership
h Python, SQL, Scala, R, and Capstone Project: Data Science at Scale - Capstone Project|
\with the digital internship platform Coursolve, you'll apply your new skills to a real-world N N
: Javascript; familiarity with one  |(2 weeks)
data science project.
lor more of these languages will
be helpful.
Course 1: The Data Scientist's Toolbox (4 weeks)
) ) ’ . ; : Course 2: R Programming (4 weeks
lAsk the right questions, manipulate data sets, and create visualizations to communicate Some programming experience 9 9 ( )
uite (i oy ngunge) i Course 3: Getting and Cleaning Data (4 weeks)
nttps://www.coursera.ora/sp oo o ) Course 4: Exploratory Data Analysis (4 weeks 29 (first course
ICoursera Inc. ps:// /S i covers the concepts and tools you'll need throughout the entire data recommended. We also suggest ploratory ysis ( ) 329 ( )
Data Science ecializations/jhudatascience? Course 5: Reproducible Research (4 weeks) B . + .
1 \Coursera Inc. Mountain View, CA ccializations/ JUCATAsCencer | o ce pipeline, from asking the right kinds of questions to making inferences and not described not described la working knowledge of o o o |eEm~ o o %@ |MooC
lJohns Hopkins University nt utm_medium=spark_cdp_sid ! ) Course 6: Statistical Inference (4 weeks) 9 (other courses)
MUADETA—LED publishing results. In the final Capstone Project, you'll apply the skills learned by mathematics up to algebra
ebar Course 7: Regression Models (4 weeks) x $49
=2t building a data product using real-world data. At completion, students will have a (neither calculus or linear
ortfolio demonstrating their mastery of the material lalgebra are required) Course 8: Practical Machine Learning (4 weeks)
P 9 i - 9 quired). Course 9: Developing Data Products (4 weeks)
Capstone: Data Science Capstone (7 weeks)
Evaluate business needs; design a data warehouse; and integrate, and visualize data You should have some prior
using dashboards and visual analytics. lexperience with software
ing i perk Course 1: Database Management Essentials (7 weeks)
IThis Specialization covers data architecture skills that are increasingly critical across a lengineering and business
: : ’ 5 |Course 2: Data Warehouse Concepts, Design, and Data
broad range of technology fields. You'lllearn the basics of structured data modeling, inteligence. This Specialization || 112 2" P8 T
N - jain practical SQL coding experience, and develop an in-depth understanding of data is designed primarily for
IData Warehousing for Business ICoursera Inc. Ihttps://www.coursera.org/sp |2 P des\qn o dgata :ﬁm o ol :ave the 0" artonity to Worgk ot oo So&wagre ehpmeermy Course 3: Relational Database Support for Data 579 x 4 (courses)
168|Intelligence Coursera Inc. Mountain View, CA ecializations/data- 9 P PP 9€ |not described not described 9 9 Warehouses (? weeks) o o o |sEm~ + $79 (Capstone o o MooC
University of Colorado System R R SR~ 1)) arehousin: data sets in a data to create and Visual Analytics. professionals seeking to enter |-\ o4 5 ciness Intelligence Concepts, Tools, and Project)
EE: -, Wi . . 2 2
Y ¥s warehousing You will use of MicroStrategy, a leading BI tool, OLAP (online analytical processing) and e fields of data engineering, [, 2152 & PSS 9 P )
Visual Insights capabilities to create dashboards and Visual Analytics. In the final architecture, or big data PP y
p - ‘ ' Capstone Project: Design and Build a Data Warehouse for
(Capstone Project, you'l apply your skills to build a small, basic data warehouse, lanalytics, but other experienced
Business Intelligence Implementation (? weeks)
populate it with data, and create dashboards and other visualizations to analyze and technical professionals are also
communicate the data to a broad audience. welcome.
Master strategic marketing concepts and tools to address brand communication in a Course 1: Marketing in a Digital World (4 weeks)
digital world. Course 2: Digital Analytics for Marketing Professionals:
This Specialization covers the concepts, tools, and techniques you need to communicate Marketing Analytics in Theory (4 weeks)
Digital Marketing Coursera Inc. Inttps://www.coursera.ora/sp |with customers in a systematic and integrated way and to create effective targeted Course 3: Digital Analytics for Marketing Professionals: 579 x 5 (courses)
169|University of Tllinois at Urbana- Coursera Inc. Mountain View, CA ecializations/digital- promotional campaigns. When you complete the Digital Marketing Specialization, you  |not described not described not described Marketing Analytics in Practice (4 weeks) o o X |aEm~ + $79 (Capstone o o MooC
(Champaign muEhETA—LE0D marketing will understand strategic marketing concepts and the tools required to make informed Course 4: Digital Marketing Channels: The Landscape (4 Project)
decisions and set the direction for your company, business unit, department, or product weeks)
line in a digital ecosystem. This Specialization is part of the University of Illinois iMBA Course 5: Digital Marketing Channels: Planning (4 weeks)
Program. Capstone Project: Digital Marketing Capstone (? weeks)
The course has an open format. At the start of the course
all of the assignments and lectures are available and each
student is free to design their own plan of study and
roceed at their own pace. The assessments in the course|
This class is an introduction to discrete optimization and exposes students to some of P ir own p ! ure
y § consist of five programming tasks where students
biscrete Optimization Coursera Inc. s/ usucoursera.ora/co |18 MOSt fundamental concepts and aigorithms in the field. It covers constraint (Good programming skills, e the e i tion
170 2 ICoursera Inc. Mountain View, CA — - L g, local search, and g from their to  |not described not described knowledge of fundamental P g€ P! o o lo3Rg Free o o Mooc
[The University of Melbourne o urse/optimization " ) h problems such as selecting the most profitable locations of
muEhETA—LED their for complex practical problems in areas such as scheduling, vehicle algorithms, and linear algebra.
retail stores (facility location) and the design of package
routing, supply-chain optimization, and resource allocation. )
delivery routes (vehicle routing). The class community is
an important aspect of this course and students are
encouraged to collaborate and help each other in the
completion of the assignments.
The course s suitable for
advanced undergraduate] Week 1: Welcome Module and Simple Regression
When you know econometrics, you are able to translate data into models to make (advanced undergraduate) u imple Regressi
h : students in economics, finance, |Week 2: Multiple Regression
forecasts and to support decision making in a wide variety of fields, ranging from
§ business, engineering, and data |Week 3: Model Specification
[Econometrics: Methods and ICoursera Inc. Ihttps://www.coursera.org/leal macroeconomics to finance and marketing. Our course starts with introductory lectures lanalysis, as well as for those Week 4: Endogeneits
wwr.c ' ) ’ , : I . i
171|Applications Coursera Inc. Mountain View, CA - 97183l simple and multiple regression, followed by topics of special interest to deal with |not described not described ¥: genelty o o x  |siERg Free o o Mooc
” N rn/erasmus-econometrics \who work in these fields. The Week 5: Binary Choice
[Erasmus University Rotterdam MuabtEIA—ABE0 model ., g variables, binary choice data, and time series data. N
° " ° : " course requires some basics of | Week 6: Time Series
You learn these key topics in econometrics by watching the videos with in-video quizzes
by making Post-vides tiaining exerciocs matrices, probability, and Week 7: Case Project
Y 9P 9 g statistics, which are reviewed in |Week 8: OPTIONAL, Builiding Blocks
the Building Blocks module.
Course 1: Business Metrics for Data-Driven Companies (4
Formulate data questions, explore and visualize large datasets, and inform strategic No prior experience with i) panies (:
decisions. analytics or programming is
" . N . " P Course 2: Mastering Data Analysis in Excel (? weeks;
Excel to MySQL: Analytic Techniques Coursera Inc. 51 Janmmcoursera,orgyiea| ! S SPeCialization, you'l leam to frame business challenges as data questions. You'l required. This Specialization is | o= 2 FESES Bore Anabe Communi;mn WWL 579 x 4 (courses)
172|for Business. Coursera Inc. Mountain View, CA 052 - 019718, o powerful tools and methods such as Excel, Tableau, and MySQL to analyze data,  |not described not described intended for anyone with an : o o x  |aEm~ + $79 (Capstone o o MooC

Duke University

MuabEIA—LE0D

m/analytics-business-metrics

create forecasts and models, design visualizations, and communicate your insights. In
the final Capstone Project, you'll apply your skills to explore and justify improvements to
a real-world business process.

interest in data analysis and its
lapplications in business
decision-making.

Tableau (5 weeks)
Course 4: Managing Big Data with MySQL (? weeks)
Course 5: Excel to MySQL: Analytic Techniques for
Business Capstone (? weeks)

Project)
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lAssemble the right team, ask the right questions, and avoid the mistakes that derail
data science projects.
In four intensive courses, you will leam what you need to know to begin assembling and Course 1: A Crash Course in Data Science (1 week)
eading a data science enterprise, even if you have never worked in data science before. A basic understanding of how |Course 2: Building a Data Science Team (1 week)
) ) Coursera Inc. nttps://www.coursera.or ) ¢ " ’ ) 549 x 4 (courses)
Executive Data Science You'll get a crash course in data science so that you'll be conversant in the field and data can be used in an industry, [Course 3: Managing Data Analysis (1 Week) 5
73| N |Coursera Inc. Mountain View, CA ecializations /executive-dat: " not described not described o] x + $49 (Capstone (e} o MOOC
liohns Hopkins University e cclalizations/eXxecUfVeAata |y derstand your role as a leader. You'll also learn how to recruit, assemble, evaluate, lacademic, or government Course 4: Data Science in Real Life (1 week)
MUADETA—LED science ; ) : Project)
land develop a team with complementary skill sets and roles. You'll learn the structure of lenvironment. Capstone Project: Executive Data Science Capstone (?
the data science pipeline, the goals of each stage, and how to keep your team on target weeks)
. Finally, you'll learn some down-to-earth practical skills that will help you
lovercome the common challenges that frequently derail data science projects.
|We are constantly using experiments to tweak and find improvements in our personal Week 1: Introduction
lives, our communities, and in our work. But are you doing it efficiently? Or are you Week 2: Analysis of experiments by hand
X § ICoursera Inc. i} I This course is for anyone working in a company, or §
[Experimentation for Improvement Ihttps://www.coursera.orq/lea|changing one thing at a time and hoping for the best? § You don't need to be a Week 3: Using computer software to analyze experiments |
7 on ICoursera Inc. Mountain View, CA d not described wanting to make changes to their life, their community, o x Free o o Mooc
IMcMaster University IOt 1D n/experimentation In this course, you'll learn how to plan efficient experiments using statistical methods - o neiahbouthoon Istatistician or scientist! Week 4: Half fractions and fractional factorials
S lenabling you to test for many variables that lead to better results using a few 9 . Week 5: Response surface methods (RSM)
lexperiments. A key part of the course is how to optimize a system. Week 6: Wrap-up and future directions
Course 1: Introduction to Genomic Technologies (4 weeks)
Course 2: Genomic Data Science with Galaxy (4 weeks)
Course 3: Python for Genomic Data Science (4 weeks)
This specialization covers the concepts and tools to understand, analyze, and interpret
! A Course 4: Command Line Tools for Genomic Data Science
data from next generation sequencing experiments. It teaches the most common tools
(Genomic Data Science (Coursera Inc. https://www.coursera.ora/sp |used in genomic data science including how to use the command line, Python, R, (4 weeks) 849 x 7 (courses)
° ; Coursera Inc. Mountain View, CA M 9 e ! not described not described not described Course 5: Algorithms for DNA Sequencing (4 weeks) o x +$49 (Capstone o MooC
[iohns Hopkins University ecia s/genomics and Galaxy. The sequence is a stand alone introduction to genomic data
Puaht T4 —LED Course 6: Bioconductor for Genomic Data Science (4 Project)
science or a perfect compliment to a primary degree or postdoc in biology, molecular oy
biology, or genetics.
¥, or genet Course 7: Statistics for Genomic Data Science (4 weeks)
Capstone Project: Genomic Data Science Capstone (?
weeks)
IAn overview to the state of the art of interactive data visualization in healthcare. The
course will cover data visualization principles, methods, and techniques. Students will
understand the wide variety of data visualizations and know what visualizations are
) ) Coursera Inc. lappropriate for various types of data and for different goals; learn how how data
Healthcare Data Visualization https://www.coursera.ora/co [0 P o i - N . o
7 e e s ] ICoursera Inc. Mountain View, CA urse/healthdatavisual use dynamic interaction methods to help users understand data; learn to |? ? ? ? o ? Free o MOOC
g 09, MOADE DA —AED urse/healthdatavisual lapply an understanding of human perceptual and cognitive capabilities to the design of
data visualizations; develop skills in critiquing different visualization techniques in the
lcontext of user goals and objectives; and understand how to design and implement data
Visualizations.
Part 1: Data Manipulation at Scale
Databases and the relational algebra
Parallel databases, parallel query processing, in-database
analytics
MapReduce, Hadoop, relationship to databases,
algorithms, extensions, languages
|Commerce and research are being transformed by data-driven discovery and prediction. 9 X! guag
! We expect you to have Key-value stores and NoSQL; tradeoffs of SQL and NoSQL
kills required for data analytics at massive levels - scalable data management on and '
intermediate programming Part 2: Analytics
off the cloud, parallel algorithms, statistical modeling, and proficiency with a complex
The target audience is undergraduate students across  [experience and familiarity with ~[Topics i statistical modeling: basic concepts, experiment
) Coursera Inc. lecosystem of tools and platforms - span a variety of disciplines and are not easy to ! ! ’
Introduction to Data Science disciplines who wish to build proficiency working with large databases, roughly equivalent to|design, pitfalls )
77| |Coursera Inc. Mountain View, CA lobtain through conventional curricula. Tour the basic techniques of data science, not described (o] (e} Free (o] MOOC
University of Washington nt urse/datasci datasets and a range of tools to perform predictive ltwo college courses. We wil [Topics in machine learning: supervised leaning (rules,
MUADETA—LED including both SQL and NoSQL solutions for massive data management (e.g., ’ : :
analytics. have four programming trees, forests, nearest neighbor, regression), optimization
MapReduce and contemporaries), algorithms for data mining (e.q., clustering and
lassociation rule mining), and basic statistical modeling (e.g., linear and non-linear two in Python, descent and variants), unsupervised learning
earession) 9 9 (.9 in SQL, and one in R. Part 3: Communicating Results
o : Visualization, data products, visual data analytics
Provenance, privacy, ethics, governance
Part 4: Special Topics
Graph Analytics: structure, traversals, analytics, PageRank,|
community detection, recursive queries, semantic web
Guest Lectures
You will learn
@ what combination of data, technologies, and tools can
be used in people management processes to improve
performance
@ how to use some of these tools and how to select the
lones that suit your objectives and budget
) @ to design individual and team development plans and Week 1: Introduction
This course is designed to provide you with an understanding of the role of data and 9 pment pl
technology in human capital management. Every topic in the course will be covered in | Te5u® [ts ROI for the organization \Week 2: Performance
Introduction to People Analytics ICoursera Inc. 9y In P! 9 Y top @ how to figure out the qualities that lead employees to Week 3: Culture and Assessments.
https://www.coursera.ora/lealthe most practical way so that leamers get hands-on experience. In the course we use . §
IMoscow Institute of Physics and ICoursera Inc. Mountain View, CA ltheir best performance so you know what to encourage in |not described not described Week 4: Compensation o x Free o Mooc
N rn/people-analytics the 4Ts principle: Task, Theory, Technique and Technology so that there is always a N
[Technology MUEDETA—LED T/ DECRIE-BNIVECS o : lcurrent and look for in new employees Week 5: Motivation and Engagement
connection to organizational performance objectives, an overview of underlying theories
@ how to identify the right channels to recruit your Week 6: Workforce Planning and Recruitment.
land principles, and specific tools which help achieve business objectives.
lemployees or team members Week 7: Development
® what of monetary and
motivation tools work best for your organization
@ how to predict what people willleave in the near future
and how to make sure some of them stay
@ how to measure engagement and make a strong
lorganizational culture improve performance
\Week 1: Introduction to Recommender Systems
Week 2: Non-Personalized Recommenders
N IThe algorithms we will study include content-based filtering, user-user collaborative Week 3: Content-Based Recommenders
Introduction to Recommender Coursera Inc. ! " - :
https://www.coursera.ora/leaffiltering, item-item collaborative filtering, dimensionality reduction, and interactive Week 4: User-User Collaborative Filtering . :
Systems ICoursera Inc. Mountain View, CA not described not described not described O x Free O MOOC
e —— R, /recomr ms  |critique-based r The approach will be hands-on, with six week projects, Week 5: Evaluation
7 e leach of which will involve implementation and evaluation of some type of recommender. Week 6: Item Based
Week 7: Dimensionality Reduction
Week 8: Advanced Topics
Statistics is the lingua franca of modern science, including the social sciences. It is also
of ever greater importance in daily life, as data of all sorts are now ubiquitous. Statistical
lite he f it val th fi f I iti .
teracy is hence of great value, both for academic purposes and for our daily routines MODULE I: DESCRIPTIVE STATISTICS
This course offers a solid foundation in statistical reasoning and its uses in the
Week 1: Understanding the properties of a single variable
lquantitative social sciences.
; o ) ) ) ) through visualization
Learning statistics can be a daunting experience. There is a plethora of statistical
; Week 2: Understanding the properties of a single variable
concepts to master and many of them come with a hefty dose of mathematical notation. e s
The goal of the present course s to develop a clear path through the conceptual forest < i
; ‘ Week 3: Understanding associations between variables
land to explain each concept both in its narrow meaning and as a part of the larger
) - enterprise of statistical reasoning. Mathematical skills are not taken for granted; instead,
[ntroduction to Statistics for the Social (Coursera Inc. e shall reviews the necessary mathomatical ool so that you will not get suck on ths There are no prerequisites for  [[{00 - 11 PROBABILITY THEORY
180|Sciences |Coursera Inc. Mountain View, CA laspect. Y v g not described not described this course. P q Week 4: Understanding and computing with probabilities (o] x Free (e} o MOOC
University of Zurich MUADETA—LED pect ) ) . Week 5: Random variables and distributions
The field of statistics is sometimes divided into descriptive and inferential statistics, with
Week 6: Commonly used statistical distributions
probability theory forming a bridge between the two. In this course, we start out
descriptively, by considering different ways in which we can learn from data. We then MODULE I11: INFERENTIAL STATISTICS
delve into the subject of probability theory, to end with a discussion of statistical
: ° Week 7: Understanding sampling
inference. The emphasis in this part is on learning how to draw conclusions about
Week 8: A primer of estimation theory
populations with the help of data from a sample /
. ) Week 9: The theory of hypothesis testing
By the end of this course, you should have a good feeling for descriptive statistics,
Week 10: Commonly used statistical tests
statistical inference, and probability theory. You should also understand the interplay of
these elements in the broader enterprise of statistical reasoning. And you should feel
more comfortable reading about statistics and using them in your own work.
IThe most important Linear modeling, of standard
is familiarity with linear algebra. |forms
This course serves as an introduction to linear and discrete optimization from the Y 9
Linear and Discrete Optimization (Coursera Inc. N It will be useful to have some Basic solutions, primal and dual feasible basic solutions,
” rete Optin www.coursera.ora/co [viewpoint of a mathematician or computer scientist. Besides learning how linear and ° : ’ .
181[Ecole Polytechnique Fédérale de Coursera Inc. Mountain View, CA not described not described programming proficiency ina [pivoting and the simplex method o o Free MooC
urse/linearopt discrete optimization can be applied, we focus on understanding methods that solve
Lausanne PLahtE T4 —LED - . . higher level programming I Termination and complexity of the simplex method
linear programs and discrete optimization problems in a mathematically rigorous way. °
language such as Java or Integer programming, bipartite matching and flows
Python. Models of computation, bit-complexity
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Week 1: Introduction, Linear Regression with One
Variable, Linear Algebra Review
Week 2: Linear Regression with Multiple Variables, Octave
This course provides a broad introduction to machine learning, datamining, and oo " Reg ple Var
statistical pattern recognition. Topics include: (i) Supervised learing (parametric/non-
P 9 P (i Sup 9 (P / Week 3: Logistic Regression, Regularization
parametric algorithms, support vector machines, kernels, neural networks). (i)
) " : . Week 4: Neural Networks, Representation
Machine Learnin Coursera Inc. https: //www.coursera.org lea| UTSUPerVised learning reduction, r systems, Week 5: Neural Networks: Learnin
8 9 ICoursera Inc. Mountain View, CA — . -0r9/18a jeep learning). (iii) Best practices in machine learning (bias/variance theory; innovation |not described not described not described : : 9 o |113mR8 Free o Mooc
Stanford University n n/machine-learning/ N Week 6: Advice for Applying Machine Learning, Machine
mUEhETA—LED process in machine learning and Al). The course will also draw from numerous case : "
’ Learning System Design
Istudies and applications, so that you'll also learn how to apply learning algorithms to ook 71 Semport Vector Machine
building smart robots (perception, control), text understanding (web search, anti-  Support V )
Week 8: Unsupervised Learning, Dimensionality Reduction
lspam), computer vision, medical informatics, audio, database mining, and other areas.
Week 9: Anomaly Detection, Recommender Systems
Week 10: Large Scale Machine Learning
Week 11: Application Example: Photo OCR
Machine learning algorithms can figure out how to perform important tasks by
ing from examples. This is often feasible and cost-effective when manual
programming is not. Machine learning (also known as data mining, pattem recognition
land predictive analytics) is used widely in business, industry, science and government,
and there is a great shortage of experts in it. If you pick up a machine learning
textbook you may find it forbiddingly mathematical, but in this class you will learn that Week One: Basic concepts in machine learning.
the key ideas and algorithms are in fact quite intuitive. And powerfull Week Two: Decision tree induction,
! IThe main prerequisite for this f
Most of the class will be devoted to supervised learning (in other words, learning in nain pr Week Three: Learning sets of rules and logic programs.
class is basic knowledge of
lwhich a teacher provides the learner with the correct answers at training time). This is Week Four: Instance-based learning.
Machine Learnin (Coursera Inc. https://www.coursera.ora/co [the most mature and widely used type of machine learning. We will cover the main programming. Some Previous \y. oy give: statistical learnin
. o Coursera Inc. Mountain View, CA v used typ oy not described not described lexposure to probability, 9 x |1omm Free o Mooc
lUniversity of Washington urse/machlearning lsupervised learning techniques, including decision trees, rules, instances, Bayesian Week Six: Neural networks.
MuabEIA—LBED " " . statistics, linear algebra, calculus|
techniques, neural networks, model ensembles, and support vector machines. We will N Week Seven: Model ensembles.
land/or logic is useful but not
also touch on learning theory with an emphasis on its practical uses. Finally, we will o Week Eight: Learning theory.
cover the two main classes of unsupervised learning methods: clustering and g Week Nine: Support vector machines
dimensionality reduction. Throughout the class there will be an emphasis not just on Week Ten: Clustering and dimensionality reduction.
individual algorithms but on ideas that cut across them and tips for making them work.
In the class projects you will build your own implementations of machine learning
lalgorithms and apply them to problems like spam filtering, clickstream mining,
" systems, and biology. This will get you as close to
becoming a machine learning expert as you can in ten weeks!
You should have some
lexperience with computer
programming; most
lassignments in this . Ny
gnments in ¢ Course 1: Machine Learning Foundations: A Case Study
Specialization will use the
Python programming language. | \PPro3ch (6 weeks)
This Specialization provides a case-based introduction to the exciting, high-demand field T‘(\is . ;’u;‘zaﬁon ‘Sg des? negd * |Course 2: Regression (? weeks)
Machine Learnin Coursera Inc. Ihttps://www.coursera.org/sp |of machine learning. You'll learn to analyze large and complex datasets, build i euﬁza” for sconticte agnd Course 3: Classification (? weeks) $79 x 5 (courses)
84 ° o (Coursera Inc. Mountain View, CA machine- that can make from data, and create systems that adapt and  |not described not described P v Course 4: Clustering & Retrieval (? weeks) x |G~ +579 (Capstone | O Mooc
University of Washington v software developers who want
FVEDEIA—LED learning improve over time. In the final Capstone Project, you'll apply your skills to solve an oo exoand their ckills inte dats _|COUTSE 5¢ Recommender Systems & Dimensionality Project)
original, real-world problem through implementation of machine learing algorithms. oXp Reduction (2 weeks)
science and machine learning,
Capstone Project: Machine Learning Capstone: An
put is appropriate for anyone |, oyigent Appiication with Deep Learing (? weeks)
with basic math and gent App P 9
programming skills and an
interest in deriving intelligence
from data.
This course gives you the tools to measure brand and customer assets, perform ek 1: Marketing Resource Allocation
regression analysis, and design experiments as a way to evaluate and optimize
Marketing Analytics (Coursera Inc. https://www.coursera.ora/lea|marketing campaigns. Real-world examples with companies such as Snapple, 18M, and Week 2: Metrics for Measuring Brand Assets
8 LI Coursera Inc. Mountain View, CA D5/ 2.0rafes 9 campaigns. P P ppie, T5M, not described not described not described Week 3: Customer Lifetime Value x  |sEm Free o o MooC
lUniversity of Virginia n m/market-analytics Netflix show how marketing analytics informs important decisions. This course is ideal
mUEDETA—LE0 (AMAKEEANSVEES ! Week 4: Regression Basics
for learners who want to grow their knowledge, develop their career portfolio, and °
Week 5: Marketing Experiments
improve the effectiveness of their marketing campaigns.
A basic understanding of
scientific principles and research
Identify interesting questions, analyze data sets, and correctly interpret results to make methods may be helpful, but is |Course 1: Quantitative Methods (8 weeks)
) ) solid, evidence-based decisions. not required. Only very basic  |Course 2: Qualitative Research Methods (8 weeks
IMethods and Statistics in Social Coursera Inc. ! ! ) ) au v very Qual ( ) 549 x 4 (courses)
This Specialization covers research methods, design and statistical analysis for social math skils are required, you  |Course 3: Basic Statistics (2 weeks) y §
186(Sciences |Coursera Inc. Mountain View, CA P not described not described x BiER~ + $49 (Capstone o MOOC
e Bt g 1D science research questions. In the final Capstone Project, you'll apply the skills you should be able to perform: |Course 4: Inferential Statistics (? weeks) orogect)
ea learned by developing your own research question, gathering data, and analyzing and laddition, subtraction, Capstone Project: Social Science Final Research Project (7 d
reporting on the results using statistical methods. multiplication, calculation o |weeks)
lsquare, square root, exponents
land logarithms.
Week 1: MapReduce
Link Analysis -- PageRank
Week 2: Locality-Sensitive Hashing -- Basics +
|Applications
) ) Distance Measures
|We introduce the participant to modern distributed file systems and MapReduce, Nearest Neighbors
including what distinguishes good MapReduce algorithms from good algorithms in 9
A course in database systems is|Frequent Itemsets
general. The rest of the course is devoted to algorithms for extracting models and
recommended, as is a basic Week 3: Data Stream Mining
information from large datasets. Participants will learn how Google's PageRank N
Mining Massive Datasets Coursera Inc. https://www.coursera.org/co |algorithm models importance of Web pages and some of the many extensions that have course on algorithms and data |Analysis of Large Graphs
Ihttps://www.coursera.org/co .
87| 9 |Coursera Inc. Mountain View, CA i 9 P pag U not described not described |structures. You should also Week 4: Recommender Systems (e} 738k Free e} MOOC
Stanford University N urse/mmds been used for a variety of purposes. We'll cover locality-sensitive hashing, a bit of -
mUEhETA— LB rsermmes ) ’ mathematics up to ~[Dimensionality Reduction
magic that allows you to find similar items in a set of items so large you cannot possibly
multivariable calculus and linear [Week 5: Clustering
lcompare each pair. When data is stored as a very large, sparse matrix, dimensionality - .
algebra. Computational Advertising
reduction is often a good way to model the data, but standard approaches do not scale
Week 6: Support-Vector Machines
well; we'll talk about efficient approaches. N
Decision Trees
MapReduce Algorithms
Week 7: More About Link Analysis -- Topic-specific
PageRank, Link Spam.
More About Locality-Sensitive Hashing
Jropics covered include:
A basic knowledge of probability ||
In this course you will study mathematical and computational models of language, and (e.a. you should be famiar with - Language modeling.
the application of these models to key problems in natural language processing. The o 2. Hidden Markov models, and tagging problems
O —— Coursera Inc. ttps) . coursera.org/co |2 NeS @ focus on machine learning methods, which are widely used in modern NLP esamotions etc') bt 3. Probabilistic context-free grammars, and the parsing
ps: sera.org ) , etc), - .
i ugiv:'sity Z Coursera Inc. Mountain View, CA ree olon systems: we will cover formalisms such as hidden Markov models, probabilistic context- [not described not described e eon of oot 4 |problem. x  [10mm Free o MooC
MLEDETA—LED e free grammars, log-linear models, and statistical models for machine translation. The 9 9 4 4. Statistical approaches to machine translation.
basic knowledge of calculus achine el
curriculum closely follows a course currently taught by Professor Collins at Columbia oo how t 8ferentinte simpie| - Log-inear madels, and their appicaton to NLP
University, and previously taught at MIT. fufc‘t'mg Ple roblems.
. 6. Unsupervised and semi-supervised leaming in NLP.
No background in natural
language processing is required.
Students will be expected to
know a bit of basic probability
(know Bayes rule), a bit about
lvectors and vector spaces (could
This course covers a broad range of topics in natural language processing, including length normalize a vector), a bit
lword and sentence tokenization, text classification and sentiment analysis, spelling lof calculus (know that the IThe following topics will be covered in the first two weeks:
courcera Inc correction, information extraction, parsing, meaning extraction, and question answering, erivative of a function s zero at|Introduction and Overview
INatural Language Processin ) \We will also introduce the underlying theory from probability, statistics, and machine N la maximum or minimum of a Basic Text Processin:
S & Coursera Inc. Mountain View, CA ‘ : ving tneory from p Iy ! not described not described ) rocessing o P Free o Mooc
Stanford University e urse/nlp learning that are crucial for the field, and cover fundamental algorithms like n-gram function), but we will review | Minimum Edit Distance
MUEDETA—LED
language modeling, naive bayes and maxent classifiers, sequence models like Hidden lthese concepts as we first use  |Language Modeling
Markov Models, probabilistic dependency and constituent parsing, and vector-space them. You should have Spelling Correction
models of meaning. reasonable programming ability
(know about hash tables and
lgraph data structures), be able
lto write programs in Java or
Python, and have a computer
(Windows, Mac or Linux) with
internet access.
Statistical Software set up; Data, data sets and data
documentation
lIn this project-based course, you will have the opportunity to answer a question that Data management
Passion Driven Statistics (Coursera Inc. nttps://www. coursera.org/co Y f6€! Passionately about through independent research based on existing data. o background required. Allare |Descrptive staitcs and data visuslization
90| °n > ICoursera Inc. Mountain View, CA - IStudents will have the opportunity to develop skills in generating testable hypotheses, |not described not described 9 q P! x |2 Free o MooC
Wesleyan University n urse/pdstatistics N © ! lwelcome. Comparing means (ANOVA), tests of categorical
mUEhETA— LB urse/pdstatistics preparing data for analysis, conducting descriptive and inferential statistical analyses, - )
independence (Chi Square) and Correlation (r)
and presenting research findings.
Moderation
Presenting statistical results
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ITo keep the focus on the practical, the five courses are
designed to explore analyses of interest to different
audiences: students, instructors, department leaders,
campus-wide leaders, and course designers.
1. LA for students: How to become the student you want
lto be? Exploring courses, majors, comparing your
performance to others realistically and richly.
Practical Learning Analytics has a specific goal: to help us 2. LA for instructors: Performance prediction in a course:
Learning analytics is about using data to improve teaching and learning. You might " e
. )  |collectively ponder learning analytics in a concrete way. To up to and including grade penalties, placement analyses,
wonder why there’s suddenly so much conversation about this previously invisible topic.
keep it practical, we will focus on using traditional student |Practical Learning Analytics should provide something for performance disparities and their correlates, course-to-
After all, institutions of higher education have maintained careful records of student " :
oractical Learning Analytics Coursera Inc. oo g Cuto o e e boon vty 1o record data, the kinds of data every campus already has. ~[anyone interested in higher education: current, former, or course correlation
1 " Ing Analy! ICoursera Inc. Mountain View, CA prog ry. They 4 Y o make it interesting, we will address questions raised by |future students, policy makers, academic advisors, data  |not described 3. LA for department leaders: Persistence in a major, first | O o x  |siERg Free o Mooc
University of Michigan nt urse/pla provide a transcript for every student, reporting all courses taken, grades received, . . -
mUEhETA—LED ] an array of different stakeholders, including campus scientists, university administrators, ed-tech through short course sequences and then from intention tol
honors awarded, and degrees conferred. Institutional research offices provide
leaders, faculty, staff, and especially students. To provide ~|entrepreneurs, faculty members, even the curious public. degree
summaries of these student records to campus leaders, accreditation agencies, and the especiel ’ )
. . analytic teeth, each analysis we discuss will be supported 4. LA for college/university leaders: Characterizing the
public. Why learning analytics now?
by both realistic data and sample code. student experience, program evaluation - observing
differences and probing impact, capturing more and better
information, comparing the experience of different groups.
5. LA for course designers: What affects performance -
behavior measurement, establishing the evidence basis for
advice, then acting to affect performance with
ltechnological and human behavior change techniques,
putting real-time data to work - early warning systems
and personalized communication
Topics covered include:
IThe Bayesian network and Markov network representation,
including extensions for reasoning over domains that
change over time and over domains with a variable
inumber of entities
Reasoning and inference methods, including exact
inference (variable elimination, clique trees) and
IYou should be able to program ( a )
approximate inference (belief propagation message
in at least one programming
passing, Markov chain Monte Carlo methods)
language and have a computer || .0 eters and structure in PGMs
In this class, you will learn the basics of the Probabilistic Graphical Model (PGM) (Windows, Mac or Linux) with 9 P
) ’ Using a PGM for decision making under uncertainty.
representation and how to construct them, using both human knowledge and machine internet access (programming
Coursera Inc. There will be short weekly review quizzes and
IProbabilistic Graphical Models https: //wiww.coursera.org/co |learning techniques; you will also learn algorithms for using a PGM to reach conclusions lassignments will be conducted in| .
192 - Coursera Inc. Mountain View, CA EEpS:/WWMLCOUTSEra.0ra/co o ° not described not described programming assignments (Octave/Matlab) focusingon | O | O 11380 Free o Mooc
Stanford University ne urse/pam labout the world from limited and noisy evidence, and for making good decisions under Matlab or Octave). It also helps
BUEDETA—LED case studies and applications of PGMs to real-world
uncertainty. The class covers both the theoretical underpinnings of the PGM framework to have some previous exposure | 2" ° 0¥
land practical skills needed to apply these techniques to new problems. o basic concepts in discrete [P oo e
Credit Scoring and Factors
probability theory
ndepanaence, conditional |/ 100eing Genetc Inheritance and Disease
P . ° Markov Networks and Optical Character Recognition (OCR)
independence, and Bayes' rule).
Inference: Belief Propagation
Markov Chain Monte Carlo and Image Segmentation
Decision Theory: Arrhythmogenic Right Ventricular
Dysplasia
Conditional Random Field Learning for OCR
Structure Learning for Identifying Skeleton Structure
Human Action Recognition with Kinect
IThe course covers the three main types of process mining.
After taking this course you should: The first type of process mining is discovery. A discovery
Data science is the profession of the future, because organizations that are unable to |- have a good understanding of Business Process ltechnique takes an event log and produces a process
use (big) data in a smart way will not survive. It is not sufficient to focus on data Intelligence techniques (in particular process mining), model without using any a-priori information. An example
storage and data analysis. The data scientist also needs to relate data to process - understand the role of Big Data in today’s society, is the Alpha-algorithm that takes an event log and
analysis. Process mining bridges the gap between traditional model-based process - be able to relate process mining techniques to other produces a process model (a Petri net) explaining the
lanalysis (e.g., simulation and other business process management techniques) and lanalysis techniques such as simulation, business A basic understanding of logic, |behavior recorded in the log.
data-centric analysis techniques such as machine learning and data mining. Process  [intelligence, data mining, machine learning, and sets, and statistics (at the The second type of process mining is conformance. Here,
mining seeks the confrontation between event data (i.e., observed behavior) and \verification, undergraduate level) is an existing process model is compared with an event log
process models (hand-made or discovered ). This has become |- be able to apply basic process discovery techniques to assumed. Basic computer skills ~[of the same process. Conformance checking can be used
lavailable only recently, but it can be applied to any type of operational processes learn a process model from an event log (both manually |are required to use the software |to check if reality, as recorded in the log, conforms to the
Coursera e (organizations and systems). Example applications include: analyzing treatment land using tools), provided with the course (but no|model and vice versa.
IProcess Mining: Data science in Action ) 0 |processes in hospitals, improving customer service processes in a multinational, - be able to apply basic conformance checking techniques rogramming experience is IThe third e of process mining is enhancement. Here, y
193" ged Coursera Inc. Mountain View, CA i n nosp proving pro ! ' PPy 9 FECNNIAUES ot deseribed Prod 9 EXP! fype of p 9 o| o x |emny Free o o Mooc
Eindhoven University of Technology a0 urse/procmin understanding the browsing behavior of customers using a booking site, analyzing to compare event logs and process models (both manually needed). Participants are also |the idea s to extend or improve an existing process model
il failures of a baggage handling system, and improving the user interface of an X-ray land using tools), lexpected to have an interest in |using information about the actual process recorded in
machine. Al of these applications have in common that dynamic behavior needs to be |- be able to extend a process model with information process modeling and data |some event log. Whereas conformance checking measures
related to process models. Hence, we refer to this as "data science in action". lextracted from the event log (e.g., show bottlenecks), mining but no specific prior the alignment between model and reality, this third type of]|
- have a good understanding of the data needed to start a is assumed as these  [process mining aims at changing or extending the a-priori
The course explains the key analysis techniques in process mining. Participants will learn|process mining project, lconcepts are introduced in the |model. An example is the extension of a process model
Various process discovery algorithms. These can be used to automatically leam process |- be able to characterize the questions that can be course. with performance information, .g., showing bottlenecks.
models from raw event data. Various other process analysis techniques that use event |answered based on such event data, Process mining techniques can be used in an offline, but
data will be presented. Moreover, the course wil provide easy-to-use software, real-life |- explain how process mining can also be used for also online setting. The latter is known as operational
data sets, and practical skills to directly apply the theory in a variety of application loperational support (prediction and recommendation), and support. An example is the detection of non-conformance
domains. - be able to conduct process mining projects in a at the moment the deviation actually takes place. Another
Istructured manner. example is time prediction for running cases, i.e., given a
partially executed case the remaining processing time is
estimated based on historic information of similar cases.
) o ) This Specialization s designed to|Course 1: Programming for Everybody (Getting Started
This Specialization builds on the success of the Python for Everybody course and will P 9 9 9 rybody (Getting
serve as an on-ramp for with Python) (7 weeks)
introduce fundamental programming concepts including data structures, networked )
Python for Everybody (Coursera Inc. nttps://www.coursera.ora/sp [application program interfaces, and databases, using the Python programming programming, and has o pre- |Course 2: Python Data Structures (7 weeks) $79 x 4 (courses)
194 ¥ : ICoursera Inc. Mountain View, CA » not described not described requisites. The pace of the first |Course 3: Using Python to Access Web Data (6 weeks) o o x  |e@Em~ + $79 (Capstone o Mooc
University of Michigan e ecializations/python language. In the Capstone Project, you'll use the technologies learned throughout the he p! ¢
mUEhETA—LED : ) two courses is aimed at those  |Course 4: Using Databases with Python (? Weeks) Project)
Specialization to design and create your own applications for data retrieval, processing,
o istalization lwith no programming Capstone Project: Capstone: Retrieving, Processing, and
i experience at all. Visualizing Data with Python (? weeks)
Week 1: Overview on standardized interviewin
This course will cover the basic elements of designing and evaluating questionnaires. We| ook 2. Rosronee proses 9
Questionnaire Design for Social Coursera Inc. will review the process of responding to questions, challenges and options for asking § Resp
https: //www.coursera.org/leal Week 3: Asking Factual Questions L. n
195/Surveys (Coursera Inc. Mountain View, CA questions about behavioral frequencies, practical techniques for evaluating questions, |not described not described not described ' o | o O |emm Free o Mooc
ne m/questionnai n Week 4: Measuring Attitudes
University of Michigan BUEDETA—LED mode specific questionnaire characteristics, and review methods of standardized and
lconversational interviewin \Week 5: Testing Questionnaires
9: Week 6: Putting it all together
Course 1: Think Again: How to Reason and Argue (12
weeks)
Course 2: Data Analysis and Statistical Inference (?
ceasoning, Data Analysis and Wit Coursera Inc. tos: s coursers.ora/sp | T RE3SOMING, Data Analysis, and Writing Specialzation teaches skils needed to build a weeks) " rence ( 549 x 3 (courses)
196 9, D v 9 |coursera Inc. Mountain View, CA 2 = 9B el d, critical argument in writing. Successful participants will be able to not described not described not described " . X o o x  [siR~ + $49 (Capstone o Mooc
Duke University Course 3: English Composition 1 : Archieving Expertise (?
FVEDEIA—LED lanalyze data, evaluate arguments, and write persuasively. ecke) Project)
Capstone: Reasoning, Data Analysis, & Writing Final
Project (8 weeks)
The course has some basic
prerequisites in mathematics
land statistics. For example, it
Will be assumed that students
This course provides an overview and synthesis of research on social and economic o
: - are comfortable with basic Week 1: Introduction, Empirical Background and
networks, drawing on studies by sociologists, economists, computer scientists,
concepts from linear algebra  [Definitions
physicists, and mathematicians. ¢ ) § .
. ; ! . (e.g., matrix multiplication), | Week 2: Background, Definitions, and Measures Continued
Social and Economic Networks: Coursera Inc. ttps./ s coursera.ora/co |TE COUFSE egins vith some empirical background on social and econormic networks, bty theory (o ook 3 B et
H X .0rg, v 3 o o
197|Models and Analysis (Coursera Inc. Mountain View, CA |and an overview of concepts used to describe and measure networks. Next, we will not described not described P . N W 9 o o] x 73808 Free o] (o] MOOC
onay o urse/networksonline " probability distributions, Week 4: Strategic Network Formation
Stanford University muEhETA—LED cover a set of models of how networks form, including random network models as well g
lexpected values, Bayes' rule),  [Week 5: Diffusion on Networks
las strategic formation models, and some hybrids. We will then discuss a series of
) land statistics (e.g., hypothesis | Week 6: Learning on Networks
models of how networks impact behavior, including contagion, diffusion, leaming, and
testing), and some light calculus |Week 7: Games on Networks
peer influences. .
(e.g., differentiation and
integration). Beyond those
lconcepts, the course will be self-
contained.
Week 1: What are networks and what use is it to study
ithem?
Everything is people, events and places, all the more so with There are no math or Week 2: Random network models: Erdos-Renyi and
lthe advent of online social media. A practical way of making sense of the tangle of programming prerequisites for |Barabasi-Albert
courcera Inc connections is to analyze them as networks. In this course you will learn about the the class. There will be a few  |[Week 3: Network centrality
Social Network Analysis ) |structure and evolution of networks, drawing on knowledge from disciplines as diverse N ladditional assignments for those |Week 4: Communif .
198| ) (Coursera Inc. Mountain View, CA "ing 9 8 not described not described 9 ty ) o ? x  |s@m Free o MooC
University of Michigan M urse/sna as sociology, mathematics, computer science, economics, and physics. Online interactive with a programming Week 5: Small world network models, optimization,
avE | demonstrations and hands-on analysis of real-world data sets will focus on a range of background, which will use the R|strategic network formation and search
tasks: from identifying important nodes in the network, to detecting communities, to statistical programming Week 6: Contagion, opinion formation, coordination and
tracing information diffusion and opinion formation language along with NetLogo.  |c
Week 7: Cool and unusual applications of SNA
\Week 8: SNA and online social networks
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: ) : study designs for comparing populations
In this data centric era, statistics has become an essential tool for processing 'y desig paring pop!
single sample numerical summary measures for
information from the realm of public health and medical research. Understanding both N N
i N - y continuous, binary and time-to-event outcomes
the implications and limitations of the results from such research is essential for making
visual displays for continuous and time-to-event outcomes
informed treatment decisions, public health practice protocols and policy TR
° the normal (Gaussian) distribution
recommendations.  In this class, a conceptual and interpretive approach is applied to
Statistical Reasoning for Public Health measures of association: mean differences, risk
; ICoursera Inc. lsome of the most used methods from basic statistics. The course will detail appropriate ¥ "
1: Estimation, Inference, & Inttps://www.coursera.ora/co ’ ' ) differences, relative risks, odds ratios and incidence rate | | ; X
1997 T o Coursera Inc. Mountain View, CA IR — summary measures for quantifying the health of single populations, and comparing such|not described not described not described o o] o x  [smm Free o o MooC
& lurse/statreasoning
¢ q FEuabeIx—L"0 loutcomes between populations using results from representative but imperfect data "
ohns Hopkins University : ’ h confidence intervals for means, mean differences,
samples. Additionally, the role of uncertainty in sample based estimated will be
proportions, relative risks, odds ratios, incidence rates and
icovered, allowing for conclusions to be drawn regarding the larger populations under N
. incidence rate ratios
study while recognizing the imperfection in the study estimates. Al topics will be
hypothesis testing: paired and two-sample t-tests, the chi-
considered through a “conceptual lens” allowing students to focus on the “what”, “why”, .
) P ) square test, Fisher's exact test, and the log-rank test
land “so what” with regards to the implications of research results.
power and sample size (optional)
- A first look at data
Weeks 1-2: Summary statistics and graphical displays for
a single categorical or quantitative variable and for
relationships between two variables.
- Collecting data
Week 2: Sampling. Observational studies and
experiments. The effect of confounding and concluding
causation.
- Probability
This course will provide an intutive introduction to applied statistical reasoning, Week 3: Probability models, the normal distribution, the
introducing fundamental statistical skills and acquainting students with the full process Law of Large Numbers, the Central Limit Theorem,
of inquiry and evaluation used in investigations in a wide range of fields. In particular, sampling distributions.
Statistics: Making Sense of Data Coursera Inc. viww.coursera.org/co |the course will cover methods of data collection, constructing effective graphical and + Confidence Intervals
200| " Coursera Inc. Mountain View, CA ! not described not described not described o e} x |SiER Free o o MOOC
[University of Toronto PILADE T4 — LB lurse/introstats numerical displays to understand the data, how to estimate and describe the error in Week 4: Confidence intervals and sample size estimation
S lestimates of some important quantities, and the key ideas in how statistical tests can be for proportions and means
used to separate significant differences from those that are only a reflection of the - Tests of significance
natural variability in data Week 5: Tests of significance, power and sample size
estimation for proportions and means.
- Two samples
Week 6: Tests of significance and confidence intervals for
proportions and means in the two sample case.
- Simple linear regression
Week 7: Method of least squares, evaluating model fit, the
effects of outliers and influential observations.
- The process of statistical inquiry
Week 8: Capstone case study.
With this Specialization, you'll become an expert in Strategic Business Analytics. We'll
discuss a wide variety of applications of Business Analytics. In particular, there will be a
specific course dedicated to Marketing Analytics since this topic is particularly important
nowadays... In general, we'll cover many different data analytics techniques, each time
how to be relevant for your business. There will also be a course delivered by
|Accenture, where experts from all around the world will present you with the most Course 1: Foundations of strategic business analytics (4
P ‘ P v By the end of this MOOC, you should be able to approach 1/ Be able to use R or to g yties ¢
interesting cases from a large variety of industries and sectors. Our objective s to help |4 18590 102 F900 YEL S e B B SARORCH (e weeks)
ICoursera Inc. Ihttps://www.coursera.ora/sp |you develop your Business Analytics consulting skills. At the end of the specialisation, 9 Analytics by (1) qualifying prog! Course 2: Foundations of marketing analytics (5 weeks) 579 x 3 (courses)
Strategic Business Analytics lat hand in quantitative terms, (2) conducting relevant datal 2/ To know the fundamentals of . . B
201 v ICoursera Inc. Mountain View, CA ecializations/strategic- lduring the capstone project, you will also have the opportunity to practice your newly not described Course 3: Case studies in business analytics with o o 38R~ + $99 (Capstone o o Mooc
[ESSEC Business School N N o lanalyses, and (3) presenting your conclusions and data analysis
BUEDETA—LED analytics acquired skills by investigating how business analytics can create value using open data. ACCENTURE (? weeks) Project)
recommendations in a business-oriented, actionable and (regression, classification,
|Accenture is a global management consulting, technology services and outsourcing eerciont v clustorng) Capstone Project: Capstone: Create Value from Open Data
lcompany, with more than 336,000 people serving clients in more than 120 countries. Y- 9. (2 weeks)
|Combining unparalleled experience, comprehensive capabilities across all industries and
business functions, and extensive research on the world’s most successful companies,
|Accenture collaborates with clients to help them become high-performance businesses
land governments. The company generated net revenues of US$30.0 billion for the fiscal
lyear ended Aug. 31, 2014. Its home page is www.accenture.com.
Each bullet bellow corresponds to a set of materials that
This is not a class as it is commonly understood; it is the set of materials from a " W corresp i
B . The students should have a solid|includes approximately 2 hours of video lectures, various
summer school offered by Caltech and JPL, in the sense used by most scientists: an
4 background in scientific links and supplementary materials, plus some on-line,
intensive period of learning of some advanced topics, not on an introductory level.
lcomputing and data analysis.  |hands-on exercises.
IThe school will cover a variety of topics, with a focus on practical computing applications e .
on pra (Good programming skills in at (1. Introduction to the school. Software architectures.
in research: the skills needed for a computational ("big data") science, not computer
least one modern computer Introduction to Machine Learning.
[The Caltech-JPL Summer School on (Coursera Inc. science. The specific focus will be on applications in astrophysics, earth science (e.g., The target audience includes upper-level undergraduate - N N
: - Inttps://www.coursera.ora/co : : ©  |language (or the abilty to 2. Best programming practices. Information retrieval. A ;
202[Big Data Analytics Coursera Inc. Mountain View, CA climate science) and other areas of space science, but with an emphasis on the general [not described and graduate students, postdocs, or other researchers in o] o O |mn Free o MooC
urse/bigdataschool lquickly learn one) are needed, |3. Introduction to R. Markov Chain Monte Carlo.
(Caltech MuabtEIA—ABE0 tools, methods, and skills that would apply across other domains as well. It is aimed at science and technology fields. -
a5 well as some knowledge of  |4. Statistical resampling and inference.
an audience of practicing researchers who already have a strong background in
Istatistics, and some experience |5. Databases.
lcomputation and data analysis. The lecturers include computational science and N
with scientific data analysis.  [6. Data visualization.
technology experts from Caltech and JPL.
Background knowledge in 7. Clustering and classification.
Students can evaluate their own progress, but there will be no tests, exams, and no N N
- computer science is a plus.  [8. Decision trees and random forests.
formal credit or certificates will be offered.
9. Dimensionality reduction. Closing remarks.
Introduction and Overview
Look: Search, Indexing and Memory
Listen: Streams, Information and Language, Analyzing
Sentiment and Intent Mooc
Load: Databases and their Evolution, Big data Technology The current edition of the
This course s about building 'web-intelligence' applications exploiting big data sources ) and Trends course is being offered in self-
° course Basic programming, SQL and . ‘
\Web Inteligence and Big Data Coursera Inc. s/ coursers.orq/co |59 SOcial media, mobile devices and sensors, using new big-data platforms based on s Programming: Map-Reduce study’ mode, o there are no
Ittps: //www.coursera.org/co |, . o lom 5
203 e of mecholon Dt |CoUsera Inc. Mountain View, CA s the 'map-reduce’ parallel programming paradigm. In the past, this course has been  |not described not described ity statistics| 3 Classification, Clustering, and Mining, Information | O | = x O |oimns Free o o homeworks, assignments or
2 lurse/bigdata | : ,
9 muaDE T4 —LE0 offered at the Indian Institute of Technology Delhi as well as the Indraprastha Institute ey ¥ Extraction lexams. Nor s there active
lof Information Technology Delhi. Connect: Reasoning: Logic and its Limits, Dealing with Isupport by the instructor or TA,|
Uncertainty but discussion forums are
Programming: Bayesian Inference for Medical Diagnostics lavailable for peer-learning.
Predict: Forecasting, Neural Models, Deep Learning, and
Research Topics
Data Analysis: Regression and Feature Selection
Week 1: Setup the lab environment by installing Office
applications.
Learn how to perform data analysis in Excel using classic
tools, such as pivot tables, pivot charts, and slicers, on
data that is already in a worksheet / grid data.
Explore an Excel data model, its content, and its structure,
using the Power Pivot add-in. Create your first DAX
expressions for calculated columns and measures.
Week 2: Learn about queries (Power Query add-in in Excel
2013 and Excel 2010), and build an Excel data model from
a single flat table.
\what you'l learn Understanding of Excel analytic |Learn how to import multiple tables from a SQL database,
Microsoft Excel is one of the most widely used solutions for analyzing and visualizing v tools such as tables, pivot tables |and create an Excel data model from the imported data.
edX Inc. e - How to gather and transform data from multiple
Ianalyzing and Visualizing Data with ALY — LD nttps://www.edx.org/course/ |data. Beginning with Excel 2010, new tools were introduced to enable the analysis of | 10" land pivot charts. Create a mash-up between data from text-files and data
204 DealrE) d ledX Inc. o N analyzing-visualizing-dat: more data, resulting in less time spent creating and maintaining the solutions and o . not discribed |Also, some experience in from a SQL database. o] o] x 43ER Free o] o MOOC
Excel 141 Portland St., 9th floor, Cambridge, MA | A VISUTIZNA Gt ‘ - How to discover and combine data in data mash ups ’
oa130 icrosoft-dat206x  fenabling a better understanding of what the data means. This better understanding is | |0 © 50" 20 SOt working with data from Week 3: Get the details on how to create measures to
facilitated by improved visualizations and more sophisticated business logics. 9 N (databases and also from text calculate for each cell, filter context for calculation, and
- Exploration, analysis and visualization of data -
files will be helpful. explore several advanced DAX functions.
Find out how to use advanced text query to import data
from a formatted Excel report. Perform queries beyond the
standard user interface.
Week 4: Explore ways to create stunning visualizations in
Excel. Use the cube functions to perform year-over-year
comparisons.
Create timelines, hierarchies, and slicers to enhance your
|visualizations. Learn how Excel can work together with
Power BI.
Upload an Excel workbook to the Power BI service. Explore|
the use of Excel on the mobile platform.
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Week 1:
Understanding key concepts in business intelligence, data
analysis, and data visualization
Importing your data and automatically creating
dashboards from services such as Marketo, Salesforce, and|
Google Analytics
Connecting to and importing your data, then shaping and
ltransforming that data
Enriching your data with business calculations
Week 2:
Visualizing your data and authoring reports
lWhat you'll learn ing your 9 rep
) : ) ! Scheduling automated refresh of your reports
In this course, you will learm how to connect, explore, and visualize data with Power BI. | - Connecting, importing, shaping and transforming data
Creating dashboards based on reports and natural
o Inc. This course is taught in short, lecture-based videos, complete with demos, quizzes, and [for business intelligence mtner uerioe
) S ) : nttps://www.edx.ora/course/ |hands-on labs. The Power BI product team will guide you through Power BI end-to-end, | - Visualizing data, authoring reports, and schedulin Some experience in workin )
|Analyzing and Visualizing Data with BLADETA—LED Dsi ooy . P guide 9 9 9 rep 9 P 9 |sharing dashboards across your organization .
205 ledX Inc. lanalyzing-visualizing-data- |starting from how to connect to and import your data, author reports using Power BI  |automated refresh of your reports not discribed lwith data from Excel, databases, o x  |aEm Free o Mooc
Power BI 141 Portiand St., 9th floor, Cambridge, MA |2 /2 nd-Visualzind-data- ! Consuming dashboards in mobile apps
o130 power-bi-microsoft-dat207x |Desktop, publish those reports to the Power BI service, create dashboards, and share to | - Creating and sharing dashboards based on reports in or text fles. o
business users so that they can consume the dashboards through the web and their  |Power BI desktop and Excel :
- Leveraging your Excel reports within Power BI
mobile devices. - Using natural language queries " ° )
Creating custom visualizations that you can use in
- Creating real time dashboards
dashboards and reports
Collaborating within groups to author reports and
dashboards
Sharing dashboards effectively based on your
organization’s needs
Week 4:
Exploring live connections to data with Power BI
Connecting directly to SQL Azure, HD Spark, and SQL
Server Analysis Services
Introduction to Power BI Development API
Leveraging custom visuals in Power BI
What you'll learn
Our world is in a data deluge with ever increasing sizes of datasets. Linear algebra is a | - How to solve least-square systems, about eigenvectors
ltool to manage and analyze such data. lof matrix, how to Markov Chains, and the matrix
This course is part 2 of a 2-part course, with this part extending smoothly from the first called the singular value decomposition.
Note, however, that part 1, is not a prerequisite for part 2. In this part of the course, | - To apply the least-squares method to finding a
we'll develop the linear algebra more fully than part 1. This class has a focus on data  [presidential look-alike
ledX Inc. https://www.edx.org/course/ P 9 'y than p: P
DA — 1D obications- I near-alacbra. _|mining with some of computer graphics. We'll discuss, in further depth than | - To use an eigenvector to cluster a dataset into groups or ooc
) L - pplications-linear-algebra- ) - - i ; .
206|Applications of Linear Algebra Part 2~ |edX Inc. part 1, sports ranking and ways to rate teams from thousands of games. We'll apply the |downsample an image not discribed None not discribed o x  |asmny Free o
141 Portland St., 9th floor, Cambridge, MA art-2-davidsonx-d003x- IThis is an Archived Course.
02139 > # VHWXLCKOBXE methods to March Madness. We'll also learn methods behind web search, utilized by « To use Markov Chains to analyze a board game
such jes as Google. We'll also lear to cluster data to find similar groups and | - How Markov Chains were proposed by Google as part of
lalso how to compress images to lower the amount of storage used to store them. The their search engine process
[tools that we learn can be applied to applications of your interest. For instance, + Applications of the singular value decomposition in
clustering data to find similar movies can be applied to find similar songs or friends. So, |image compression and data mining.
lcome to this course ready to investigate your own ideas. + Explore applications with Matlab codes provided with the
course
| This course is part 2 of a 2-part course, with this part
What you'll learn extending smoothly from the first. Note, however, that
- How to solve least-square systems, about eigenvectors part 1, is not a prerequisite for part 2. In this part of the
of matrix, how to Markov Chains, and the matrix course, we'll develop the linear algebra more fuly than
on called the singular value decomposition. part 1. This class has a focus on data mining with some
- To apply the least-squares method to finding a applications of computer graphics. We'l discuss, in further
ox tnc presidential look-alike depth than part 1, sports ranking and ways to rate teams
: Inttps://www.edx.ora/course, ) ) ) - To use an eigenvector to cluster a dataset into groups or from thousands of games. We'll apply the methods to
o . LEhE T4 —LED ps:// ar Llour world is in a data deluge with ever Increasing sizes of datasets, Linear algebra is a 9 group: o < PRl . MooC
207|Applications of Linear Algebra Part 2 |edX Inc. applications-linear-algebra- downsample an image not discribed None March Madness. We'll also learn methods behind web ? x |4 Free
141 Portland St., 9th floor, Cambridge, MA ltool to manage and analyze such data. " IThis is an Archived Course.
02139 art-2-davidsonx-d003x-2 + To use Markov Chains to analyze a board game search, utilized by such companies as Google. We'll also
- How Markov Chains were proposed by Google as part of earn to cluster data to find similar groups and also how to
their search engine process compress images to lower the amount of storage used to
- Applications of the singular value decomposition in store them. The tools that we learn can be applied to
image compression and data mining. applications of your interest. For instance, clustering data
- Explore applications with Matlab codes provided with the to find similar movies can be applied to find similar songs
course. or friends. So, come to this course ready to investigate
your own ideas.
Social physics is a big data science that models how networks of people behave and
ses these network models to create actionable intelligence. It is a quantitative science
ledX Inc. https: //www.edx.org/course, lthat can accurately predict patterns of human behavior and guide how to influence
mUEDETA—LED those patterns to (for instance) increase decision making accuracy or productivity within ) Mooc
208|Big Data and Social Physics ledX Inc. big-data-social-physics-mitx- not discribed not discribed None not discribed ? x 1iERg Free
9 ’ 141 Portiand St, 9th floor, Cambridge, MA |2 172 S200aE an Included in this course is a survey of methods for increasing = This is an Archived Course.
02139 E— lcommunication quality within an organization, approaches to providing greater
protection for personal privacy, and general strategies for increasing resistance to cyber
lattack.
\ ing how to analyze, and communicate data s increasingly critical [What you'll learn
in the modern workplace. This course teaches you how to evaluate market and financial | - Use primary and secondary research methods to collect
edX Inc. Inttps://www.edx.ora/course/ |data, and present insights effectively. You will develop the foundational skills to use |company and market data
ICareer Edge: Business and Data FVEDEIA—LED career-edge-business-data- |Excel as a powerful analytical and communications tool. Using innovative educational | - Use known analytical techniques to answer questions on .
209[ 2re€T edX Inc. ) career e Sness Cats power ) not discribed None not discribed ? x |asmny Free Mooc
Analysis 141 Portiand St., 9th floor, Cambridge, MA  [analysis-fullbridaex- methods, including interactive assessments and games, you will learn, practice, and  |market size, market share, and business performance,
02139 career3x#! lapply techniques to build confidence in your analytical skill set. - Use Excel to execute basic analyses
This is the fourth course in the five-part Career Edge Fullbridge XSeries, designed to | - Show compelling findings and results in PowerPoint and
prepare you for career success. lother presentation formats
Far too frequently, the people who have the most to say have the hardest time saying it.
o inc Many of the best minds in our society, our most talented employees and our most This course will This class is designed for
B A D Inttps://www.edx.ora/course/ |promising students, fail to have the impact they could because of ineffective strategies | - Review communications skills working professionals who seek
210|Communicating Strategically ledX Inc. 1’41 ‘;‘cmand . 9th floor, Cambridge, Ma | communicating-strategically- |for communicating their ideas and insights to others. - Help experts assess the value of communication and  |not discribed la course in personal and ot discribed 2 o |saEm Free Mooc
2139 ' ' e urduex-pn-15-2 This five-week refresher is geared toward experts (scientists, engineers, and other  |gain confidence in their abilities professional communication
technical professionals) and will help them effectively communicate with non-scientists, | - Help professionals bridge the communication gap principles.
usually to inform organi; deci King.
Given the diversity in educational background of our
students we have divided the series into seven parts. You
We will learn the basics of statistical inference in order to understand and compute p- can take the entire series or individual courses that
values and confidence intervals, all while analyzing data with R. We provide R What you'll learn interest you. If you are a statistician you should consider
ox tnc brogramrming examples in a way that will help make the connection between concepts | por YUl o7 skipping the first two or three courses, similarly, if you are
X o e https: //www.edx.ora/course/[and Problem sets requiring R programming will be used to test . biologists you should consider skipping some of the
Data Analysis for Life Sciences 1: muEhETA—LED ) g ) ° - Distributions - Basic programming o . . .
211 ledX Inc. data-analysis-life-sciences-1- |understanding and ability to implement basic data analyses. We will use visualization not discribed introductory biology lectures. Note that the statistics and o X |aEm Free o Mooc
Statistics and R 141 Portland St., Sth floor, Cambridge, MA  [-o-anaysisTiiessciences-1o - Inference: p-values and confidence intervals Basic math
statistics-harvardx-ph525-1x [techniques to explore new data sets and determine the most appropriate approach. We programming aspects of the class ramp up in difficulty
02139 statistico-harvardxphs2s-ix e ' - Exploratory Data Analysis "
will describe robust statistical techniques as alternatives when data do ot fit e e e relatively quickly across the first three courses. By the
lassumptions required by the standard approaches. By using R scripts to analyze data, P third course will be teaching advanced statistical concepts
you will learn the basics of conducting reproducible research. such as hierarchical models and by the fourth advanced
software engineering skils, such as parallel computing and
reproducible research concepts.
Matrix Algebra underlies many of the current tools for experimental design and the
analysis of high data. In this introductory data analysis course, we will use
matrix algebra to represent the linear models that commonly used to model differences
between experimental units. We perform statistical inference on these differences.
Throughout the course we will use the R programming language. What you'll learn
. N N ledX Inc. https://www.edx.org/course/ |This course is part of a larger set of 8 total courses: * Matrix algebra notation N
Data Analysis for Life Sciences 2: N — alcourse] P 9 o > Basic math
BLWEHhEIA—LFD data-analysis-life-sciences-2- [PH525.1x: Statistics and R for the Life Sciences + Matrix algebra operations .
212|Introduction to Linear Models and ledX Inc. not discribed Basic stats and R programming |not discribed (o] (e} |43ERs Free (o] MOOC
Matrix Algebra 141 Portland St., Sth floor, Cambridge, MA harvardx-ph525- PH525.2x: Introduction to Linear Models and Matrix Algebra + Application of matrix algebra to data analysis OR PH525.1x
9 02139 2x HWUNMK98XE PH525.3x: Advanced Statistics for the Life Sciences « Linear models
PH525.4x: Introduction to Bioconductor « Brief introduction to the QR decomposition
PH525.5x: Case study: RNA-seq data analysis
PH525.6x: Case study: Variant Discovery and Genotyping
PH525.7x: Case study: ChIP-seq data analysis
PH525.8x: Case study: DNA methylation data analysis
Given the diversity in educational background of our
) What you'll learn students we have divided the series into seven parts. You
lIn this course you'll learn various statistics topics including multiple testing problem,
N + Organizing high throughput data can take the entire series or individual courses that
error rates, error rate controlling procedures, false discovery rates, -values and ? ) " )
 Multiple comparison problem interest you. If you are a statistician you should consider
lexploratory data analysis. We then introduce statistical modeling and how it is applied to PH525.1x: Statistics and R for
; - Family Wide Error Rates skipping the first two or three courses, similarly, if you are
B edX Inc. high-throughput data. In particular, we will discuss parametric distributions, including the Life Sciences and PH525.2x: | urse
Data Analysis for Life Sciences 3: nttps://www.edx.org/course/ - False Discovery Rate biologists you should consider skipping some of the
| FVEDEIA—LED binomial, , and gamma, and describe maximum likelihood estimation. We Introduction to Linear Models .
213Statistical Inference and Modeling for |edX Inc. ) data-analysis-life-sciences-3- | - Error Rate Control procedures not discribed ) introductory biology lectures. Note that the statistics and o 438 Free o Mooc
‘ 141 Portiand St., 9th floor, Cambridge, MA provide several examples of how these concepts are applied in next generation f ! land Matrix Algebra or basic "
IHigh-throughput Experiments harvardx-ph525-3x - Bonferroni Correction programming aspects of the class ramp up in difficulty
02139 lsequencing and microarray data. Finally, we will discuss hierarchical models and programming, intro to statistics,
j - q-values " relatively quickly across the first three courses. By the
lempirical bayes along with some examples of how these are used in practice. We e intro to linear algebra !
e O D il marn e B etween |- Statistical Modeling third course will be teaching advanced statistical concepts
e onts o oo v P - Hierarchical Models and the basics of Bayesian Statistics such as hierarchical models and by the fourth advanced
P P - - Exploratory Data Analysis for High throughput data software engineering skills, such as parallel computing and
reproducible research concepts.




- , N o o e | PR . -
TOUSL (R D & e muanEsE URL B (EOURLYSBIR) s AR W online | K@% | o (RS e e 2*;;‘: | BBORE |78
B | mEe
&L
I you're interested in data analysis and interpretation, then this s the data science
lcourse for you. We start by learning the mathematical definition of distance and use this|\ |
to motivate the use of the singular value decomposition (SVD) for dimension reduction v
+ Mathematical Distance
and mul scaling and its to principle analysis. We
il N B - Dimension Reduction
will learn about the batch effect: the most challenging data analytical problem in ! ) )
- Singular Value Decomposition and Principal Component
ledX Inc. itps:Jun. e org coursey [99TOTICS today and descibe how the techniques can be used to detect and adjust for |, 8
Data Analysis for Life Sciences 4: muEhETA— LB - effects. , we will describe the principal component analysis and factor ! ) - basic programming, intro to - ;
214 ¥ ledX Inc. data-analysis-life-sciences-4- | - " princlp: P : - Multiple Dimensional Scaling Plots not discribed prog 9 not discribed o o o |amm Free o Mooc
IHigh-Dimensional Data Analysis 141 Portland St., 9th floor, Cambridge, MA g%m e ————— lanalysis and demonstrate how these concepts are applied to data visualization and data | - 2% 1°2 Istatistics, intro to linear algebra
02139 an-harvardxphS25=4 \onalysis of high-throughput experimental data. v
- Dealing with Batch Effects
Finally, we give a brief introduction to machine learning and apply it to high-throughput |~ % ¥
data. W describe the general idea behind clustering analysis and descript K-means and | % *719
hierarchical clustering and demonstrate how these are used in genomics and describe P
. - Basic Machine Learning Concepts
prediction algorithms such as k-nearest neighbors along with the concepts of training
lsets, test sets, error rates and cross-validation.
Given the diversity in educational background of our
N N students we have divided the series into seven parts. You
IWe begin with an introduction to the biology, explaining what we measure and why. ) N S
What you'll learn can take the entire series or individual courses that
Then we focus on the two main it : next
! « Introduction to high-throughput technologies interest you. If you are a statistician you should consider
land microarrays. We then move on to describing how raw data and experimental ) - - ;
o Next Generation Sequencing PH525.3x: Statistical Inference |skipping the first two or three courses, similarly, if you are
IData Analysis for Life Sciences 5 ledX Inc. information are imported into R and how we use Bioconductor classes to organize these
i o www.edx.org/course/ ¢ - ¢ Microarrays land Modeling for High- biologists you should consider skipping some of the
Introduction to Bioconductor: muEhETA—LED data, whether generated locally, or harvested from public repositories o institutional ) - : A ) R - ; .
21 ledX Inc. data-analysis-life-sciences-5- - What we measure with high-throughput technologies  |not discribed throughput Experiments introductory biology lectures. Note that the statistics and | O o O |asmp Free o Mooc
|Annotation and Analysis of Genomes 141 Portland St., Sth floor, Cambridge, MA [ —ocn2YSISTIETSCIENCES ™o | hives. Genomic features are generally identified using intervals in genomic
§ harvardx-ph525-5x " land why PH525.4x: High-Dimensional  |programming aspects of the class ramp up in difficulty
and Genomic Assays 02139 o , and highly efficient algorithms for computing with genomic intervals will be ; h
- Preprocessing and Normalization Data Analysis relatively quickly across the first three courses. By the
lexamined in detail. Statistical methods for testing gene-centric or pathway-centric
N + The Bioconductor Genomic Ranges Utilities Ithird course will be teaching advanced statistical concepts
with genome-scale data are found in packages such as limma, some of et
- Genomic Annotation such as hierarchical models and by the fourth advanced
these techniques will be illustrated in lectures and labs.
software engineering skills, such as parallel computing and
reproducible research concepts.
I you're interested in data analysis and interpretation, then this s the data science
lcourse for you.
Enhanced throughput: Almost all recently manufactured laptops and desktops include
ohp! v ptop P Given the diversity in educational background of our
multiple core CPUs. With R, it is very easy to obtain faster turnaround times for analyses| ! | Dac
; students we have divided the series into seven parts. You
by distributing tasks among the cores for concurrent execution. We will discuss how to
can take the entire series or individual courses that
use Bioconductor to simplify parallel computing for efficient, fault-tolerant, and " §
ing f interest you. If you are a statistician you should consider
reproducible high-performance analyses. This will be illustrated with common multicore
PH525.3x: Statistical Inference |skipping the first two or three courses, similarly, if you are
. N N ledX Inc. rchitectures and Amazon’s EC2 infrastructure. What you'll learn - N y o
Data Analysis for Life Sciences 6: N https://www.edx.ora/course, ) land Modeling for High- biologists you should consider skipping some of the
BUEDETA—LED Enhanced interactivity: New approaches to programming with R and Bioconductor allow | - Parallel Computing . N .
216|High-performance Computing for ledX Inc. data-analysis-life-sciences-6- not discribed throughput Experiments introductory biology lectures. Note that the statistics and | O o o |amEm Free Mooc
¢ " 141 Portland St., Sth floor, Cambridge, MA [ --o-2N2VSISTIIESCIENCES 0 | oo chers to use the web browser as a highly dynamic interface for data interrogation | - Interactive Graphics xperin N
Reproducible Genomics high-harvardx-ph525-6x PhK PH525.4x: High-Dimensional  |programming aspects of the class ramp up in difficulty
02139 an We will discuss how to create interactive reports that enable us to | - Reproducible distributed analysis
Data Analysis relatively quickly across the first three courses. By the
move beyond static tables and one-off graphics so that our analysis outputs can be d
: third course will be teaching advanced statistical concepts
transformed and explored in real time.
such as hierarchical models and by the fourth advanced
Enhanced reproducibility: New methods of virtualization of software environments, n
h : software engineering skils, such as parallel computing and
lexemplified by the Docker ecosystem, are useful for achieving reproducible distributed b e e
lanalyses. The Docker Hub includes a considerable number of container images useful for| P pes.
important Bioconductor-based workflows, and we will llustrate how to use and extend
these for sharable and reproducible analysis.
We will explain how to start with raw data, and perform the standard processing and
normalization steps to get to the point where one can investigate relevant biological Given the diversity in educational background of our
lquestions. Throughout the case studies, we will make s of exploratory plots to get a students we have divided the series into seven parts. You
\general overview of the shape of the data and the result of the experiment. We start can take the entire series or individual courses that
with RNA-seq data analysis covering basic concepts of RNA-seq and a first look at \what you'l learn interest you. If you are a statistician you should consider
o Inc FASTQ files. We will also go over quality control of FASTQ files; aligning RNA-seq reads; | . Map‘;ing e PH525.3x: Statistical Inference |skipping the first two or three courses, similarly, if you are
e . https://www.edx.ora/course, i and move on to analyzing RNA-seq at the gene-level: countint land Modeling for High- biologists you should consider skipping some of the
Data Analysis for Life Sciences 7: Cas] BLADE DA —LED D/ /v — vzing d g 9| Quality assessment of Next Generation Data 9 for H 91StS ! pping oL
217|248 71 - ledX Inc. data-analysis-life-sciences-7- |reads in genes; Exploratory Data Analysis and variance stabilization for counts; count- not discribed throughput Experiments introductory biology lectures. Note that the statistics and | O o o |eEm Free o Mooc
tudies in Functional Genomics 141 Portland St., 9th floor, Cambridge, MA |- aSIsclTe-sdiences=7- ' - Analyzing RNA-seq data pert :
2130 case-harvardx-phs25-7x  [based differential expression; normalization and batch effects. Finally, we cover RNA-seq| /7209 SRreea 108 PH525.4x: High-Di g aspects of the class ramp up in difficulty
lat the transcript-level: inferring expression of transcripts (i.e. alternative isoforms); X Ana‘yzmg Chip o Jata Data Analysis relatively quickly across the first three courses. By the
differential exon usage. We will learn the basic steps in analyzing DNA methylation data, vzing q third course will be teaching advanced statistical concepts
including reading the raw data, normalization, and finding regions of differential such as hierarchical models and by the fourth advanced
methylation across multiple samples. The course will end with a brief description of the software engineering skills, such as parallel computing and
basic steps for analyzing ChIP-seq datasets, from read alignment, to peak calling, and reproducible research concepts.
lassessing differential binding patterns across multiple samples.
What you'll learn
’ - Overcome data analysis challenges in your work and
We will take a deep dive into data analysis with spreadsheets: PivotTables, VLOOKUPS,  |* > i ges In y
Named ranges, what-if analyses, making great graphs - all those will be covered in the . .
. - Increase your productivity and make better business Some experience in working
edX Inc. first weeks of the course. After that, we will investigate the quality of the spreadsheet
https://www.edx.ora/course/ decisions with spreadsheets (with
§ PLahtE T4 —LED model, and especially how to make sure your spreadsheet remains error-free and § o - . . Mooc
218[Data Analysis: Take It to the MAX()  |edX Inc. ) data-analysis-take-it-max- - Enhance your data analysis skills sing spreadsheets  |not discribed software such as Excel, not discribed o| o x |smm Free o o )
141 Portland St., 9th floor, Cambridge, MA robust. This is an Archived Course.
delftx-ex101x + Learn about advanced spreadsheet possibilities like array lOpenOffice Calc, Google
02139 CETeexanlx Finally, once we have mastered spreadsheets, we will demonstrate other ways to store
- ° ) formulas and pivottables Spreadsheets and etc.)
and analyze data. We will also look into how Python, a programming language, can help
+ Learn about Excel 2013 features like PowerPivot &
us with analyzing and manipulating data in spreadsheets.
PowerMap
 Lean to organize and test your spreadsheets
What you'll learn
- The data science process
Demand for Data science talent is exploding. Learn these essentials with experts from |- Overview of data science theory )
Basic knowledge of Module I Introduction
ledX Inc. https: //www.edx.org/course/ |MIT and the industry, partnering with Microsoft to help develop your career as a data | - Data acquisition, ingestion, sampling, quantization, hematice. cluding linear  |Madule 2: Working with Data in Azure ML
Data Science and Machine Learning muEhETA—LED data-science-machine- scientist. By the end of this course, you will know how to build and derive insights from |cleaning and transformation - ' 9 | omng R - . .
21 edX Inc. not discribed algebra Module 3: Building and Evaluation of Models o] o x  [sEm Free o o o MooC
[Essentials 141 Portland St., 9th floor, Cambridge, MA  |learning-essentials-microsoft- data science and machine learning models. You will learn key concepts in data - Building data science workflows with Azure ML
Some programming experience, |Module 4: Models in Azure ML, Part 1
02139 dat203x-0 lacquisition, preparation, exploration and visualization along with examples on how to | - Data science tools including R, Python and SQL
N N N . ideally in either R or Python. Module 5: Models in Azure ML, Part 2
build a cloud data science solution using Azure Machine Learning, R & Python. - Data exploration and visualization
- Building and evaluating machine learning models
- Publishing machine learning models with the Azure ML
N N N What you'll learn . "
edX Inc. This course focused on ethics specifically related to data science will provide you with The ability to think critically
N https://www.edx.org/course/ - Who owns data !
. ’ BLEDETA—LED the to analyze these concerns. This framework is based on ethics, which are labout the morality of one's ) . )
220|Data Science Ethics ledX Inc. N data-science-ethics- N 5 + How we value different aspects of privacy not discribed not discribed o] o] x SiER Free o] o O MOOC
141 Portiand St., 9th floor, Cambridge, MA shared values that help differentiate right from wrong. Ethics are not law, but they are decisions and the impact on
michiganx-ds101x - How we get informed consent
102139 usually the basis for laws. lothers.
+ What it means to be fair
In session 1, we learnt Linear Lists, Stacks, Queues,
. . . N Strings, Binary Trees, Trees and Graphs, which are
Niklaus Wirth described the important and indivisible link between algorithms and data 9 v P! !
fundamental data structures. In the second session, we
Istructure in his book, Algorithms + Data Structures = Programs.
rthe Designing algorithms and using them to solve real-world wil study advanced data structures and algorithms, such
The course will build on Wirth's ideas as it helps students improve their knowledge of
problems. as Sorting, Searching, Indexing, as well as their
ledX Inc. https: //wiww.edx.org/course/ |theory and their ability to think abstractly to solve problems. Building on a solid
. y How to think theoretically and abstractly to solve problems . . applications thoroughly. More detailed, these chapters
) MUADETA—LED hu-iu-jie-g uan-fa-di- students will analyze problems using data and algorithm - Basic programming skills in . . .
221|Data Structures and Algorithms Part 2 |edX Inc. How to analyze problems using data and algorithm not discribed include a variety of classic Sorting algorithms (Quicksort, o o o |saEm Free o Mooc
141 Portland St., 9th floor, Cambridge, MA  |er-bu-fen-pekingx- labstraction. Students will learn how to organize data efficiently and make tradeoffs IC/C++.
v o labstraction External Sorting), Searching methods (Sets, Hash Tables,
02139 04830050-2x between space and time complexity, design efficient and effective algorithms, and ; ) ) :
lOrganize data efficiently and make tradeoffs between Bitmaps), Indexing structures (B/B-+ trees, Trie trees),
implement high quality programs to solve complex real-world problems. After studying
space and time IAdvanced List-Structure (generalized lists, Multi-
lthis course, students will be well prepared for further study and research in engineering avance
ndl other computer-related areas dimensional arrays) and Balanced Binary Trees (AVL, Red-
P g Black trees, Splay trees). The second part of the course
lasts eight weeks.
What you'll learn
- How to identify trade offs between proprietary and open
source tools commonly used in learning analytics
Data, Analytics, and Learning provides an introduction to learning analytics and how it is| - The learning analytics data cycle
being deployed in various contexts in education, including to support automated - How to perform social network analysis, interpret the
intervention, to inform instructors, and to promote scientific discovery. Additionally, we ~[analysis for the study of networked learning, and visualize
lwill discuss tools and methods, what skills data scientists need in education, and how to |the analysis results in Gephi
edX Inc. s/ sunechorgcourse, |PTORECt Student privacy and other rights. The course will provide a broad overview of thel - Training and evaluating classifiers that use dickstream
MLEDETA—LED — . - field, suitable for a broad audience. Learners will explore the logic of analytics, the data, with a focus on how to engineer features and i N MoOC
222|Data, Analytics and Learning edX Inc. ) data-analytics-learning- 2 ° . not discribed None not discribed o| o x oy Free o o b
141 Portiand St, 9th floor, Cambridge, MA  |<° S-e12 S EaEE basics of finding, cleaning, and using educational data, predictive models, text analysis, |training labels This is an Archived Course.
links-
02139 utarlingtonx-ink>-10x land activity graphs and social networks. We will discuss use of analytics in data domains| - Evaluation issues, key diagnostic metrics and their uses,
such as log files and text data. Tableau Software is partnering with University of Texas ~[and validity issues
|Arlington to provide analytics software to course participants as well as technical - How to approach a problem in the area of text mining
support and guest lectures. Additional software will be introduced and discussed using LightSIDE, how to engineer features for text
ithroughout the course. classification, how to use LightSIDE for automated
collaborative leamning process analysis
- How trained models can be used in service of learning
research
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/A wondrously romantic belief is that brilliant thinkers magically produce brilliant ideas:
Einstein jostles his hair and relativity falls out. We can enjoy these fanciful visions of i
; ° ’ What you'll learn
leaps of genius, but we should not be fooled into believing that they're reality. Brilliant
edX Inc. are brilliant because they practice habits of thinking that inevitably carr  Engage in thinking about mathematical ideas
Effective Thinking Through MVaDE T —AED °Y P " 9 tha v carry - Apply effective strategies of thinking to approach o . . ' . . Mooc
223 edX Inc. them step by step to works of genius. No magic and no leaps are involved. not discribed None not discribed o > % |ommy Free o o o
[Mathematics 141 Portland St., 9th floor, Cambridge, MA  |mathematics-utaustinx-ut-9- lquestions in your lives with insight and innovation IThis is an Archived Course.
Professor Starbird will discuss how habits of effective thinking and creativity can be N
02139 01x ¢ y can - Think more effectively and imaginatively throughout
ktaught and learned through mathematics. Anyone who practices them willinevitably | ' 1111 T
(create new insights, new ideas, and new solutions. Join us for puzzles and discussions |
prior to the course on Twitter (@StarbirdThink) and Facebook.
IThe Internet of Things is rapidly growing. It is predicted that more than 25 million
o 1nc. devices will be connected by 2020
[Enabling Technologies for Data T4 — LD https://www.edx.org/course/|In this data science course, you will learn about the major components of the Internet  [What you'll learn Sensors, Devices, Decision making, Low High School Math. Some
224[Science and Analytics: The Intemet of edX Inc. 141 Poramed St oth floor. Cambridae, ma__|12bling-technologies-data- —fof Things and how data is acquired from sensors. You will also examine ways of power, Networking, Hub, Cloud, Data analysis, Imaging,  |not discribed lexposure to computer not discribed o ? x  [sEm Free o o MooC
[Things 02139 4 g ge: science-columbiax-ds103x  |analyzing event data, sentiment analysis, facial recognition software and how data |Audio and video processing. programming.
lgenerated from devices can be used to make decisions.
This is the third and final course in the three-part Data Science and Analytics XSeries
Skilled professionals who can process and analyze data are in great demand today. In
lthis course you will explore concepts in statistics to make sense out of data. You wil
earn the practical skills necessary to find, import, analyze and visualize data. We will
take a look under the hood of statistics and equip you with broad tools for
N What you'll learn
understanding statistical inference and statistical methods. You will also perform some )
- How to use R to perform basic statistical analyses
really and following in the footsteps of Karolinska
" - Why R has become the tool of choice in bioinformatics,
edX Inc. nttps: //www.edx.org/course |[MSUWULE'S researchers. health sciences and many other fields
o FLEDE T4 —LED — - — Llstatistical is an essential skill in our golden age of data abundance. Health v R
225|Explore Statistics with R ledX Inc. N explore-statistics- + How to use peer reviewed packages for solving problems|not discribed not discribed not discribed o] ? ? ? Free o] o MOOC
141 Portland St., Sth floor, Cambridge, MA |20 o2 SUCSEEC science has become a field of big data, just like so many other fields of study. New
Kiexplorx-0#1 at the frontline of health science research
02139 make it possible and affordable to generate massive data sets in biology.
N N + How to make a suitable choice between a few common
Researchers and clinicians can measure the activity for each of 30000 genes of a o
statistical methods, based on the type of problem and a
patient. They can read the complete genome sequence of a patient. Thanks to another |°.° =/ ™10
trend of the decade, open access publishing, the results of such large scale health <
science are very often published for you to read free of charge. You can even access the
raw data from open databases such as the gene expression database of the NCBI,
National Center for Biotechnology Information.
In this first part of a two part course, we'll walk through the basics of statistical thinking
- starting with an interesting question. Then, we'll learn the correct statistical tool to
help answer our question of interest - using R and hands-on Labs. Finally, we'll learn
how to interpret our findings and develop a meaningful conclusion.
This course will consist of:
- Instructional videos for statistical concepts broken down into manageable topics.
- Guided questions to help your understanding of the topic.
 Weekly tutorial videos for using R Scaffolded learning with Pre-Labs (using R), hat you'l learn Basic math - arithmetic and
followed by Labs where we will answer specific questions using real-world datasets. |1 2 Y00 €9 algebra Week One: Introduction to Data
edX Inc. Inttps://www.edx.ora/course/ | - Weekly wrap-up questions ing both topic and appli e e e Students should be comfortable |Week Two: Univariate Descriptive Statistics
[Foundations of Data Analysis - Part 1: FIVEDEIA—LED foundations-data-analysis- |In this first of a two part course, we will cover basic Descriptive Statistics - learning lsolving math problems such as: |Week Three: Bivariate Distributions .
2 o ledX Inc. e - - Data structure and how to examine it not discribed N o o x  |eiERg Free o Mooc
Statistics Using R 141 Portiand St., 9th floor, Cambridge, MA  |part-1-utaustinx-ut-7- about visualizing and summarizing date, followed by a “Modeling” investigation where | (28 SW7e T8 IOR BEETIEL 25 = 15 + 2x Week Four: Bivariate Distributions (Categorical Data)
02139 10x#.VHWTUSKIBXE \we'll learn about linear, exponential, and logistic functions. We will learn how to interpret] prog| 9 (91 9 |Comfort with a computer and | Week Five: Linear Functions
S ETWSODE e - Simple modeling of linear, exponential, and logistic
and use those functions with basic Pre-Calculus. These two “units” will set the leamer | > "1 lcomfort using a novel computer |Week Six: Exponential and Logistic Function Models
L nicely for the second part of the course: Inferential Statistics with a multiple 9 lsoftware
cap.
Both parts of the course are intended to cover the same material as a typical
introductory undergraduate statistics course, with an added twist of modeling. This
course is also intentionally devised to be sequential, with each new piece building on the
previous topics. Once completed, students should feel comfortable using basic statistical
techniques to answer their own questions about their own data, using a widely available
statistical software package (R).
In the second part of a two part course, we'll learn how to take data and use it to make
reasonable and useful conclusions. You'll learn the basics of statistical thinking - starting
lwith an interesting question and some data. Then, we'll apply the correct statistical tool
to help answer our question of interest - using R and hands-on Labs. Finally, we'l learn
how to interpret our findings and develop a meaningful conclusion.
In this second of a two part statistics course, we will cover basic Inferential Statistics -
integrating ideas of Part 1. If you have a basic knowledge of Descriptive Statistics, this
lcourse is for you. We will learn how to sample data, examine both quantitative and Basic math - arithmetic and  |Week One: Introduction to Data
lcategorical data with statistical techniques such as t-tests, chi-square, ANOVA, and \what you'l learn lalgebra Week Two: Sampling
ledX Inc. ttps) e org/course, [FEITESSON- szvf:unﬁ; amples of data Students should be comfortable |Week Three: Hypothesis Testing (One and Two Group
e, c .
[Foundations of Data Analysis - Part 2: MLShETA—LED - - Both parts of the course are intended to cover the same material as a typical P lsolving math problems such as: |Means) ) .
22 - ledX Inc. lfoundations-data-analysis- - Basic R programming (guided through tutorials) ot discribed o o x  |eErg Free o MooC
Inferential Statistics 141 Portland St., Sth floor, Cambridge, MA introductor statistics course, with an added twist of modeling. This N . 25 = 15 + 2x Week Four: Hypothesis Testing (Categorical Data)
art utaustin: 20x o + Basic Inferential Statistics including t-tests, chi-square, " "
02139 PErEEiBusRtE i course is also intentionally devised to be sequential, with each new piece building on the - 978 17 e e 28 (Comfort with a computer and  Week Five: Hypothesis Testing (More Than Two Group
previous topics. Once completed, students should feel comfortable using basic statistical 4 9! lcomfort using a novel computer |Means)
techniques to answer their own questions about their own data, using a widely available software Week Six: Hypothesis Testing (Quantitative data)
statistical software package (R).
This course will consist of:
- Instructional videos for statistical concepts broken down into manageable topics.
- Guided questions to help your understanding of the topic.
- WeeKly tutorial videos for using R. Scaffolded learning with Pre-Labs (using R),
followed by Labs where we will answer specific questions using real-world datasets.
|Weekly wrap-up questions both topic and
What you'll learn
The purpose of this course, then s to help you develop a functional, satisfying, and | - Select appropriate statistical tests for data according to
edX Inc. useful life-long relationship with statistics. To achieve that goal, we will take a non-  [the levels of measurement
I "Heart" Stats: Learning to Love muahETA—LE0D technical approach—you will learn how statistics work and why they are so helpful in | - Perform basic calculations to determine statistical - - a . . Mooc
228 o edX Inc. : g ! " ! ! e not discribed None not discribed o 2 x  [osmm Free o o o "
Statistics 141 Portland St., 9th floor, Cambridge, MA |2 edx.org/course, the world of information that is around us. You will learn about the logic of |significance s This is an Archived Course.
02139 statistical thinking and the concepts (rather than the mathematical details and - Use standard methods of representation to summarize
probability theory) that guide statistical inferences and conclusions. data
- Interpret and assess the credibility of basic statistics
Familiarity with Hadoop clusters
in HDInsight
Familiarity with database
lconcepts and basic SQL quet
Learn how to implement predictive analytics solutions using Hadoop machine learning |,/ - ntaf ic SQL query
kechnologies like Mahout and Spark on Microsoft Azure HDInsight. In this four-week || *® tz_ F\;mmant with basic
lcourse, you will learn the basic concepts of data science and also use R programming on : § i Module 1: Introduction to Data Science and Machine
ledX Inc. https://www.edx.org/course, lan HDInsight cluster: + Identify core concepts and techniques for data science programming constructs (for Learnin
Implementing Predictive Analytics PLSDETA—LED implementing-predictive- 9 ' land machine learning. lexample, variables, loops, 9 .
229 N ledX Inc. not discribed N Module 2: Using Mahout (e} (o] SiER Free (o] MOOC
with Hadoop in Azure HDInsight 141 Portland St., Sth floor, Cambridge, MA  |analytics-hadoop-microsoft- | ) - Install and use R on an HDInsight cluster conditional logic) ! ’
This course i the third in a series that explores big data and advanced analytics Module 3: Using Spark Machine Learning
102139 dat202-3x + Use Apache Mahout to create predictive solutions that A basic knowledge of
—— techniques with HDInsight; and builds on the concepts and skills learned in DAT202.1x: N - Final Exam
° : classify data and produce recommendations mathematics, including linear
Processing Big Data with Hadoop in Azure HDInsight and DAT202.2x: Implementing
- Use Apache Spark to build a machine learning solution. lequations and functions
Real-Time Analysis with Hadoop in Azure HDInsight. X
|A willingness to learn actively
land persevere when
troubleshooting technical
problems is essential
Familiarity with Hadoop clusters
land Hive in HDInsight
Familiarity with database
. _— ) What you'll learn lconcepts and basic SQL quel
Learn how to implement low-latency and streaming Big Data solutions using Hadoop |/ "®. *° el AL query
like HBase, Storm, and Spark on Microsoft Azure HDInsight. You'lleam to |70 % L F‘;mma‘ri with basic
edX Inc. nttps://www.edx.ora/course/ [create and query HBase and Apache Spark tables to address problems and find solutions| query : v Module 1: Using HBase for NoSQL Data
- Build Microsoft .NET client applications for HBase. programming constructs (for
30|/ mPlementing Real-Time Analytics |\ PUEDEIA—LED implementing-real-time- using Big Data. . Lmplerment Microsoft NET boced Stomm topologies for ot discribed oo, vartabros. Toope Module 2: Using Storm for Streaming Data 5 5 o |umm e 5 MooC
\with Hadoop in Azure HDInsight . 141 Portiand St., 9th floor, Cambridge, MA  |analytics-hadoop-microsoft-  [This course is the second in a series that explores big data and advanced analytics stre;mn e : polog condwion’al Togicy B e;:lelnce Module 3: Using Spark for In-Memory Data and Streaming ~ This is an Archived Course.
02139 dat202-2x ltechniques with HDInsight; and builds on the batch processing techniques learned in 9 data. ° 9ic). Experient Final Exam
— N . . « Integrate Storm with HBase and Azure Event Hub. \with C# and Visual Studio is
DAT202.1x: Processing Big Data with Hadoop in Azure HDInsight. A third course in this
- Create and query Spark in-memory tables. preferred.
Iseries will follow this one to cover predictive analytics in HDInsight. X
- Use Spark Streaming to process event data. |A willingness to learn actively
land persevere when
ftroubleshooting technical
problems is essential.
\Want to I he 1 1} I-worl | dat: it he 1 ? Thi
/ant to learn how to analyze real-world medical ,da a, but unsure wi ‘ere 0 begin’ is Week 1 Basic Statistical Concepts
|Applied Biostatistics course provides an introduction to important topics in medical )
What you'll learn Week 2 Basic Epidemiological Concepts
ledX Inc. istatistical concepts and reasoning. Each topic will be introduced with examples from I . N
Introduction to Applied Biostatistics: MLShE A —LED ublished clinical research papers; and all homework assignments will expose learner to | - "TPOrant topics in medical statistical concepts and Week 3 Selecting Proper Statistical Tests
23 " |edX Inc. = ! reasoning not discribed not discribed Week 4 Student T-Test, Man-Whitney U Test, Paired T- [e] e} x BEL] Free e} o MOOC

Statistics for Medical Research

141 Portland St., Sth floor, Cambridge, MA
02139

biostatistics-osakaux-
med101x

hands-on data analysis using real-life datasets. This course also represents an
introduction to basic epidemiological concepts covering study designs and sample size
lcomputation. Open-source, easy-to-use software will be used such as R Commander
land PS sample size software.

- Epidemiological Study Designs
- Data analysis using R Commander

test, Wilcoxon Signed Rank Test
Week 5 Risk, Rate and Chi-Square Tests
Week 6 Sample Size and Power Analysis
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EdX keeps courses open for enrollment after they end to allow leamers to explore
content and continue learning. Al features and materials may not be all available. Check
This course covers advanced undergraduate-level material.
back often to see when new course start dates are announced. Programming background and |1 “47e° P,
Organizations use their data for decision support and to build data-intensive products lexperience with Python a P d
ledX Inc. Ihttps://www.edx.org/course/ " N " - Learn how to use Apache Spark to perform data analysis . s " with Python (or the ability to learn it quickly). All exercises
o land services, such as recommendation, prediction, and diagnostic systems. The ! required. All exercises will use
Introduction to Big Data with Apache mUEDETA—LED introduction-big-data- - How to use parallel programming to explore data sets will use PySpark (part of Apache Spark), but previous ) Mooc
232) edX Inc. collection of skills required by organizations to support these functions has been not discribed PySpark (part of Apache Spark), o] o O |sans Free o
spark 141 Portland St., Sth floor, Cambridge, MA  |apache-spark-uc-berkeleyx- " * - Apply Log Mining, Textual Entity Recognition and ) Park): | experience with Spark or distributed computing is NOT This is an Archived Course.
grouped under the term Data Science. This course will attempt to articulate the ° g , but previous experience with "9
02139 cs100-1x (Collaborative Filtering to real world data questions required. Students should take this Python mini-quiz
e expected output of Data Scientists and then teach students how to use PySpark (part of Spark or distributed computing
; . before the course and take this Python mini-course f they
lApache Spark) to deliver against these expectations. The course assignments include s NOT required. et 0 loorm bt or tafrenn the Py e
Log Mining, Textual Entity Recognition, Collaborative Filtering exercises that teach v v oe:
students how to manipulate data sets using parallel processing with PySpark.
This course will teach you how to use computation to accomplish a variety of goals and
provides you with a brief introduction to a variety of topics in computational problem
solving . This course is aimed at students with some prior programming experience in
Python and a rudimentary knowledge of computational complexity. You will spend a
amount of time writing programs to implement the concepts covered in the
course. For example, you will write a program that will simulate a robot vacuum 6.00.1x Introduction to
cleaning a room or will model the population dynamics of viruses replicating and drug Computer Science and
edX Inc. https://www.edx.ora/course/ in a patient's body. What you'll learn Programming Using Python o
Introduction to Computational MUEDETA—LED introduction-computational- - Plotting with the pylab package - equivalent (some prior - i i ' .
233 : edX Inc. not discribed not discribed o] o O |roimps Free o o MooC
[Thinking and Data Science 141 Portland St., 9th floor, Cambridge, MA  |thinking-data-mitx-6-00-2x- [Topics covered include: - Stochastic programming and statistical thinking in ’ i
02139 241 - Plotting with the pylab package - Monte Carlo simulations Python and a rudimentary
- Random walks knowledge of computational
- Probability, Distributions complexity)
- Monte Carlo simulations
- Curve fitting
 Knapsack problem, Graphs and graph optimization
- Machine learning basics, Clustering algorithms
- Statistical fallacies
The world is full of uncertainty: accidents, storms, unruly financial markets, noisy
communications. The world is also full of data. Probabilistic modeling and the related College-level calculus (single-
field of statistical inference are the keys to analyzing data and making scientifically Variable and multivariable).
sound predictions. ) Although this s not a
f ) What you'll learn
Probabilistic models use the language of mathematics. But instead of relying on the mathematics course, it does rely
- The basic structure and elements of probabilstic models
traditional "theorem - proof" format, we develop the material in an intuitive -- but still ' emens on the language and some tools
edX Inc. . > - Random variables, their distributions, means, and
N https://www.edx.ora/course/ [rigorous and precise - manner. Furthermore, while the applications are from mathematics. It requires a
Introduction to Probability - The BUEDETA—LED Variances ) .
234" ! edX Inc. ) introduction-probability multiple and evident, we emphasize the basic concepts and methodologies that are . ) not discribed level of comfort with not discribed o ? x |16 Free o o MooC
Science of Uncertainty 141 Portland St., 9th floor, Cambridge, MA - Probabilistic calculations
oa130 science-mitx-6-041x-0 universally applicable. e ot mathematical reasoning,
The course covers all of the basic probability concepts, including: familiarity with sequences,
‘ ‘ : ’ - Laws of large numbers and their applications o ;
- multiple discrete or continuous random variables, expectations, and conditional limits, infinite series, the chain
- Random processes
distributions rule, as well as the ability to
- laws of large numbers work with ordinary or multiple
- the main tools of Bayesian inference methods integrals.
- an introduction to random processes (Poisson processes and Markov chains)
Section 1: Introduction to Basics
Take your first steps with R. Discover the basic data types
in R and assign your first variable.
Section 2: Vectors
R is rapidly becoming the leading language in data science and statistics. Today, the R "
' A ! ’ > Analyze gambling behavior using vectors. Create, name
programming language is the tool of choice for data scientists in every industry and
and select elements from vectors.
field. Whether you are a full-time number cruncher, or just the occasional data analyst,
; Section 3: Matrices
R will suit your needs. ) ’
Learn how to work with matrices in R. Do basic
This introduction to R programming course will help you master the basics of R. In
) ’ with them and demonstrate your knowledge
seven sections, you will cover its basic syntax, making you ready to undertake your own |What you'll learn
by analyzing the Star Wars box office figures.
edX Inc. first data analysis using R. - R language fundamentals and basic syntax
on https://www.edx.ora/course/ [ ) , ) .  Isection 4: Factors
J3shntroduction to R Programmin eox inc MUADETA—LED tarting from variables and basic operations, you will learn how to hande data - What R is and how it's used to perform data analysis | None, but previous experience in > 100 & Lo ors. Leam how to create, | 0 | o R rree . o0c
9 9 : 141 Portland St., 9th floor, Cambridge, MA structures such as vectors, matrices, data frames and lists. In the final section, you will | - You will become familiar with the major R data basic mathematics is helpful. 9 - | C © 5 ©
; » : subset and compare categorical data.
02139 dive deeper into the graphical capabilities of R, and create your own stunning data [structures oection o Lote
No prior in or data science is required.  You will make your own visualizations using R :
s Lists allow you to store components of different types.
What makes this R programming course unique s that you will continuously practice o o v ot it T
vour newly acquired skills through interactive in-browser coding challenges using the -
Loaams atiomm Sections 6: Data Frames
P P . When working R, you'll probably deal with Data Frames all
Instead of passively watching videos, you will solve real data problems while receiving
the time. Therefore, you need to know how to create one,
instant and personalized feedback that guides you to the correct solution.
select the most interesting parts of it, and order them.
Section 7: Basic Graphics
Discover R's packages to do graphics and create your own
data visualizations
We are surrounded by information, much of it numerical, and it is important to know
how to make sense of it. Stat2x is an introduction to the fundamental concepts and
methods of statistics, the science of drawing conclusions from data.
The course is the online equivalent of Statistics 2, a 15-week introductory course faken |\
in Berkeley by about 1,000 students each year. Stat2x is divided into three 5-week A
- The fundamental concepts and methods of statistics
edX Inc. https://www.edx.ora/course/ Stat2.1x is the first of the three. e
Introduction to Statistics: Descriptive MUEDETA—AED The focus of Stat2. 1x is on descriptive statistics. The goal of descriptive statistics is to pret orep - ; o . ' . Mooc
236 o edX Inc. data not discribed High School Arithmetic not discribed o ? x  [sEm Free o o o
Statistics 141 Portland St., 9th floor, Cambridge, MA summarize and present numerical information in a manner that is illuminating and This is an Archived Course.
° ! ! - Understand the reasoning behind the calculations, the
02139 useful. The course will cover graphical as well as numerical summaries of data, starting
assumptions under which they are valid, and the correct
with a single variable and progressing to the relation between two variables. Methods
' ! interpretation of results
will be illustrated with data from a variety of areas in the sciences and humanities.
There will be no mindless memorization of formulas and methods. Throughout Stat2.1x,
the emphasis will be on understanding the reasoning behind the calculations, the
lassumptions under which they are valid, and the correct interpretation of results.
The methods that will be covered are among the most commonly used of all statistical
techniques. If you have ever read an article that claimed, "The margin of error in such
surveys is about three percentage points,” or, “Researchers at the University of
California at Berkeley have discovered a highly significant link between ...," then you
should expect that by the end of Stat 2.3x you will have a pretty good idea of what that
means.
BUEDETA—LED introduction-statistics- lcomprehension of English and Mooc
237|Introduction to Statistics: Inf X Inc. mroduction-statistics: Iy - she did t job and h It blished 1) t t discribed t discribed t discribed o 2 BoE F o o o
ntroduction to Statistics: Inference  [edX Inc 141 Portiand .. Sth floor, Cambridge, MA | nerence-ue-perkelomestat2.|(S27i0USlY = she did a areat job and her resuits were published in @ major journal) to. |not discribe not discribe ooney with content of stata.a |t discribe x  [sEm ree e o an Archived Course.
2139 e ot rulings by the U.S. Supreme Court. A
SHEAHZLAORE The fundamental approach of the series was provided in the description of Stat2.1x and .
appears here again: There will be no mindiess memorization of formulas and methods.
Throughout the course, the emphasis will be on understanding the reasoning behind the
calculations, the assumptions under which they are valid, and the correct interpretation
of results.
What you'lllearn
We will start with exact calculations of chances when the experiments are small enough | - What is a random sample, and how does randomness High school arithmetic, good
edX Inc. https://www.edx.ora/course/ [that exact calculations are feasible and interesting. Then we will step back from all the ~ |work comprehension of English,
) - » MUADETA—LED introduction-statistic: details and try to identify features of large random samples that will help us - How to work with exact calculations of chances when - knowledge of the material of - X § Mooc
238{Introduction to Statistics: Probability |edX Inc. miroduction-statistics: not discribed not discribed o ? x  [sEm Free o o o =
. 4 141 Portland St., Sth floor, Cambridge, MA  |p _berkeleyx- probabilities that are hard to compute exactly. We will study sums and |the experiments are small isert Stat2.1x, with emphasis on isert g i R#  IThis is an Archived Course.
02139 stat2-2x laverages of large random samples, discuss the factors that affect their accuracy, and | - How to identify features of large random samples that histograms, averages, SDs, and
use the normal approximation for their probabiltty distributions. will help s approximate probabilities that are hard to the normal curve.
compute exactly
What you'll learn
- Understand the role of Knowledge Management (KM)
The course is offered by the Knowledge Management and Innovation Research Center  [practitioners in creating business value.
(KMIRC) of The Hong Kong Polytechnic University. Most of our research are company | - Become familiar with the techniques and tools for
edX Inc. nttps://www.edx.ora/course/ [and industrial based. Capabilities and competencies of the KMIRC are further capturing, processing, classifying and organizing
Knowledge Management and Big Data BUEDETA—LED “big- stre by the alliances it has formed with leading practitioners.  [knowledge. )
239) edX Inc. not discribed None not discribed o ? x  |emms Free o o MooC
i Business 141 Portland St., 9th floor, Cambridge, MA  |data-business-hkpolyux-  [Many of whom are regarded as the "Hall of Fame" of knowledge management, and  How to analyze large quantities of data and information o . -
02139 ise101x renowned research centers worldwide. The course is suitable for participants with through analytics.
background in humanities, management, social science, physical science or engineering. | - Understand the role of social media and technologies in
No prior technical background is assumed. innovating new business services.
- Apply the principles you have leamt to company-based
business projects.
What you'll learn
- What an algorithm is
: ; - Complexity of algorithms
IThis data science course is an introduction to machine learning and algorithms. You will plexity of alg
edX Inc. https://www.edx.ora/course/ - Space and time trade off
: : o develop a basic of the principles of machine learning and derive practical High School Math. Some
24|/ 1achine Leaning for Data Science. 1,y 1. HEDE I ~AHD machine-learning-data- solutions using predictive analytics. We will also examine why algorithms play an * Examples of algorithms not discribed lexposure to computer not discribed o ? x  [sEm Free o o MooC
land Analytics . 141 Portiand St., 9th floor, Cambridge, MA  |science-analytics-columbiax- 9 P tics. ' alg play - Algorithms for Big Data P P ©
02139 ds102x jessential role in Big Data analysis. - Predictive classification and clusterint programming.
E— This i the second course in the three-part Data Science and Analytics XSeries. 9
- Linear models
- Graphical and topical modeling
- Real time applications
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) ) . What you'll learn
In this course, through case studies, we will examine some simplified and idealized v ) : )
- How to construct simplified representations of biological
edX Inc. tos: /s e org/course/ | mathematical models and thei underlying mathematical frameork so that we learn {7 700 2 CEHC ST Carcuus
Mathematical Modeling in Biology and MUEDETA—LED mathematical-modeling-  |how to construct simplified representations of complex biological processes and - - 5
edX Inc.  How to analyze mathematical models in a qualitative and|not discribed Working knowledge of Linear |not discribed x Free MooC
Life Sciences 141 Portiand St., 9th floor, Cambridge, MA  |biology-life-pekingx- phenomena. We will learn how to analyze these models both qualitatively and uan‘gtawe myamer nag isert n Emg lge of Li isert Y
02139 01139732x ively and interpret the results in a biological fashion by providing predictions | 9
- How to interpret such models in biological fashion with
and hypotheses that experimentalists may verify.
predictions and hypotheses
Students interested in the basics of open government, in
What you'lllearn data-driven governance and data-driven research
- Basic concepts related to Open Government and Open jonals or r working on open
|Governments all over the world aim to become more open and transparent in order to P P P 9 on ops
(Government Data research and interested in strategies and challenges for
establish closer ties with their constituents. However, releasing government data Week 1: Introduction to Open Government
- How to analyze and discuss benefits, barriers and opening governments P
involves complex challenges and poses two major concerns. First, many different J ) ) Week 2. Opening and reusing government data
edX Inc. * potential negative effects of a particular open governmen orr working on open data Basic knowledge of information "
https://www.edx.ora/course/ |participants are involved and there are various dependencies between them, and Week 3. Technical and judicial aspects of governmental
BUADETA—LED case and an open goverment data case research or open data initiatives land communication technology
Open Government ledX Inc. ) open-government-delft  |second, the technologies that support open government are fragmented. In addition, it j ) A " information sharing x Free MooC
141 Portland St., 9th floor, Cambridge, MA - How to analyze public values and best practices related |Professionals and researchers working on topics related to |Basic knowledge of multi-actor
og101x is unclear how different contexts should alter the best practices for open government. Week 4. Open government and public values and
02139 to open government public values, including transparency and privacy, ina  |systems
This course explores the foundations and objectives of Open Government and examines ) ; conclusions
° ou - How to apply the open government principles in various |governmental context
lcurrent developments, including the opening and reuse of governmental data such as Week 5. Exam
e ralesca of nots by G o Europe situations Senior administrators, policy advisors, government officials
Y g pe. - How to understand potential negative and positive or agency members, who are interested in how ICTs
effects Open Government might bring to the workplace  |change governments and how ICTs can be used in public
administrations
Predictive analytics is emerging as a competitive strategy across many business sectors
and can set apart high performing companies. It aims to predict the probability of the
occurrence of a future event such as customer chum, loan defaults, and stock market
fluctuations - leading to effective business management. What you'll learn
- Advanced Statistical Concepts:
eox inc Models such as multiple linear regression, logistic regression, auto-regressive integrated | - Understand how to use predictive analytics tools to scr e statiatice. Proba
F‘iu“ﬁﬁjzfuﬁo https://www.edx.org/course/ [moving average (ARIMA), decision trees, and neural networks are frequently used in  |analyze real-life business problems. Dlsmbimn H Ome’s‘s testmw
Predictive Analytics ledX Inc. 141 Portand St oth floor. Cambridae, s |2redictive-analytics-imbyc [solving predictive analytics problems. Regression models help us understand the - Demonstrate case-based practical problems using not discribed ova e 9" |not discribed o Free o o Mooc
lo2139 N ’ 9 lgm901x relationships among these variables and how their relationships can be exploited to predictive analytics techniques to interpret model outputs. . Software Requisites: SPSS /
make decisions. « Learn regression, logistic regression, and forecasting SAS / STATA a )
This course is suitable for students/practitioners interested in improving their knowledgeusing software tools such as MS Excel, SPSS, and SAS.
in the field of predictive analytics. The course will also prepare the leamer for a career
in the field of data analytics. If you are in the quest for the right competitive strategy to
make companies successful, then join s to master the tools of predictive analytics.
What you'll learn
- Create Transact-SQL SELECT Queries
- Work with Data types and NULLs
- Query Multiple Tables with Joins
The course consists of multiple modules, each exploring a key area of the Transact-sqL |~ QuerY Multip with Jor
edX Inc. https://www.cdx.ora/course/ language, with a focus on querying and modifying data in Microsoft SQL Server or Azure| ~ US€ Set Operators
PLSDETA—LED - - guage, querying 9 - Use Functions and Aggregate Data Basic understanding of
IQuerying with Transact-SQL edX Inc. lquerying-transact-sql- SQL Database. The labs are based on a sample database that you can deploy easily in not discribed not discribed x Free o MooC
141 Portland St., 9th floor, Cambridge, MA ° - Use Subqueries and APPLY databases and IT systems.
oa130 microsoft Azure SQL Database, enabling you to get hands-on experience with Transact-SQL e e e
without any need to install and configure a database server. press
+ Group Sets and Pivot Data
- Modify Data
- Program with Transact-SQL
- Implement Error Handling and Transactions
Programming background;
This course introduces the underlying statistical and algorithmic principles required to comfort with mathematical and
develop scalable real-world machine learning pipelines. We present an integrated view |What you'll learn algorithmic reasoning; familarity|
of data processing by highlighting the various components of these pipelines, including |- The underlying statistical and algorithmic principles with basic machine learning
lexploratory data analysis, feature extraction, supervised learning, and model evaluation. |required to develop scalable real-world machine learnin concepts; exposure to
ledX Inc. Ihttps://www.edx.ora/course/ | 0 o O ¥ P 9 d P 9 pLs; expe
You will gain hands-on experience applying these principles using Apache Spark, a pipelines algorithms, probability, linear
’ MUADETA—AED scalable-machine-learning- ° - ° - .
245{Scalable Machine Learning ledX Inc. 1 oty ot ot floor, Combridae, MA | b roortos cluster computing system well-suited for large-scale machine learning tasks. You will | - Exploratory data analysis, feature extraction, supervised |not discribed algebra and calculus; experience not discribed o Free o MooC
, ; . - yx-c5190-
oa130 o PRIy scalable for statistical models (linear regression,  [learning, and model evaluation with Python (or the ability to
PEINEOSE logistic regression, matrix factorization, principal component analysis) while tackling key | - Application of these principles using Apache Spark learn it quickly). Al exercises
problems from domains such as online advertising and cognitive neuroscience: - How to implement scalable algorithms for fundamental will use PySpark, but previous
This self-assessment document provides a short quiz, as well as online resources that [statistical models lexperience with Spark or
review the relevant background material. distributed computing is NOT
required.
What you'll learn
- Data collection, analysis and inference
- Relationship between variables
This statisti lysi 1 h I f on - Types of associ
is statistics and data analysis course will pave the statistical foundation for our Ypes of association ek 1 - Introduction to Data Science
edX Inc. discussion on data science. - Conditional probability
- ) ) o https://www.edx.ora/course/ . ) ) . High School Math. Some Week 2 - Statistical Thinking
Statistical Thinking for Data Science MUEDETA—LED You will learn how data scientists exercise statistical thinking in designing data - Bayes’ Rule -
246 ! edX Inc. not discribed lexposure to computer Week 3 - Statistical Thinking 2 x Free o MooC
and Analytics 141 Portland St., 9th floor, Cambridge, MA collection, derive insights from visualizing data, obtain supporting evidence for data- | - Goals of data visualization
v o s ¢ : programming. Week 4 - Exploratory Data Analysis and Visualization
02139 based decisions and construct models for predicting future trends from data. - Statistical comparisons that underlie data graphics ook & It 1 Bovesion gl
[ This is the first course in the three-part Data Science and Analytics XSeries. - How Bayesian inference is used to combine sources of 4 9
information
- Identify situations where Bayesian modeling can be
useful
In Part 1, we shall be exploring multiple ways to describe
these datasets, numerically as well as visually.
Throughout, we shall embrace a problem-based approach
to understanding the material: the primary reason to pick
What you'll learn up a tool or a technique will be to solve a problem. Our
- To download data from prominent Internet sources course makes judicious use of tools.
- To analyse a dataset using spreadsheet software
tatistics is a versatile discipline that has revolutionized the fields of business, - To pose pertinent business questions of datasets and to In Part 2, we shall take p a few datasets that have over a
o Inc. lengineering, medicine and pure sciences. This course is Part 1 of a 4-part series on  [answer them million rows, which makes it impossible to analyze using a
A — D https://www.edx.ora/course/ [Business Statistics, and is ideal for learners who wish to enroll in business programs. | - To clean up a dataset and summarize the data using spreadsheet. This is a natural setting for R, an advanced o0c
247|statistics for Business - I edX Inc. o statistics-business-i-imbx-  |The first two courses cover topics in Descriptive Statistics, whereas the next two courses|single point measures of centrality and dispersion not discribed Basic Algebra and some Calculus statistical programming platform. The courses incorporate x Free o e
141 Portland St., 9th floor, Cambridge, MA This is an Archived Course.
02130 focus on Inferential Statistics - To classify variables by scale and agaregate them with helpful tutorials to get leamers acquainted with both the
Spreadsheets containing real data from diverse areas such as economics, finance and  [pivo tables mechanisms. Parts 3 and 4 are dedicated to Inferential
HR drive much of our discussions. - To build an understanding of probability, joint and Statistics. In Part 3, we begin by exploring the benefits of
marginal probability, conditional probability random sampling, and apply the Central Limit Theorem to
- To apply Bayes rule to invert probabilities on a decision arrive at confidence intervals for important population
tree parameters. We also leam how to formulate hypotheses
for business data, and resolve them with the testing
framework that we establish. Along the way, we shall
compare two or more populations and draw inferences
with a set of statistical tests
tatistics is a versatile discipline that has revolutionized the fields of business,
lengineering, medicine and pure sciences. This course is Part 2 of a 4-part series on
Business Statistics, and is ideal for learners who wish to enroll in business programs.
c e What you'll learn
The first two parts cover topics in Descriptive Statistics, whereas the next two focus on
- To use spreadsheets to analyze larger datasets
Inferential Statistics.
; - To pose pertinent business questions of datasets and to
eox 1nc. Spreadsheets containing real data from diverse areas such as economics, finance and | @ PO% P
: htps: ed HR drive much of our discussions.
- MUADETA—LED s/ 4091 €0% 0rg course/ R drive mu ur discuss ) ; - To describe a random variable in probabilistic terms and - ) - - Mooc
248[Statistics for Business - IT edX Inc. In Part 2, we use the language of probability to examine the underlying distributions of not discribed Basic Algebra and some Calculus |not discribed x Free > >
141 Portland St., 9th floor, Cambridge, MA derive parameters such as mean and variance This is an Archived Course.
random variables. We model real-life phenomena using known variables such as
02139 - To draw a simple random sample from a population
Binomial, Poisson and Normal. We learn how to simulate data that are distributed ]
- To model business phenomena with known random
laccording to these variables.
’ ’ variables such as Binomial, Poisson and Normal
We shall take up datasets that have over a million rows, which makes it difficult to ! .
- To simulate variables that follow a prescribed distribution
analyze using a spreadsheet. This s a natural setting for R, an advanced statistical
programming platform. We incorporate helpful tutorials to get learers acquainted with
the platform.
This Digital Programs course will survey state-of-the-art topics in Big Data, looking at This course s designed to be
data collection (smartphones, sensors, the Web), data storage and processing (scalable suitable for anyone with a
relational databases, Hadoop, Spark, etc...), extracting structured data from bachelor’s level education in
unstructured data, systems issues (exploiting multicore, security), analytics (machine Participants may include: computer science or equivalent
earning, data compression, efficient algorithms), visualization, and a range of Engineers who need to understand the new Big Data ork experience, such as
ledX Inc. https://www.edx.org/course/ | = "9 P ent alg ) . 9 Participants will lean the state-of-the-art in Big Data. The | 2" 9 i P
o . - technologies and concepts to apply in their work working hands-on with IT /
’ MUEDETA—LED tackling-challenges-big-data- course aims to reduce the time from research to industry ° ° o . : .
249[Tackling the Challenges of Big Data  [edX Inc. Each module will introduce broad concepts as well as provide the most recent Technical managers who want to familiarize themselves  [technology systems not discribed x o o o MooC
141 Portland St., 9th floor, Cambridge, MA  |ying-dui-da-mit-professional- dissemination and expose participants to some of the most
09139 e — in research. e e o e B Dot with these emerging technologies (programming, database
Cqucation-0-baxszn Tackling the Challenges of Big Data is designed to be valuable to both individuals and q 9 Entrepreneurs who would like to gain perspective on ladministration, data analysis,
lcompanies because it provides a platform for discussion from numerous technical trends and future capabilities of Big Data technology lactuarial work, etc.). No
perspectives. The concepts delivered through this course can spark idea generation programming experience or
lamong team members, and the knowledge gained can be applied to their company’s knowledge of programming
lapproach to Big Data problems and shape the way business operate today. languages is required.
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What you'll learn
- Apprehend the value of mining content in advancing the
Istrategic opportunities of the organization
The knowledge base of the world is rapidly expanding, and much of this information is |- Appraise a variety of textual sources of intelligence, and
being put online as textual data. Understanding how to parse and analyze this growing |match the content to your business needs. IThe course does not require a
lamount of data is essential for any organization that would like to extract valuable - Manage enterprise data in a format which can be cleanly background in programming,
insights and gain competitive advantage. This course will demonstrate how text mining |read, updated, and reported upon. land can be followed by using the|
edX Inc. s ccorgcoursey [P @NSWer business relted questions, with a focus on technological innovation. - Select appropriate modelling methods for analyzing provided iPython notebooks.
250[Text Mining and Analytics ledX Inc. MuabtEIA—LBE0 ltext-mining-analytics-delftx- IThis is a highly modular course, based on data science principles and methodologies. textual data. IThe course is intended for data scientists of all levels as However the course does ot discribed o o « 631 $295 o =E MOOC
141 Portiand St, 9th floor, Cambridge, MA | “* We wil look into innovation through mining articles and patents and - Evaluate the suitability, accuracy and generalizability of ~|well as domain experts on a managerial level. assume that participants are This is an Archived Course.
02139 2 implement natural language processing. We will also utilize other available sources of  |your model. lcomfortable with rigorous
ive ir such as the gray literature and knowledge bases of companies, | - Draw inferences from your text content, generating thinking and not intimidated by
news databases, social media feeds and search engine outputs. Text mining will be lactionable business intelligence. and
carried out using Python, and could be easily followed by running the provided iPython | - Find and communicate the message in your data. related concepts.
notebooks that execute the code. - Implement a range of appropriate data visualizations in
Python.
- Achieve a tight, design-oriented fit for integrating text
mining solutions with business needs.
In the last decade, the amount of data available to organizations has reached
levels. Data is business, social interactions, and the future Basic mathematical knowledge
of our society. In this course, you will learn how to use data and analytics to give an | What you'll learn (at a high school level). You
ledge to your career and your life. We will examine real world examples of how analytics | - An applied understanding of many different analytics should be familiar with concepts
edX Inc. s e orgcoursey [12V@ Doen used to significantly improve a business or industry. These examles include.methods, including linear regression, logisic regression, like mean, standard deviation,
251{The Analytics Edge e inc. FVEDEIA—LED nalvtice-cdge.mite 1507 .. |MoneYball, eHarmony, the Framingham Heart Study, Twitter, IBM Watson, and Netfix. |CART, clustering, and data visualzation ot discribed and scatterplots. Mathematical | L 5 5 U - e - MooC
141 Portiand St, 9th floor, Cambridge, MA (302 S E T Through these examples and many more, we will teach you the following analytics - How to implement all of these methods in R maturity and prior experience This is an Archived Course.
02139 S TENCODE methods: linear regression, logistic regression, trees, text analytics, clustering, - An applied of lwith programming will decrease
visualization, and optimization. We will be using the statistical software R to build and how to solve optimization models in spreadsheet the estimated effort required for
models and work with data. The contents of this course are essentially the same as  [software the class, but are not necessary
those of the corresponding MIT class (The Analytics Edge). It is a challenging class, but o succeed.
it will enable you to apply analytics to real-world applications.
What you'lllearn
- Explain the basic function of cellular telephone networks,
IWiFi, and other networking technologies.
- Explain the evolution of privacy rights through the U.S.
How does cellular technology enable massive surveillance? Do users have rights against |-OnSttution's 4th amendment, particularly as applied to
Icontent and context surveillance.
surveillance? How does surveillance affect how we use celluar and other technologies? | LR IO S S RElaRes
How does it affect our democratic institutions? Do you know that the metadata collected | *
ledX Inc. https://www.cdx.ora/course/ |by a cellular network speaks volumes about its users? In this course you will explore all |"e/5S Networks.
\Wiretaps to Big Data: Privacy and - Consider the implications of different forms of
y N MuabeEIA—ABE0 wiretaps-big-data-privac lof these questions while investigating related issues in WiFi and Internet surveillance. B N B . - . .
252[Surveillance in the Age of edX Inc. retaps DId-Cata-prvacy: b ’ surveillance and how they impact an individual's privacy in |not discribed None not discribed o 2 x  [10mm Free o MooC
e ———- 141 Portland St., 9th floor, Cambridge, MA |surveillance-cornellx- The issues explored in this course are at the intersection of networking technology, law, lsociety.
02139 engri1280x land sociology and will appeal to anyone interested in the technical, political, and moral N
CRanLEERe A " - Evaluate contemporary surveillance and security
uestions inheren in the use of information networks. The course willnclude broad | 4425 O
overviews for the novice, while pointing to the detailed resources needed for those )
° - Increase their ability to apply ethical thinking and
lengaged in the development of corporate or governmental policies.
liudgment to a wide range of privacy and surveillance
situations.
- Interpret how using complex and powerful technologies
o collect personal data can impact individuals,
lcorporations, markets, and societies.
This class teaches us about the process of solving How to structure, visualize, and manipulate data.
problems and making decisions using data. The data Course Content:
56 you work with surveys, demographic information, evaluation data, test scores or |PTOCESS €ONSits of the following three steps 0. Welcome to Making Sense of Data
observation data? What questions are you looking to answer, and what story are you |1) PrePare 1. Unit 1 - Introducing the Data Process )
S s Jcatasense ithgoogle brying w0 tll with your dotas lAsk Questions / Collect Data / Organize Data / Cleanse 2. Unit 2 - Answering Basic Questions with Fusion Tables
253|Making Sense of Data |Google . N Data not described no 3. Unit 3 - Finding Patterns and Relationships in Data (e} (o] x - Free (o]
https om/forum  |.com/course This self-paced, online course is intended for anyone who wants to learn more about
how to structure, visualize, and manipulate data. This includes students, educators,  |¢2) A"aY2e 4. Hangdout on Air #1: Google Sheets
researchers, ]'CLIF'NH"STS ar;d small business owners. " Find Patterns / Find Relationships / Filter Data / 5. Hangout on Air #2: Office Hours
' " |Summarize Data / Calculate Formulas / Create Charts 6. Final Project - Part 1
(3) Apply 7. Final Project - Part 2
Make Decisions / Share Results / Visualize Data 5. Final Assessment
Distinguish what s Big Data (volume, velocity, variety),
land will learn where it comes from, and what are the key
challenges
- Determine how and where Big Data challenges arise in a
number of domains, including social media, transportation,
finance, and medicine
- Investigate multicore challenges and how to engineer Module One: Introduction and Use Cases
laround them Introduction: Big Data Challenges
- Explore the relational model, SQL, and capabilities of Case Study: Transportation
new relational systems in terms of scalability and Case Study: Visualizing Twitter
performance Module Two: Big Data Collection
Understand the capabilities of NoSQL systems, their This course is designed to be  [Data Cleaning and Integration
capabilities and pitfalls, and how the NewSQL movement |suitable for anyone with a Hosted Data Platforms and the Cloud
laddresses these issues bachelor’s level education in  [Module Three: Big Data Storage
- Leam how to maximize the MapReduce programming | g oo o [COMPUte science or equivalent. [Modern Databases
o [Participants can survey state-of-the-art topics in Big Data, looking at the data collection |model: What are its benefits, how it compares to refationall,_ P W8 PPCE &SP B K0 B work experience, such as Distributed Computing Platforms F42NvSa>TA—
MIT Professional Education (smartphones, sensors, the Web), data strage and processing (scalable relational lsystems, and new developments that improve its Tochnical managers who want ta fomiiarive themselves.|"*0TkING hands-on with IT / NoSQL, NewSQL Wikin =1 =51 T
254[Tackling the Challenges of Big Data  |Massachusetts Institute of Technology [PHONE : +1 617-324-7693 programs/courses/tackling_t Hadoop, Spark, etc.), extracting structured data from unstructured data,  |performance and robustness with these emerging technologies ltechnology systems Module Four: Big Data Systems o o X |t9aumpg $545| O BhITE B, £z TNETICH
E-mail : onlinex@mit.edu he challenges of big_data.ht|systems issues (exploiting multicore, security), analytics (machine learning, data - Leam why buiding secure Big Data systems s so hard | B0 FRISELCEREEE L L |(programiming, database Security b7 —2D7—H1 72308
i lcompression, efficient algorithms), visualization, and a range of applications. and survey recent techniques that help; including leaming [ 7P el of 1o bots ini data analysis, | Multicore Scalability MroTaTES.
ldirect processing on encrypted data, information flow lactuarial work, etc.) No User Interfaces for Data
control, auditing, and replay programming experience or  |Module Five: Big Data Analytics
- Discover user interfaces for Big Data and what makes of Fast I
building them difficult languages is required. Fast Algorithms 1T
+ Measure the need for and understand how to create Data Compression
sublinear time algorithms Machine Learning Tools
- Manage the development of data compression Case Study: Information Summarization
algorithms IApplications: Medicine
Formulate the “data integration problem”: semantic and |Applications: Finance
schematic heterogeneity and discuss recent breakthroughs
in solving this problem
- Understand the benefits and challenges of open-linked
data
(Comprehend machine learning and algorithms for data
lanalytics
IA/B testing, or split testing, is used by companies like
Google, Microsoft, Amazon, Ebay/Paypal, Netflix, and
numerous others to decide which changes are worth
launching. By using A/B tests to make decisions, you can
This course will cover the design and analysis of A/B tests, also known as split tests, base your decisions on actual data, rather than relying on
lwhich are online experiments used to test potential improvements to a website or intuition or HiPPO's - the highest paid person's opinion! This course requires introductory|Lesson 1: Overview of A/B Testing
mobile application. Two versions of the website are shown to different users - usually Designing good A/B tests and drawing valid conclusions y
"o ' ° knowledge of descriptive and  |Lesson 2: Policy and Ethics for Experiments
[ R — Udacity, Inc. the existing website and a potential change. Then, the results are analyzed to determinelcan be difficult. You can almost never measure exactly Searsaeliamil Lescon 21 Chosting and Charactonsing Metrcs ) \
255| Udacity, Inc. 2465 Latham Street, 3rd Floor hether the change is an improvement worth launching. This course will cover how to |what you want to know (such as whether the users are not described o] o] x 43ER Free o] o MOOC

IDesign and Analysis

Mountain View, CA 94040

Ichoose and characterize metrics to evaluate your experiments, how to design an
lexperiment with enough statistical power, how to analyze the results and draw valid
lconclusions, and how to ensure that the the participants of your experiments are
ladequately protected.

"happier” on one version of the site), so you need to find
lgood proxies. You need sanity checks to make sure your
lexperimental set-up isn't flawed, and you need to use a
Variety of statistical techniques to make sure the results
lyou're seeing aren't due to chance. This course will walk
lyou through the entire process. At the end, you will be
ready to help businesses small or large make crucial
decisions that could significantly affect their future!

Prior experience with A/B testing
is not required, and neither is
programming knowledge

Lesson 4: Designing an Experiment
Lesson 5: Analyzing Results
Final Project: Design and Analyze an A/B Test
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IData Analysis with R: Visually Analyze
land Summarize Data Sets

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

https://www.udacity.com/coul

Exploratory data analysis is an approach for summarizing and visualizing the important
(characteristics of a data set. Promoted by John Tukey, exploratory data analysis focuses

rse/data-analysis-with-r-
ud651

lon exploring data to understand the data’s underlying structure and variables, to
Idevelop intuition about the data set, to consider how that data set came into existence,
land to decide how it can be investigated with more formal statistical methods.

- Understand data analysis via EDA as a journey and a
way to explore data

+ Explore data at multiple levels using appropriate
Visualizations

+ Acquire statistical knowledge for summarizing data

- Demonstrate curiosity and skepticism when performing
data analysis

- Develop intuition around a data set and understand how
the data was generated

not described

A background in statistics is
helpful but not required.
|Consider taking Intro to
Descriptive Statistics and Intro
to Inferential Statistics prior to
taking this course. Relevant
ltopics include:

- Mean, median, mode

- Normal, uniform, and skewed
distributions

+ Histograms and box plots
Familiarity with the following CS
land Math topics will help
|students:

+ Variable assignment

- Comparison and logical
loperators ( <, >, <=, >
& 1)

- If else statements

- Square roots, logarithms, and
lexponentials

Lesson 1: What is EDA? (1 hour)

Lesson 2: R Basics (3 hours)

Lesson 3: Explore One Variable (4 hours)

Problem Set 3 (2 hours)

Lesson 4: Explore Two Variables (4 hours)

Problem Set 4 (2 hours)

Lesson 5: Explore Many Variables (4 hours)
Problem Set 5 (2 hours)

Lesson 6: Diamonds and Price Predictions (2 hours)
Final Project (10+ hours)

Free

MooC

IData Analyst Nanodegree: Discover
Insights from Data

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

https: //www.udacity.com/coul

The Data Analyst Nanodegree is specifically designed to prepare you for a career in data

rse/data-analyst-
nanodegree--nd002

science. As a Data Analyst, you will be responsible for obtaining, analyzing, and
leffectively reporting on data insights ranging from business metrics to user behavior and
product performance. We have worked closely with leading industry partners to carefully
ldesign the ideal curriculum to prepare you for this role.

not described

not described

Data Analyst nanodegree
students...

- are interested in data science.

+ have a strong grasp of
descriptive and inferential
|statistics.

+ have programming experience
(preferably in Python)

- have a strong understanding
lof programming concepts such
las variables, functions, loops,
land basic data structures like
lists and dictionaries.

General Requirements

+ You are self-driven and
motivated to learn. Participation
in this program requires

meeting deadlines
land devoting at least 10 hours
per week to your work.

+ You can communicate fluently
land professionally in written and
lspoken English.

+ You have access to a
lcomputer with a broadband
lconnection, on which you'll
install a professional code/text
leditor (ie. Sublime Text or Atom)
land programming languages like|
Python and R and associating
data science libraries.

+ You will be a committed and
contributing participant of the
lcommunity.

7 Day Warm-Up: Find the Optimal Chopstick Length
Test a Perceptual Phenomenon

Investigate a Dataset

Wrangle OpensStreetMap Data

Explore, Summarize, and Discover Interesting Insights
from Datasets

Identify Fraud from the Enron Email Dataset

Tell Stories with Data Visualization

Design and Analyze an A/B Test

$200/month after
1 week free trial

MOOC

IData Visualization and D3.js:
Communicating with Data

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

Ihttps: //www.udacity.com/coul

Learn the of data and practice with data. This|
lcourse covers how to apply design principles, human perception, color theory, and
leffective storytelling to data visualization. If you present data to others, aspire to be an
lanalyst or data scientist, or if you'd like to become more technical with visualization

rse/data-visualization-and-
d3;

tools, then you can grow your skills with this course.
The course does not cover exploratory approaches to discover insights about data.
Instead, the course focuses on how to visually encode and present data to an audience
lonce an insight has been found.

I This course is part of the Data Analyst Nanodegree.

- communicate clearly with the best visual representation
of your data

- tell stories, spark discussion, and create calls to actions
for readers

- design graphics like ones from the NYTimes and other
media companies

- how to use open web technologies to create an online
portfolio of your work

- use visualization libraries (dimple.js and D3.s) to create
graphics

not described

of your
background, you can learn about]
data visualization and design
principles in Lesson 1a and
Lesson 2a without the following
recommended background

To succeed in this course, you
should to be familiar with basic
programming principles,
including data types (strings,
arrays, booleans, etc.), if else
|statements, and for loops. You
should also be able to describe
lconcepts like functions and
lobjects.

Basic knowledge of HTML and
(CSS (structuring and styling a
lweb page) s not required but
highly recommended.

We recommend taking the
Javascript Basics course if you
have little to no experience with
Javascript.

Lesson 1a Visualization Fundamentals (2 hour)
Lesson 1b D3 Building Blocks (4 hours)

Mini-Project 1: RAW Visualization (2 hour)

Lesson 2a Design Principles (2 hours)

Lesson 2b Dimple.js (4 hours)

Mini-Project 2: Take Two (2-5 hours)

Special Note

Lesson 3 Narratives (5 hours)

Lesson 4 Animation and Interaction (5 hours)

Final Project: Making an Effective Data Visualization (2
hours or more)

O |#7:Er

Free

MOOC

IData Wrangling with MongoDB: Data
[Manipulation and Retrieval

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

https://www.udacity.com/coul

In this course, we will explore how to wrangle data from diverse sources and shape it to
lenable data-driven applications. Some data scientists spend the bulk of their time doing
this!

Students will learn how to gather and extract data from widely used data formats. They
will learn how to assess the quality of data and explore best practices for data cleaning.

rse/data-wrangling-with-
mongodb--ud032

/e will also introduce students to MongoDB, covering the essentials of storing data and
the MongoDB query language together with exploratory analysis using the MongoDB

This is a great course for those interested in entry-level data science positions as well as
current business/data analysts looking to add big data to their repertoire, and managers
working with data professionals or looking to leverage big data.

This course is also a part of our Data Analyst Nanodegree.

- Programmatically extract data stored in common formats|
such as csv, Microsoft Excel, JSON, XML and scrape web
sites to parse data from HTML.

- Audit data for quality (validity, accuracy, completeness,
lconsistency, and uniformity) and critically assess options
for cleaning data in different contexts.

- Store, retrieve, and analyze data using MongoDB

not described

The ideal student should have
the following skills:

- Programming experience in
Python or a willingness to read a
little documentation to
understand examples and
lexercises throughout the course.

- The ability to perform
rudimentary system
ladministration on Windows or
Unix
At least some experience using
unix shell or Windows
PowerShell will be helpful, but is
not required.

No prior experience with
databases is needed.

Lesson 1: Data Extraction Fundamentals
Lesson 2: Data in More Complex Formats
Lesson 3: Data Quality

Lesson 4: Working with MongoDB

Lesson 5: Analyzing Data

Lesson 6: Case Study - OpenStreetMap Data

Free

MooC

N
2
3

Intro to Data Analysis: Data Analysis
Using NumPy and Pandas

Udacity, Inc.

Udacity, Inc.
12465 Latham Street, 3rd Floor
Mountain View, CA 94040

https://www.udacity.com/cou|

This course will introduce you to the world of data analysis. You'll learn how to go
through the entire data analysis process, which includes:

- Posing a question

- Wrangling your data into a format you can use and fixing any problems with it

rse/intro-to-data-analysis--
ud170

- Exploring the data, finding patterns in it, and building your intuition about it

- Drawing conclusions and/or making predictions

- Communicating your findings

You'll also learn how to use the Python libraries NumPy, Pandas, and Matplotiib to write
lcode that's cleaner, more concise, and runs faster.

This course is part of the Data Analyst Nanodegree.

not described

not described

To take this course, you need to
be comfortable programming in
Python.

+ You should be familiar with if
statements, loops, functions,
lists, sets, and dictionaries. To
learn about any of these topics,
take the course Intro to
IComputer Science.

+ You should also be familiar
with classes, objects, and
modules. To learn about these
topics, take the course
Programming Foundations with
Python.

Lesson 1: Data Analysis Process

Lesson 2: NumPy and Pandas for 1D Data
Lesson 3: NumPy and Pandas for 2D Data
Final Project: Investigate a Dataset

#IGER

Free

MOOC
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The ideal students for this class
are prepared individuals who
have:
- Strong interest in data science
+ Background in intro level
|statistics
N o + Python programmin
The Introduction to Data Science class will survey the foundational topics in data IO 9
science, namely: - g!’ understanding of
- Data Manipulation You will have an opportunity to work through a data 9 )
programming concepts such as |Lesson 1: Introduction to Data Science
- Data Analysis with Statistics and Machine Learning Iscience project end to end, from analyzing a dataset to
. Udacity, Inc. https: //www.udacity.com/cou| " ! N K . \variables, functions, loops, and |Lesson 2: Data Wrangling
Intro to Data Science: Learn What It ) - Data C with Information Visualization Visualizing and communicating your data analysis. ) : ‘ . : §
Udacity, Inc. 2465 Latham Street, 3rd Floor rse/intro-to-data-science-- not described basic python data structures like |Lesson 3: Data Analysis O |wemm Free o o o MooC
[Takes to Become a Data Scientist EEANLTO-0"CaRamSCENCE™ | Data at Scale -- Working with Big Data I Through working on the class project, you will be exposed
Mountain View, CA 94040 ud359 " o lists and dictionaries Lesson 4: Data Visualization
— The class will focus on breadth and present the topics briefly instead of focusing on a  |to and understand the skills that are needed to become a
If you need to brush up on your |Lesson 5: MapReduce
Isingle topic in depth. This will give you the opportunity to sample and apply the basic data scientist yourself. rogramming, we highi
echniques of data science. prod 9, we hignly
recommend Introduction to
I This course is also a part of our Data Analyst Nanodegree.
|Computer Science: Building a
Search Engine. If you need a
refresher on statistics, enroll in
Intro to Descriptive Statistics
land Intro to Inferential
Statisitics. All three are on
Udacity!
This course will teach you the basic terms and concepts in
statistics as well as guide you through introductory
probability.
You will learn how to.. Lesson 1 : Intro to Research Methods
« Use statistical research methods.
|Statistics is an important field of math that is used to analyze, interpret, and predict . Lesson 2 : Visualizing Data
- Compute and interpret values like: Mean, Median, Mode, :
Udacity, Inc. https://www. udacity.com/couloutcol from data. Descriptive statistics will teach you the basic concepts used to IThis course assumes Lesson 3 : Central Tendency
Intro to Descriptive Statistics |sample, Population, and Standard Deviation. .
62 Udacity, Inc. 2465 Latham Street, 3rd Floor describe data. This is a great beginner course for those interested i Data Science, ¢ not described understanding of basic algebra |Lesson 4 : Variability x [wsiEm Free Mooc
Mathematics for Understanding Data : ! ° - Compute simple probabilities. 3
Mountain View, CA 94040 Economics, Psychology, Machine Learning, Sports analytics and just about any other land arithmetic. Lesson 5 : Standardizing
- Explore data through the use of bar graphs, histograms,
field. Lesson 6 : Normal Distribution
box plots, and other common visualizations. o e o Dictbutions
« Investigate distributions and understand a distributions : pling
properties.
- Manipulate distributions to make probabilistic predictions
on data.
Lesson 1 does not have technical
prerequisites and is a good
loverview of Hadoop and Lesson 1: What is "Big Data"? The dimensions of Big Data.
’ MapReduce for managers. Scaling problems. HDFS and the Hadoop ecosystem.
- How Hadoop fits into the world (recognize the problems
catvesy P (recog P To get the most out of the class, |Lesson 2: The basics of HDFS, MapReduce and Hadoop
Udacity, Inc. Inttps://www.udacity.com/coulThe Apache™ Hadoop® project develops open-source software for reliable, scalable, however, you need basic cluster.
Intro to Hadoop and MapReduce: How| . pS:/ P P® proj Ps op + Understand the concepts of HDFS and MapReduce (find ¥ . 5199/month after ~
to Process Big Data Udacity, Inc. 12465 Latham Street, 3rd Floor rse/intro-to-hadoop-and- distributed computing. Learn the fundamental principles behind it, and how you can use lout how it solves the problems) not described programming skills in Python on |Lesson 3: Writing MapReduce programs to answer (e} #1438R8 14-day trial (e} MOOC
9 Mountain View, CA 94040 mapreduce--ud617 its power to make sense of your Big Data. _ P la level provided by introductory |questions about data. i
mepreducetdols  Write MapReduce programs (see how we solve the
roblems) courses like our Introduction to |Lesson 4: MapReduce design patterns.
P |Computer Science course Final Project: Answering questions about big sales data
To learn more about Hadoop,  [and analyzing large website logs.
ou can also check out the book
Hadoop: The Definitive Guide.
This course assumes basic
understanding of Descriptive  |Inferential Statistics is a continuation of the material
Statistics, specifically the covered in Descriptive Statistics, and so lesson numbers
N ifollowin Ifollow from that course:
This course will guide you through some of the basic tools 9
- calculating the mean and Lesson 8: Estimation
lof inferential statistics.
This course will cover: standard deviation of a data set |Lesson 9: Hypothesis Testing
Udaciy, nc. . /wrm atacity.comycou[fErential statistics allows s to draw conclusions from data that might ot be e amotors of & population Using sample - central limit theorem Lesson 10,11 t-tests
Intro to Inferential Statistics: Making i Inc. Dsi/ obvious. This course focuses on enhancing your ability to develop 9P pop '9 sampl - interpreting probability and  |Lesson 12,13: ANOVA ) . .
264 Udacity, Inc. 12465 Latham Street, 3rd Floor rse/intro-to-inferential- |statistics not described o] #08iER Free (e} o MOOC
Predictions from Data and use common tests such as t-tests, ANOVA tests, and regression to probability distributions Lesson 14: Correlation
Mountain View, CA 94040 statistics—ud201 P h  hypothesis testing and confidence intervals y '
validate your claims. e oA - normal distributions and Lesson 15: Regression
? ) sampling distributions Lesson 16: Chi-squared Tests
- correlation and regression ’
et - normalizing observations  [Final Project: You will use the methods you have learned
4 If you need a refresher, check |in this course to perform an analysis on a dataset and
lout our Descriptive Statistics  |report your findings. You will describe the data, calculate
course! The course also utilizes  [statistics, perform inference, and make conclusions.
(Google Spreadsheets as a tool.
Lessons 1-4: Supervised Classification
Naive Bayes
Support Vector Machines (SVMs)
Machine Learing is a first-class ticket to the most exciting careers in data analysis Decision Trees
ltoday. As data sources proliferate along with the computing power to process them, Lesson 5: Datasets and Questions
going straight to the data is one of the most straightforward ways to quickly gain Lesson 6 and 7: Regressions and Outliers
insights and make predictions. Lesson 8: Unsupervised Learning
Machine learning brings together computer science and statistics to hamess that o succeed in this course, you _[Means Clustering
T ——— lUdacity, Inc. https: //wiww.udacity.com/cou|predictive power. It's a must-have skill for all aspiring data analysts and data scientists, [When you finish this introductory course, you'll be able to st be oroficione at i Lessons 9-12: Features, Features, Features
26 o Udacity, Inc. 2465 Latham Street, 3rd Floor rse/intro-to-machine- or anyone else who wants to wrestle all that raw data into refined trends and lanalyze data using machine learning techniques, and you'lilnot described P Feature Creation O |w1omm Free o MooC
IRecognition for Fun and Profit programming in Python and
Mountain View, CA 94040 learning--ud120 predictions. |also be prepared to take our Data Analyst Nanodegree. basic statistics. Feature Selection
This is a class that will teach you the end-to-end process of investigating data through a . Principal Component Analysis
machine learning lens. It will teach you how to extract and identify useful features that Feature Scaling
best represent your data, a few of the most important machine learning algorithms, and Lessons 13-14: Validation and Evaluation
how to evaluate the performance of your machine learning algorithms. ITraining/testing data split
This course is also a part of our Data Analyst Nanodegree. Cross-validation
Precision, recall, and F1 score
Lesson 15: Wrapping it all Up
Projects
IThis course does not require any|Lesson 1: Visualizing relationships in data
previous knowledge of statistics. |Lesson 2: Probability
Intro to Statistics: Making Decisions Udacity, Inc. o5/ adacity.comycou| SEESTES S 2bOUE extracting meaning from data. In this class, we will introduce This course will cover visualization, probabilty, regression Basic familiarity with algebra |Lesson 3: Estimation
Bacedt on Dats 9 Udacity, Inc. 12465 Latham Street, 3rd Floor rss’;‘Htmrlo,stat‘smsﬁmo1 for visualizing relationships in data and systematic techniques for land other topics that will help you learn the basic methods |not described lsuch as knowing how to Lesson 4: Outliers and Normal Distribution x  |wsEm Free o o Mooc
Mountain View, CA 94040 — —— — — |understanding the relationships using mathematics. lof understanding data with statistics. \compute the mean, median and |Lesson 5: Inference
mode of a set of numbers will be|Lesson 6: Regression
helpful. Lesson 7: Final Exam
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Machine Learning Engineer

INanodegree: Making Predictive Models|

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

Ihttps: //www.udacity.com/coul

including data analysis and artificial intelligence, which will prepare them to fill roles

rse/machine-learning-

with companies seeking machine learning experts (or to introduce machine learning

a ranodegree--nd

to their . Many experts in this field go on to create new

businesses as well, leveraging the vast capabilities of machine learning.

u
I The Machine Learning Engineer Nanodegree program will equip students with key skills,

- Analyze the class and complexity of a given problem,
land identify an appropriate algorithm and/or tools to apply|
towards solving it (e.g. gesture recognition, robot control).
 Design an intelligent system that can act on the basis of
input data towards optimizing some desired goal metric,
with minimal supervision from a human.

- Analyze the performance of an intelligent algorithm /
Isystem and present key metrics (such as accuracy, recall,
lcomputing time, etc. as appropriate) in an easy-to-
nderstand and visually appealing form Handle the entire
machine learning pipeline, from data to system

*Gather, clean, and process large data sets to prepare
them for analysis

*Develop multiple models to describe the data in those
sets, validate those models, and compare those models
laccording to standard metrics

*Convert the data model into a live system that can
process and reach conclusions on real data

*Optimize the system based on real-world constraints,
lsuch as desired accuracy, efficiency, resource availability,
land real-time responsiveness

*Deploy the system in a live environment, such as an

carar system, or a personal

lassistant

not described

Prior to entering the Machine
Learning Engineer Nanodegree
program, the student should
have the following knowledge:
- Intermediate programming
knowledge, of the sort gained
through the Introduction to
Programming Nanodegree, other|
introductory programming
lcourses or programs, or
ladditional real-world software
development experience.
Including:

Strings, numbers, and variables
Statements, operators, and
lexpressions

Lists, tuples, and dictionaries
(Conditions, loops

Procedures, objects, modules,
land libraries

I Troubleshooting and debugging
Research & documentation
Problem solving

|Algorithms and data structures
- Intermediate statistical
knowledge, of the sort gained
through any of Udacity’s
introductory statistics courses.
Including:

Populations, samples

Mean, median, mode

Standard error

Variation, standard deviations
Normal distribution

Precision and accuracy

+ Intermediate calculus and
linear algebra mastery,
laddressed in the Linear Algebra
Refresher Course, including:
Derivatives

Integrals

Series expansions

Matrix operations through
leigenvectors and eigenvalues

Project 1: Predicting Boston Housing Prices
Project 2: Building a Student Intervention System
Project 3: Creating Customer Segments

Project 4: Train a Smartcab to Drive

Project 5: Capstone Project

10-12 months

$200/month after
1 week free trial

MOOC

Machine Learning: Reinforcement
Learning

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

https: //www.udacity.com/coul

This is the third and final course of the 3-course Machine Learning Series and is offered
at Georgia Tech as CS7641. Taking this class here does not earn Georgia Tech credit.
Can we program machines to learn like humans? This Reinforcement Learning course

rse/machine-learning-
reinforcement-learning--
uds20

ill teach you the algorithms for designing self-learning agents like us!

Reinforcement Learning is the area of Machine Learning concerned with the actions that
Isoftware agents ought to take in a particular environment in order to maximize rewards.
IYou can apply Reinforcement Learning to robot control, chess, backgammon, checkers,
land other activities that a software agent can learn. Reinforcement Learning uses
behaviorist psychology in order to achieve reward maximization.

In this course, you will gain an understanding of topics and|
methods in Reinforcement Learning, including Markov
Decision Processes and Game Theory. You will gain
lexperience implementing Reinforcement Learning
techniques in a final project.

not described

We recommend you take
Machine Learning 1: Supervised
Learning and Machine Learning
2: Unsupervised Learning prior
to taking this course.

An introductory course like
Udacity's Introduction to
Artificial Intelligence provides a
helpful background for this
lcourse. Programming experience]
(for example, taking Udacity's
Introduction to CS), and basic
familiarity with statistics and
probability theory is required.
Udacity's Intro to Statistics,
lespecially Lessons 8, 9 and 10,
is helpful.

The most important prerequisite
for enjoying and doing well in
this class is your interest in the
material.

Lesson 1: Markov Decision Processes
Lesson 2: Reinforcement Learning
Lesson 3: Game Theory

Lesson 4: Game Theory, Continued
Reinforcement Learning Project

(#9430

Free

MOOC
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3
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Machine Learning: Supervised
Learning

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

Ihttps: //www.udacity.com/coul

This is the first course in the 3-course Machine Learning Series and is offered at Georgia
Tech as CS7641.

Please note that this is first course is different in structure compared to most Udacity CS
courses. There is a final project at the end of the course, and there are no programming
lquizzes throughout this course.

This course covers Supervised Learning, a machine leaming task that makes it possible

rse/machine-learning-
supervised-learning--ud675

for your phone to recognize your voice, your email to filter spam, and for computers to
learn a bunch of other cool stuff.

'Supervised Learning is an important component of all kinds of technologies, from
stopping credit card fraud, to finding faces in camera images, to recognizing spoken
language. Our goal is to give you the skills that you need to understand these
technologies and interpret their output, which is important for solving a range of data
science problems. And for surviving a robot uprising.

I Topics covered in this course include: Decision trees,
neural networks, instance-based learning, ensemble
learning, computational learning theory, Bayesian learning,
land many other fascinating machine learning concepts.

not described

A strong familiarity with
Probability Theory, Linear
|Algebra and Statistics is
required. An understanding of
Intro to Statistics, especially
Lessons 8, 9 and 10, would be
helpful.

Students should also have some
lexperience in programming
(perhaps through Introduction
to CS) and a familiarity with
Neural Networks (as covered in
Introduction to Artificial
Intelligence).

Lesson 0: Machine Learning is the ROX

Lesson 1: Decision Trees

Lesson 2: Regression and Classification

Lesson 3: Neural Networks

Lesson 4: Instance-Based Learning

Lesson 5: Ensemble B&B

Lesson 6: Kemel Methods and Support Vector Machines
(SVM)s

Lesson 7: Computational Learning Theory

Lesson 8: VC Dimensions

Lesson 9: Bayesian Learning

Lesson 10: Bayesian Inference

Supervised Learning Final Project: Using Machine Learning
to Analyze Datasets

#983EIRS

Free

MOOC

N
N

Machine Learning: Unsupervised
Learning

Udacity, Inc.

Udacity, Inc.
2465 Latham Street, 3rd Floor
Mountain View, CA 94040

Ihttps: //www.udacity.com/coul

This is the second course in the 3-course Machine Learning Series and is offered at
Georgia Tech as CS7641. Taking this class here does not earn Georgia Tech credit.
Ever wonder how Netflix can predict what movies you'll like? Or how Amazon knows
what you want to buy before you do? The answer can be found in Unsupervised

rse/machine-learning-
unsupervised-learning--
ud741

Learning!
(Closely related to pattern recognition, Unsupervised Learning is about analyzing data
land looking for patterns. It is an extremely powerful tool for identifying structure in
data. This course focuses on how you can use Unsupervised Learning approaches --
including randomized optimization, clustering, and feature selection and transformation
-- to find structure in unlabeled data.

You will learn about and practice a variety of Unsupervised
Learning including:

clustering, feature selection and transformation, and
information theory.

You will learn important Machine Learning methods,
techniques and best practices, and will gain experience
implementing them in this course through a hands-on final
project in which you will be designing a movie
recommendation system (just like Netflix!).

not described

We recommend you take
Machine Learning 1: Supervised
Learning prior to taking this
lcourse.

This class will assume that you
have programming experience
las you will be expected to work
with python libraries such as
numpy and scikit. A good grasp
lof probability and statistics is
lalso required. Udacity's Intro to
Statistics, especially Lessons 8,
9 and 10, may be a useful
refresher.

|An introductory course like
Udacity's Introduction to
\Artificial Intelligence also
provides a helpful background
for this course.

Lesson 1: Randomized optimization
Lesson 2: Clustering

Lesson 3: Feature Selection

Lesson 4: Feature Transformation
Lesson 5: Information Theory
Unsupervised Learning Project

(#943ER

Free

MOOC
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Real-Time Analytics with Apache
Storm: The "Hadoop of Real-Time"
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Lesson 1: Join instructor Karthik Ramasamy and the first
Udacity-Twitter Storm Hackathon to cover the motivation
and practice of real-time, distributed, fault-tolerant data
processing. Dive into basic Storm Topologies by linking to
a real-time d3 Word Cloud Visualization using Redis, Flask,
and d3
Lesson 2: Explore Storm basics by programming Bolts,
linking Spouts, and finally connecting to the live Twitter
IAPI to process real-time tweets. Explore open source
To be successful, you'll need by a Rolling Count Bolt to your
intermediate knowledge of Java. |topology to visualize Rolling Top Tweeted Words
Learn by doing! The world is going real time. Batch processing, popularized by Hadoop, Specifically, this is defined by~ [Lesson 3: Go beyond Storm basics by exploring multi-
: lexperience and comfort with  [language capabilities to download and parse real-time
Udacity, Inc. https://www.udacity.com/coulhas latency exceeding required real-time demands of modern mobile, connected, Sava syntax, comple & run-time [Tweeted URLS in ython using Beautiful Soup. Integrate
Udacity, Inc. 2465 Latham Street, 3rd Floor rse/real-time-analytics-with- |always-on users. Stream processing with seconds-required response time is necessary ~ [not described not described . o o O |w2sErg Free o MOOC

Mountain View, CA 94040

apache-storm--ud381

to meet this demand. Twitter is a world leader in real-time processing at scale. Learn
the future from the company defining it.

lerror diagnostics and debugging, |complex open source bolts to calculate Top-N words to

lability to use javadocs as
needed, and intermediate data
structures including Arrays,
HashMaps, and LinkedLists.

visualize real-time Top-N Hashtags. Finally, use stream
grouping concepts to easily create streaming join to
connect and dynamically process multiple streams.

Lesson 4: Work on your final project and we cover
additional questions and topics brought up by Hackathon
participants. Explore Vagrant, VirtualBox, Redis, Flask, and
d3 further if you are interested!

Final Project: Construct a Storm Topology

Design a Storm Topology and new bolt that uses streaming
ljoins to dynamically calculate Top-N Hashtags and display
real-time tweets that contain trending Top Hashtags. Post
lyour visualization to the forum and tweet them to your
Twitter followers.
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