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Dirichlet Mixtures (DM)

e p=plc)0O0DOO0O ---0000D0O0OO

p ~ Dir(a.) ; ac= (ac1,...,0N) (16)

e p00ODODO (Polyad O)

sl o= il a7)
_ o) / p(dp)p(plc)dp 18)
. F(Zv Qlew) I'(aew+n(d,v))
R VAT S 9

o JOODOUOODODOOOOOO (cey)
o DMOODOOODO: p(e), aey fore=1...C,v=1..N
o U OUOOONO??

oooDoooobboooboboogn -p21/34



Dirichlet Mixtures (DM) [2]
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Geometry of Dirichlet Mixtures
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Latent Dirichlet Allocation (LDA) [2]
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