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Abstract
Under minimal assumptions, we prove that an empirical estimator of the tail condi-
tional allocation (TCA), also known as the marginal expected shortfall, is consistent. 
Examples are provided to confirm the minimality of the assumptions. A simulation 
study illustrates the performance of the estimator in the context of developing con-
fidence intervals for the TCA. The philosophy adopted in the present paper relies on 
three principles: easiness of practical use, mathematical rigor, and practical justifi-
ability and verifiability of assumptions.
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1  Introduction

Let (X,  Y) be a random pair whose joint cumulative distribution function (cdf) 
we denote by H. Furthermore, let F and G denote the marginal cdf’s of X and Y, 
respectively. For any p ∈ [0, 1) , the tail conditional allocation is defined by

(1)TCA(p) =
1

1 − p
�(X1[p,1](G(Y))),
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