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Author Identification for Scientific Database with Topic Modeling
and Its Performance Comparison

Tomokazu Fujino' and Hiroka Hamada?

International College of Arts and Sciences, Fukuoka Women’s University
2The Institute of Statistical Mathematics

We propose a method for extracting a list of articles from a scientific literature
database whose authors are researchers at a specific organization. The method uses
topic modeling, a technique for statistical natural language processing. Topic modeling
is applied to papers in which the organization name is included, and feature vectors for
each author are created. Based on this, author identification is performed, including the
names of researchers in the organization and not containing the organization name. We
compared this discrimination performance between several topic models such as Latent
Dirichlet Allocation, Dirichlet Multinomial Regression, and Correlated Topic Model.

Key words: Scientific database, evaluating research performance, statistical natural language processing, in-
stitutional research.



